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Carbon trade biases and the emerging
mesoscale structure of the European
Emissions Trading System network

Andrea Flori 1,3 & Alessandro Spelta 2,3

The European Union Emissions Trading System (EU ETS) is designed to pro-
mote cost-effective carbon emission reductions through allowance trading.
However, observed trade patterns suggest potential inefficiencies. This study
conducts a province-level analysis of the EU ETS trade network of allowances,
demonstrating that trades predominantly occur between entities within the
same country and sector, even in recent phases of the system. To system-
atically examine the mesoscale structure of the trade network while
accounting for geographical and sectoral homophily, we introduce a com-
munity detection framework based on the gravity model and optimal trans-
port theory. By disentangling home and sectoral biases, we identify trade
communities that align with cultural dimensions. Our findings reveal a com-
plex interplay between geographical, economic, and cultural factors that
shape carbon allowances trade patterns. These findings contribute to a deeper
understanding of structural constraints within the EU ETS trade network and
inform strategies for improving its cost-effectiveness.

The European Union Emissions Trading System (EU ETS) was launched
in 2005 to promote greenhouse gases (GHG) reduction in line with
Kyoto protocols and international targets of carbon abatement1. Liable
entities under the EU ETS are required to surrender an amount of
allowances covering their emissions produced during the compliance
year, with one tonne equivalent of carbon dioxide corresponding to
one European Union Allowance (EUA). The cap-and-trade structure of
the EU ETSallows firms to trade these EUAs. Accounting for nearly 90%
of the global carbon market trading in 20202, the EU ETS represents a
prototype for many other ETS developed globally. The EU ETS was
originally divided into three different phases with increasing environ-
mental goals: Phase I (2005–2007), Phase II (2008–2012), and Phase III
(2013–2020). Currently, Phase IV (2021–2030) is characterized by the
decline of the overall amount of emissions at a faster annual rate of
2.2% during the 2021–2023 period, 4.3% from 2024 to 2027, and 4.4%
from 2028 to 2030.

In order to be compliant with the regulation, EU ETS entities can
either invest in innovative low-carbon technologies that reduce GHG
emissions, or purchase the allowances that they need for compliance

from the marketplace. Literature suggests that these systems allocate
allowances to entities with high abatement costs while abatement
activities are instead performed by entities with low abatement
costs3,4. From a theoretical perspective, the well-known Hotelling’s
model5 provides a framework for studying the economic theory of
exhaustible resources. For instance,6 establishes a dynamic optimiza-
tion model demonstrating that an intertemporal cost-effective market
equilibrium exists when entities minimize their costs over time by
banking or borrowing allowances. The EU ETS fits this framework
because the total amount of EUAs is capped and declines over time,
thereby creating value for the EUAs, and trading EUAs can be assumed
to provide benefits whenever the relative costs of carbon abatement
differ among the entities within the system7,8.

The EUA price represents a reference value to be compared to the
marginal abatement cost, with larger differences in the marginal costs
across entities implying greater opportunities for gain from trade.
Robust EUAs market prices provide therefore a relevant economic
rationale and incentive for the promotion of investments in clean and
low-carbon intensive technologies and processes9. Hence, a proper
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market of EUAs is of utmost importance for the functioning of the EU
ETS as an efficient and successful framework to reach environmental
goals10,11. By comparing the EUA price with their marginal abatement
costs, EU ETS entities have thus the possibility of tailoring cost-
effective strategies to their own needs. In doing so, their decision
process includes a large variety of factors affecting the functioning of
the EU ETS, such as policy commitment and technological changes,
expectations on energy commodity markets and weather conditions,
funding opportunities and taxation issues12,13.

Several trade patterns characterize how EUAs are exchanged.
From a theoretical perspective, Authors in14,15 argue that a firm’s level
of active engagement in the trade of EUAs should be independent of its
initial allocation of allowances. However, varying levels of trading
activity have been linked to the allocation procedures across sectors,
with firms facing a shortage of allocated allowances tending to trade
more actively and in larger volumes16–18. For example, entities in the
energy sector often receive fewer allocated allowances18,19 and trade
more intensively20, while those in carbon leakage sectors (i.e., in
businesses at risk of relocating outside Europe) typically receive a
greater share of free allocated allowances21,22. Additionally, market
frictions can influence trading behavior23. Several studies indicate that
high transaction costs contribute to the low trading levels among
smaller entities and the much higher involvement of financial
institutions16,24–27. Geographical location and firm size are also sig-
nificant determinants of trading intensity; for instance, larger and
more productive firms, or those based in Nordic countries, tend to be
more active in the allowance trade network17. As noted in ref. 28,
entities with financial constraints may find it challenging to navigate
the EU ETS, resulting in their under-participation in the allowances
trade market.

Importantly, information retrieval and search costs have been
shown to lead to a strong home-country bias, meaning that EU ETS
entities tend to trademore intensivelywith counterparts established in
the same country. This is an odd bias since EUAs are dematerialized
contracts with no transportation costs. As found in ref. 29, the home-
country bias arises to overcome search costs but it differs across
entities, hence marginal abatement costs are not equalized across
trading counterparts. The equalization of marginal abatement costs is
at the ground level of the cost-effectiveness of the emission trading
schemes, especially when compared to command-and-control reg-
ulation or carbon taxes. Such a bias might therefore undermine the
correct functioning of the EU ETS.

In our research, we employ graph-based methodologies to ana-
lyze EUAs trade patterns within the EU ETS network. Our aim is to
assess how geographical and sectoral constraints influence the con-
nectivity of the trade network we construct by aggregating data from
EU ETS installations located in the same administrative NUTS-3 pro-
vince.We treat NUTS-3 units as individual nodes linked by connections
that represent the volumeof transferred EUAs. This approachallowsus
to examine the trade flows of EUAs among the most detailed admin-
istrative units that are comparable across Europe, striking a balance
between the granularity of installation-level data and the available
socio-economic dimensions at the provincial level. Against this back-
ground, we first exploit the gravity model, extensively applied in trade
networks30–32, to study the role of home and sectoral biases in the
formation of trade links. Then, we propose an approach to modeling
the network community structure33,34 by incorporating insights
derived from gravity estimation into the benchmark model of the
modularity function. This allows us to explore themesoscale structure
of the EU ETS network and evaluate how the emerging communities,
representing cohesive trade relationships, behave when accounting
for domestic and sectoral biases.

There are only a few examples of gravity models applied in
emissions trading schemes. Authors in ref. 35 rely on this econometric
technique to specifically study the emissions of the aviation sector and

the impact of taxation in Austria and Germany, while gravity models
are utilized in refs. 36,37 to analyze how carbon leakage differs across
sectors and relates to the ratification of the Kyoto Protocol.
Additionally,38 utilizes gravity models to explore interactions between
climate and trade policies, focusing on the removal of tariffs and non-
tariff barriers. In particular, Authors in ref. 29 study EU ETS inter-
linkages at the firm (buyer)—country (seller) level, where the depen-
dent variable represents allowance trades and data are aggregated to
the country-level on the selling side to reduce the computational
burden. We opt for a similar representation but fully based on terri-
torial units (around 1.2k) to estimate home and sectoral biases.

Our results highlight that the flows of allowances are strongly
characterized by country preferences, a pattern that appears to persist
even in more recent years. Hence, the enlargement of the EU ETS to
include additional countries and sectors does not diminish the clus-
tering of trades within countries. This preferential behavior remains
consistent across various model specifications and is robust to the
inclusion of socio-demographic characteristics and environmental
factors. Furthermore, we find that, although the distance between
NUTS-3 units matters, with more distant units less likely to trade, this
effect is blurredwhenwe take into account same countrymembership.
Therefore, two closer units tend to trade more than two distant units,
especially if they refer to the same country. To put it differently, two
neighboring units situated on the border of two separate countries do
not engage in substantially more trades than two units from the same
country that are further apart. Furthermore, after having assignedeach
province with the sector providing the largest aggregate emissions on
the territory, we find that sectoral affiliation plays a crucial role in
shaping trade linkages. As a result of that, beside the presence of the
home bias, our analysis reveals evidences of a sectoral bias. Indeed,
NUTS-3 provinces with a certain dominant sector covered by EU ETS
regulations tend to engage in more intensive trading with other pro-
vinces specializing in the same sector. Once combined, home and
sectoral biases strongly support the idea that EU ETS entities prefer to
trade allowances with others that are closer, both geographically and
technologically. These results spotlight the emergence of homophily
patterns in the EU ETS trade network, with NUTS-3 provinces belong-
ing to the same country and with similar production activities that are
more likely to attach to each other than dissimilar ones.

We then employ optimal transport (OT) theory39–41 to develop an
advanced null model for the study of the mesoscale structure of the EU
ETS trade network. A null model in network analysis represents the
expected structure under certain constraints but without any organizing
principles beyond those constraints. The OT framework can effectively
model the flow of allowances while taking into account the biases and
patterns identified by the gravity model as additional constraints in the
maximization of the modularity. In our case, this creates a null model
that respects both the strength constraints of each node, as in standard
modularity function, and the trade preferences identified by the gravity
model. Specifically, the OT approach enables us to determine the most
efficient way to transport the probability mass of the in-strength dis-
tribution to align with the out-strength distribution, subject to the
“costs” (or “constraints”) derived from the gravity model estimates.

Carbon allowances are intangible instruments without physical
transportation costs. The concept of cost in the OT model is used to
represent the statistical likelihood or ease of trading between different
nodes. It serves therefore as a conceptual tool to incorporate observed
trade biases into the optimization problem. For instance, if the gravity
model indicates that provinces in different countries are less likely to
trade with each other, this is represented as a higher cost in the OT
model. Conversely, if provinceswith the samedominant sector aremore
likely to trade, this is represented as a lower cost. In neither case do
these OT costs correspond to monetary flows; rather, they represent
additional constraints within the OT-based null model. By adding these
additional constraints in the modularity maximization problem, the OT
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framework can effectivelymodel theflowof allowanceswhile taking into
account the biases and patterns identified by the gravitymodel. The aim
of this approach is to identify community structures in the EU ETS trade
network that persist even after accounting for the country and sector
trade patterns identified through the gravity estimation. To achieve this,
we introduce the proposed OT null model, which is integrated into the
modularity function and incorporates spatial and sectoral biases
recognized for their critical impact on EU ETS trade linkages. Our null
model is based on OT theory and leverages estimates derived from the
gravity model to introduce additional constraints beyond those of the
standard Newman-Girvan approach33,42. Indeed, when examining the
mesoscale structure of the EU ETS trade network, where geographical
distances and sectoral affiliation heavily influence link distribution
among nodes, OT provides a suitable technique for developing a null
model that effectively addresses these trade patterns. We refer to our
proposed approach as the OT-gravity modularity.

To explore the extent to which the community structure can be
attributed to residual sources of heterogeneity beyond home and
sector biases, we examine the potential relationships between cultural
dimensions and the mesoscale structure of the EU ETS trade network.
By factoring out the effects of home and sectoral biases, we reveal a
clearly defined structural organization of the EU ETS trade network.
The emerging functional relationships between nodes are shown to
correlate with cultural dimensions43. A consistent pattern emerges
across cultural dimensions: within-community cultural distances are
generally lower than between-community distances. This suggests that
provinces within the same trade community tend to sharemore similar
cultural values. These findings indicate that cultural similarities play an
important role in shaping the community structure, with provinces that
share similar cultural values being more likely to form cohesive trade
relationships. While trade flows may be affected by various biases, the
formation of communities also reflects cultural outcomes, suggesting
that persistent trade relationships of regulated entities arise from a
combination of geographical, business, and cultural proximity.

Results
EU ETS trade network: gravity model estimation
We represent the EU ETS as a graph G = (V, E), where V is the set of
NUTS-3 provinces (nodes) with size ∣V∣ = N and E is the set of all

connections among them (edges) with size ∣E∣ = L. Links are weighted
by EUAs trade flows betweenNUTS-3 provinces. The resulting network
is a directed graph, where a link e is oriented andweighted, connecting
a source node i (exporter) with a destination node j (importer). The
graph G is then represented by the binary, A � ðai, jÞ1≤ i, j ≤N , and
weighted, W � ðwi, jÞ1 ≤ i, j ≤N , adjacency matrices, where ai,j = 1(ai,j = 0)
indicates the presence (absence) of an edge between nodes i and j,
while wi,j represents its value (i.e., the amount of EUAs traded from
node i to node j). It is worth noting that generally ai,j ≠ aj,i as the
network is directed and wi,j ≠ wj,i. Moreover, for the reader’s con-
venience, we remind the concept of out- and in-strength used in next
sections. The out-strength of node i is defined as souti =

P
jwi, j , while

the in-strength of i is computed as sini =
P

jwj, i, representing the total
amount of transferred and acquired EUAs by node i, respectively. The
total amount of traded EUAs in our system is given by wtot = ∑i,jwi,j.

We provide a visual inspection of the aggregate EU ETS trade net-
work over the entire sample period 2005-2020 in Fig. 1, where each
node represents a NUTS-3 province and links are colored in red or black
depending onwhether they refer to intra-country or inter-country flows,
respectively. Intra-country flows are very dense compared to inter-
country ones, supporting the fact that EU ETS regulated entities typically
tend to trade with counterparts in the same country. Remarkably, intra-
country flows map very well on the administrative borders of the
countries. For instance, Italy, Spain or France can be almost perfectly
depicted by these flows. We also observe that the United Kingdom,
Germany and the Benelux are very inter-connected, while more per-
ipheral geographical areas are less likely to connect to outside country
provinces. This pattern can be ascribed to business and trade relation-
ships, which seem to influence also the way EUAs are exchanged29.

To offer insights into how home and sectoral biases affect the
formation of trade links within the EU ETS, we incorporate these fea-
tures into augmented gravity models. We consider a standard gravity
model that accounts for the geographical distance between two units
alongside three proxies for their size that arehomogeneously available
in the EU at this scale of resolution (namely, the GDP, area and popu-
lation). Thefirst objective of our investigation is to empirically evaluate
the hypothesis that geographical proximity between provinces is
positively correlated with a higher amount of allowance trades, after
accounting for the confounding effect of the size of the provinces. It is
plausible that larger provinces with more robust economic activities
have in fact a greater number of carbon-emitting installations. Con-
sequently, in order to be compliant with the EU ETS regulatory fra-
mework, these provinces might exhibit a heightened propensity to
engage in allowances trade operations. Additionally, we include the
verified emissions and allocated allowances for each territory to take
into account environmental performances that may influence trading
patterns. To do so, we aggregate the compliance information of the
installations in our sample atNUTS-3 level. For instance, provinceswith
higher emissions might be more active in trading permits to fulfill
surrendering requirements.

Then, we introduce a country dummy variable, which takes the
value of one if both NUTS-3 provinces in the trade are located in the
same country, and zero otherwise. Similarly, we add a sector dummy
variable, set to one if the origin and destination provinces share the
same dominant economic sector, based on the aggregate emissions of
the installations for each sector in a province and year, and zero
otherwise. These two variables help us investigate whether provinces
within the same country or those involved in similar business activities
exhibit any trade preferences. The general formulation reads as:

logwi, j = log β0 DISTβ1
i, j

h i�
� GDPβ2

i GDPβ3
j AREAβ4

i AREAβ5
j POPβ6

i POPβ7
j

h i
� EMISβ8

i EMISβ9
j ALLOCβ10

i ALLOCβ11
j

h i
� exp ζ 1Ci, j + ζ 2Si, j

n o
ηi, j

�
ð1Þ

Fig. 1 | Geolocalized aggregate EU ETS network. The figure shows the aggregate
EU ETS network over the entire sample. Nodes represent NUTS-3 provinces and
links are the amounts of allowances exchanged between couple of nodes. Nodes'
size is proportional to the in-strength while nodes' color (from dark to brighter
blue) is proportional to the out-strength. Links in red color identify intra-country
flows, while the black color is used for inter-country flows.
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where wi,j, with i, j = 1, …, N, is the N2-dimensional vector of bilateral
EUAs flows and β and ζ are unknown coefficients to be estimated. The
variable GDP represents the province gross-domestic product (in
million Euro), DIST is the geodesic distance between two NUTS-3
provinces, calculated with the Haversine formula (in km). AREA and
POP stand for the area (in km2) of each province and its population,
respectively. Variables EMIS and ALLOC represent the amount of
emissions and allocated allowances referring to the installations
located in a certain province. Finally, variables C and S represent
country and sector dummies taking value 1 if i, j provinces share the
same country or dominant sector, respectively. We estimate Equation
(1) separately for each year, employing the Poisson Pseudo-Maximum
Likelihood (PPML) method44 as detailed in Section 4 Material and
Methods.

Sections “Robustness analyses: Adding voluntary opened
accounts”, “Robustness analyses: Adding Country and Sector con-
trols in the gravity model” and “Robustness analyses: Panel data
framework” will present several robustness analyses, leveraging the
panel dimension of the data and expanding the coverage of the
accounts typically involved in allowance trades. Additional gravity
model estimates are also included in the Supplementary Information,
Sections 1.1–1.8. We confirm that the results of the year-by-year
gravity model estimation, particularly the meaningful of home and
sector biases, remain robust when analyzed using a panel model with
high-dimensional fixed effects. By incorporating origin and destina-
tion fixed effects in the panel approach, we effectively control for
unobserved heterogeneity at the NUTS-3 level, addressing concerns
about potential omitted variable bias that may arise from relying
solely on GDP, area, and other macroeconomic variables as controls.

These robustness analyses provide additional evidence supporting
the validity of our main findings discussed in this Section.

Figure 2 presents the deviance (on the y-axis) from 2005 to 2020
of nested gravity models. Vertical dashed lines mark distinct time
intervals corresponding to the Phase I, Phase II, and Phase III. The
different colored lines indicate progressively more complex model
specifications, with each line showing the deviance of the model as
additional variables are introduced. The Basic model, which contains
only the distance, the area, the population and the GDP (dark blue
line), shows the highest deviance across the entire period, indicating
that it provides the poorest fit to the data. The inclusion of the allo-
cations (cyan), emissions (red), the country dummy (brown), and the
sector dummy (light blue) all progressively lower the deviance, pro-
viding an increasingly accurate fitting of the data. All models follow a
similar pattern over time with a sharp increase during Phase II, fol-
lowed by a steady decline through Phase III. Themodel with the lowest
deviance throughout the sample period is the complete one of Equa-
tion (1), which suggests that the inclusion of country and sectoral
dummies, along with the other controls, leads to a better fit compared
to simpler models.

Table S1 of the Supplementary Information shows the estimated
coefficients and their standard errors (in parentheses) for the gravity
model of Equation (1) for each year, over the period 2005-2020 (fur-
ther details are reported in the Supplementary Information, Sec-
tion 1.1). We observe that provinces that are more distant typically
engage in fewer trades, particularlyduringPhases I and II of the EUETS.
This aligns with the low attitude of EU ETS-regulated entities to trade
allowances in the early stages of the program, largely due to a lack of
understanding of its functioning, as noted in early survey-based stu-
dies (see, e.g., refs. 45,46). For instance,most EU ETS-regulated entities
were either not operating or operating minimally in the trade system
during Phase I47 and Phase II24, while non-regulated entities were
instead much more active.

Moreover, as expected, larger provinces tend to trade more
allowances, and territories with stronger economic output (with
potentially also higher emissions) are more actively engaged in trad-
ing. These relationships seemmorepronounced for the characteristics
of the destination node, possibly reflecting stricter compliance
requirements. Interestingly, the role of the allocated allowances
practically declined to zero after 2013, coherently with the reduced
share of free allocations in Phase III. During this phase, sectors at risk of
carbon leakage continue to receive a full free allocation based on the
most efficient benchmark, while for other sectors, the percentage of
free allowances declined from 80% in 2013 to 30% by 202048. In con-
trast, power generators have been required to purchase all of their
allowances since Phase III. Firms receiving few free allowances may
have a stronger need for additional permits from the market to meet
compliance obligations. For instance,17 find that firms whose verified
emissions exceed their free allocations in a given year are more likely
to trade allowances, andwhen they do operate in themarket of carbon
allowances, they tend to trade in higher volumes than firms with a
surplus of allowances.

Importantly, our estimates for the country dummy variable C are
consistently positive, indicating that EU ETS regulated entities are
more likely to trade with counterparts within the same country.
Moreover, this relationship is both economically and statistically sig-
nificant, with the coefficient values ranging between about 2 and 4.5,
and p-values always below 0.001 (below 0.01 in 2005). Furthermore,
the sector dummy variable S is also statistically significant and positive
across all years, indicating that trades are more frequent between
entities located in NUTS-3 provinces that share similar business
activities. Although this coefficient is smaller than that of the country
dummy C, it is not negligible, exhibiting amagnitude in absolute value
comparable to the Distance variable. Authors in ref. 29 provide strong
evidence for a home (country) bias in allowance transactions, noting

Fig. 2 | Deviance of nested gravitymodels.The plot illustrates the behavior of the
deviance associated with different gravity models. Deviance refers to a measure of
goodness-of-fit for statistical models. It is defined as twice the difference between
the log-likelihood of the fitted model and that of a saturated model (a model that
perfectly fits the data). Lower deviance values indicate a better fit to the observed
data, as they imply that the fittedmodel closely approximates the saturatedmodel.
Deviance is particularly useful for comparing nestedmodels, where the inclusionof
additional explanatory variables is expected to reduce the deviance if they improve
the model fit. The colored lines represent different model specifications, where
each subsequent model includes one additional explanatory variable: Basic (dark
blue), with only distance, area, population and gdp; Basic plus Allocation (cyan);
Basic plus Allocation and Emission (red), Basic plus Allocation, Emission and
Country dummy (brown); Basic plus Allocation, Emission, Country and Sector
dummies (light blue). The completemodel consistently shows the lowest deviance,
indicating the best fit, while the Basic model exhibits the highest deviance, sug-
gesting the least explanatory power. Vertical dashed lines indicate Phases I, II,
and III.
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that this bias varies across industries. By adopting a different layer of
analysis (NUTS-3 provinces vs. firms) and extending the time period
(2005–2020 vs. 2005–2013), we also find that EU ETS entities prefer to
trade with counterparts in the same business context, as indicated by
the positive and significant coefficients of the Country and Sector
dummy variables.

Gravity model: replication of key trade patterns in the EU ETS
network
To demonstrate that the estimated gravitymodel accurately replicates
empirical patterns present in the data, we provide in Fig. 3 a com-
parative analysis between the observed real-world network and the
fitted network derived from the gravity model estimation. This com-
parisonconcentrates on twocrucial aspects: i) theproportionof trades
occurring within the same country, sector or the combination of
country-sector in each year, and ii) the average proportion (in loga-
rithm) of traded allowances for border NUTS-3 provinces for each
country, distinguishing their trades with counterparts within the same
country from trades across national boundaries.

Both comparisons highlight the considerably proportion of
within-country and sector trades present in both the real and fitted
networks. Specifically, the upper panels of Fig. 3 illustrate that links
within the same country (shown by dark blue bars) dominate the
structure of the EU ETS trade network. In both the real and fitted
networks, the proportion of within-country links exceeds 80%. This
trend reflects a strong preference for tradewithin national boundaries,
indicating that connections are more intense domestically. Although
the proportions in the fitted network for both the sector and country-
sector trades are lower than those in the real network, we still confirm
the relative proportions. The lower panels further characterize the
country bias by showing the log average weights of inside versus
outside country trades for borderNUTS-3provinces in eachcountry. In
both the real and fitted networks, we consistently observe higher
weights for inside-country trades (dark blue bars) compared to

outside-country trades (light blue bars) across most of the countries.
This stark difference highlights the substantial influence of national
borders on trade intensity. A Kolmogorov-Smirnov test supports this
finding on the real data, rejecting the null hypothesis that trades exe-
cuted by border NUTS-3 provinces within the same country and across
different countries come from the same continuous distribution (p-
value 0.0015). The gravitymodel effectively replicates this key feature,
with the Kolmogorov-Smirnov test on the fitted series yielding a p-
value of 0.0138.

To further corroborate these findings, Fig. 4 illustrates the sum of
link weights between NUTS-3 provinces across various distance ran-
ges, distinguishing the trades between nodes within the same country
(in blue) from those across different countries (in orange). This com-
parison is presented for both the real network data and the fitted
network based on the gravity model. Such exploratory analysis clearly
demonstrates a consistent disparity between the volume of traded
allowances within national borders and those exchanged across
countries. Notably, for the closest distance range (Distance < 25th
percentile), the sum of link weights for provinces within the same
country notably higher than that for provinces in different countries.
This pattern is evident in both the real network and the gravity-fitted
network, reversing for longer distances. Importantly, the differences in
link weights between same-country and different-country nodes in the
gravity-fitted network closely align with the patterns observed in the
real network data.

Overall, these results highlight the effectiveness of the gravity
model in capturing also specific spatial and country-level dependen-
cies that influence the structure of the EU ETS trade network of regu-
lated entities.

EU ETS mesoscale community structure
To gain a deeper understanding of the structural configuration of the
EU ETS trade network, we examine its mesoscale properties by
employing a modularity-based community detection approach. This

Fig. 3 | Percentage weights of within countries and sectors trades in the real
and fitted networks along with the log of the average link weights of NUTS-3
provinces at the border of the countries for the real and fitted networks. The
upper panels report the percentage proportion of link weights for the real network
(A) and for the fitted network obtained from the gravity model (B). Dark blue bars
refer to links within the same country, while bright blue bars represent links
between nodes belonging to the same dominant sector and red bars associate links

between nodes belonging to the same country-sector. C reports the log-average of
the links weights for NUTS-3 provinces in the real network at the border of each
country by distinguishing among trades executed with NUTS-3 provinces in the
same country (dark blue) and in different countries (light blue).D shows the same
measure but for the fitted network. We do not consider as border provinces those
defined based on borders with the sea. For similar reasons, we exclude island
countries (Cyprus, Iceland, Malta and the United Kingdom).
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allows us to uncover the presence of densely connected groups of
provinces (i.e., the communities)within the broader network that form
cohesive trade relationships.

Traditional modularity-based community detection methods,
such as the Newman-Girvan approach34,49,50, rely on null models that
are based on the information embedded in the adjacencymatrix of the
network (see Section 4 Material and Methods). These null models are
suitable when no additional information about the nodes is available.
However, their effectiveness diminishes when additional constraints
need to be incorporated into the null model51. In the context of the EU
ETS trade network, accounting for the trade patterns identified by the
gravitymodel analysis appears crucial for constructing amore realistic
null model. In particular, the gravity model reveals that factors such as
country and sectoral common memberships greatly influence the
trade patterns observed in the network. Ignoring these aspects would
lead to anoversimplifiednullmodel that fails to capture the nuances of
the actual trade relationships.

To address this challenge, we employ the OT framework to con-
struct a null model that integrates the insights from the gravity model
estimation. The OT approach provides a convenient way to find the
joint distribution between the total incoming and outgoing trade flows
that minimizes the costs of statistically transferring a unit mass from
one variable to the other. In our OT framework such costs do not
constitutes a monetary flow. Rather, they refer to additional con-
straints in the modularity maximization problem. By framing the null
model construction as an OT optimization problem, we can capture
the interactionbetween the identifiedbias factors (such as country and
sectoral common membership) and the constraints on the nodes’
strengths considered in standard approaches such as the Newman-
Girvan model (i.e., the incoming and outgoing trade flows). The key
advantage of the OT-based null model is that it offers a realistic
benchmark for evaluating the mesoscale community structure of the
EU ETS trade network. By comparing the real network to this null
model, we can in fact uncover community partitions that remain per-
sist even after considering the identified biases and constraints from

the gravity model estimation. Hence, this approach provides a deeper
understanding of the network’s configuration, potentially highlighting
additional factors that influence trade relationships beyond merely
geographical and sectoral commonmembership. For example, theOT-
based community detection may uncover groups of nodes-provinces
that trade more intensively with each other than would be expected
based solely on their spatial or sectoral proximity. These communities
may be driven, for instance, by additional environmental, institutional,
policy, or economic factors that are not included in the gravity model.

Identifying community structures within the EU ETS trade net-
work offers valuable insights into its underlying drivers and can inform
policy decisions aimed at enhancing its efficiency and resilience. While
the gravity model effectively highlights and quantifies some interest-
ing biases in the trade patterns, the OT-based null model enables
community detectionwhile controlling for these identified biases. This
approach uncovers connectivity patterns that extend beyond the
features considered in the gravity model, revealing additional struc-
tural factors characterizing trading behaviors. Formally, we first define
the in-strength distribution across the N nodes as μ : =

PN
i = 1μiδi, and

the out-strength distribution as ν : =
PN

i= 1 νiδi. The variable δi repre-
sents a generic Dirac measure at i. Such distributions are fully char-
acterized by the probability mass vectors on the simplex Σ, namely
μ ∈ ΣN and ν ∈ ΣN, where μi = s

in
i =

P
i s

in
i and νi = s

out
i =

P
i s

out
i . We then

denote the distance between μ and ν as:

dγðΞ,μ, νÞ : = argmin
P2Πðμ, νÞ

XN
i = 1

XN
j = 1

pi, jξ i, j + γEðpi, jÞ
� �

: ð2Þ

The cost matrix Ξ 2 RN ×N specifies the transportation cost ξi,j
between pairs i, j. To incorporate economic information into the
modularity function we choose ξ i, j : = 1=ŵi, j so to have a high prob-
ability of observing a link with high weight between i and j if the
estimate ŵi, j is high. The parameter γ > 0 serves for regularization
and Eðpi, jÞ=pi, j logðpi, jÞ is the negative entropy. The OT plan
P ∈ Π(μ, ν) with elements pi,j thus determines the coupling between

Fig. 4 | Sum of link weights inside and outside countries for different distances
between NUTS-3 nodes. The figure shows the sum of the link weights between
NUTS-3 nodes belonging or not to the same country (Same Country vs. Diff.
Country) when the distance between nodes increases (distances belonging to the

first, second, third and fourth quartile are reported in (A,B,C andD), respectively).
These measures are computed for both the real network (Real) and for the fitted
network derived from gravity estimates (Fitted).
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the in- and out-strength distributions on space 1, . . . ,Nf g× 1, . . . ,Nf g,
namely the joint distribution which satisfies the OT principle and
defines the null model for the modularity function (see Section 4
Material and Methods for details on the solution procedure). The
modularity function accordingly reads as:

Q=
1

wtot

X
i, j2V

wi, j � pi, j

� �
dðci, cjÞ, ð3Þ

where d(ci, cj) stands for the Kronecker delta equal to 1 if nodes i and j
belong to the same community (ci ≡ cj), and zero otherwise. In this
formulation, pi,j represents the probability to observe a link between
nodes i and jgiven some specific attributes, i.e., the constraints derived
from the solution of Eq. (2).

Comparative assessment of community distributions and tem-
poral stability
Figure 5 presents the distribution of the nodes across the identified
communities using violin plots, where the violin shape illustrates the
community distributions. The figure consists of four subplots, corre-
sponding to partitions obtained from the Newman-Girvan model
(panel A) and the OT-gravity method for various values of the para-
meter γ (panels B, C and D). It is worth noting that the parameter γ
regulates the weighting attributed to the cost matrix within the Gibbs
kernel. A higher value of this parameter produces a more uniform
Gibbs kernel, thereby reducing the relevance of the cost matrix and,
consequently, of the gravitymodel in theminimization of Equation (2).
The y-axis denotes the number of communities, while the width of
each violin is proportional to the number of nodes within each com-
munity, providing an intuitive visualization of the community struc-
ture. A narrow and elongated violin suggests a higher number of
communities, each containing a small number of units. Conversely,
wider and shorter violins indicate the presence of fewer communities
comprising a larger number of units.

We note that the Newman-Girvan modularity method typically
results in a higher number of communities compared toourOT-gravity
approach across various configurations. This trend is particularly
pronouncedwhen the entropy parameter is low, suggesting a stronger
influence of the gravity estimates in the null model. Specifically, while
the Newman-Girvan framework allows for a maximum of 100 com-
munities, the OT-gravity method limits the maximum to 15 when the
parameter γ =0.001. This indicates that the OT-gravity approach is
more selective in identifying meaningful community structures,

potentially providing a clearer picture of the underlying trade
dynamics. Additionally, we observe that for both the Newman-Girvan
and theOT-gravity approaches, a few communities tend to encompass
themajority of nodes, while most partitions consist of smaller sizes. In
Fig. S37 of the Supplementary Information, we present the modularity
values obtained from both the Newman-Girvan and our OT-gravity
approach. As expected, while the optimalmodularity value for our OT-
gravity approach is high, it remains lower than that provided by the
Newman-Girvan method. This is not surprising in this case, as a lower
modularity value indicates that the null model is closer to the real
structure of the data51, which is indeed the case for the OT-gravity
approach.

To compare the communities generated by different methods
and evaluate their relationship with home and sector biases, we draw
on concepts from Information Theory. Specifically, we utilize the
normalized mutual information, which measures how much two par-
titions align with each other by quantifying the degree to which two
different classifications capture the same underlying patterns (see
Section 4 Material and Methods for a formal definition). We compute
this metric between the communities obtained through modularity
maximization methods (Newman-Girvan and OT-gravity) and the par-
titions based simply on the countries or sectors to which the nodes
belong to. Figure 6 shows the resulting normalizedmutual information
over time, when we discriminate by countries (panel A) or sectors
(panel B). We find that the the partitions obtained applying the
Newman-Girvan approach reflects country and sectoral membership,
while instead our proposedOT-gravity approach lowers these features
substantially. Once we account for the country and sectoral features
through the OT-gravity approach, the emerging communities show
therefore less overlap with these characteristics compared to the
standard modularity method.

Moreover, to assess the degree of overlap between the commu-
nities generated by ourOT-gravity, which considers homeand sectoral
biases, and those produced by the Newman-Girvan model, which only
constraints for the in- and out-strength, we report in Fig. S38 of
the Supplementary Information thebehavior of the normalizedmutual
information between communities obtained with the standard
Newman-Girvan modularity maximization method versus those
resulting from our OT-gravity approach. Results indicate a mild over-
lap, which decreases substantially for lower values of the entropy
parameter γ. Hence, when we assign more importance to the con-
straints imposed by the gravity model, the communities that emerge
from the OT-gravity approach reflect less country-sectoral features

Fig. 5 | Community distribution. The figure illustrates the annual community
distribution using a violin plot. A corresponds to the Newman-Girvan modularity
(Standard Modularity), while subsequent rows depict outcomes for the OT-gravity
modularity at various entropy parameter values γ (B, C andD). The y-axis indicates

the number of communities for each year, with the violin shape portraying the
community distributions. A stretched, narrow violin suggests many communities,
each with few units. In contrast, wider, shorter violins indicate fewer communities
with more units in each.
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and differ more from those obtained from the standard Newman-
Girvan modularity method.

OT-gravity communities are formed by ties that go beyond those
captured by simple country-sector membership, thus embedding
additional, non-trivial, information regarding the way nodes typically
transfer carbon allowances and engage in persistent trade relation-
ships. We test the persistence of such ties in Fig. 7, focusing on the
community size (light blue), the stability of the community member-
ship between two consecutive years (dark blue) and the stability with
respect to the communities obtained pooling all the trades in a single
aggregated network for the entire period (red). The four largest
communities in each year (measured by Community Size) consistently
encompass at least half of the nodes, with this proportion being higher
in Phase I. Notably, the Jaccard Index, which measures stability

between consecutive years, is correlated with the community size and
indicates that larger communities tend to be very stable, with at least
two-thirds of the nodes overlapping in consecutive years. Further-
more, when comparing the evolution of the communities over time to
those derived from the aggregate network, we still find that a sub-
stantial proportion of nodes persist in these communities. This sug-
gests that these ties generating communities exhibit stability over
time, indicating thepresence of some structural features that influence
how nodes select counterparts for trading operations.

EU ETS communities and the role of cultural distance
Since OT-gravity communities are shaped by ties that extend beyond
mere country-sector membership, thereby capturing additional
information, our focus now shifts to elucidating other possible factors

Fig. 7 | Percentage of nodes included in the largest four communities and their
stability over time. The figure reports the percentage of nodes included in the
largest four communities over time and their stability in terms of the Jaccard score
index of community membership computed either over two consecutive years or
with respect to the communities obtained using the aggregate network. The light

blue line represents the number of nodes inside the largest four communities, the
dark blue line shows the relative stability of the community members along con-
secutive years, while the red line is the stability of the community members with
respect to the aggregate network.

Fig. 6 | Normalized mutual information between communities and country/
sector partitions. The figure illustrates the behavior of the normalized mutual
information between communities obtained with modularity maximization meth-
ods andpartitions resulting from the countries or sectors towhichnodesbelong to.

A compares the communities with partitions using country as discriminatory
variable. B instead compares the communities with the sector. The legend associ-
ates colors with their corresponding models.
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influencing the mesoscale structure of the EU ETS trade network. To
explore the degree to which the community structure, as derived from
the OT-gravity approach, can be attributed to residual sources of
heterogeneity beyond home and sector biases, we investigate the
potential relationships between some cultural dimensions and the OT-
gravity communities. Cultural dimensions have been widely studied to
explain trade patterns (see e.g., refs. 52–54), playing a role in gravity
models that highlight cultural proximity55. For instance, cultural dis-
tance has been shown to influence international acquisitions56, inward
investment57, compensation structures58, trade disputes59, both indir-
ectly through transaction costs andmore directly, as countries seem to
prefer some trade partners than others60.

To explain bilateral trade patterns, the role of intangible barriers,
such as incomplete information, institutional challenges, and cultural
differences, has been related to various forms of search and informa-
tion costs61–65. Existing literature on the EU ETS has already highlighted
how search and information costs influence carbon trading
relationships16,27,29,66. In this section, we adopt a cultural perspective to
further examine these trade patterns, as it offers valuable insights for
evaluating the effectiveness of a policy like the EU ETS designed to
operate at the European level. If such cultural preferences exist within
the EU ETS trade network, it indicates that communities not only
reflect country-sectoral preferences but also embody cultural dimen-
sions. This represents an intriguing angle for explaining why specific
trade patterns emerge within the EU ETS trade network.

Hofstede’s43 seminal work on cultural dimensions provides a
valuable framework for understanding how national cultures differ
and affect economic behavior, particularly in business and organiza-
tional contexts. The original four dimensions introduced in 1980were:
Power Distance Index (PDI), Individualism vs. Collectivism (IDV),
Masculinity vs. Femininity (MAS), and theUncertainty Avoidance Index
(UAI). PDI measures the extent to which less powerful members of a
society accept and expect that power is distributed unequally. High
PDI cultures have more rigid hierarchical structures, while low PDI
cultures tend to bemore egalitarian. IDV explores the degree to which
people in a society are integrated into groups. Individualistic cultures
emphasize personal achievements, while collectivist cultures prioritize
group harmony and loyalty. MAS refers to the distribution of values
between genders. “Masculine” cultures value competitiveness and
material success, while “feminine” cultures place more emphasis on
relationships and quality of life. UAI measures a society’s tolerance for
ambiguity and uncertainty. HighUAI cultures have rigid codes of belief
and behavior, while low UAI cultures are more accepting of differing
ideas. Hofstede later expanded the model to include two additional
dimensions. Long-Term Versus Short-Term Orientation (LTO/
LTOWVS) looks at a society’s time orientation, with long-term focused
cultures emphasizing future-oriented values versus short-term
focused cultures that are more rooted in the present or past. Indul-
gence Versus Restraint (IVR) measures the degree to which a society
allows relatively free gratification of basic and natural human desires
related to enjoying life and having fun. Together, these six cultural
dimensions provide a powerful tool for understanding differences in
cultural values, beliefs, and behaviors across countries.

Since the EU ETS network data covers multiple years, we aggre-
gate the temporal subnetworks into a single network that represents
the total interactions from2005 to 2020.We then performcommunity
detection on this aggregated network. This aligns with the Hofstede’s
cultural dimensions, which tend to show minimal year-to-year varia-
tion. For example, research has shown that the effects of cultural dis-
tance on firms’ internationalization are more influenced by the home
country of the company rather thanby time67. The stability observed in
Fig. 7 supports the validity of this approach.

To quantify the relationship between cultural dimensions and the
community structure, we impute the Hofstede’s cultural dimension
values, originally reported at the country level, to the NUTS-3 provincial

level by assigning identical values to all provinces within the same
country. Subsequently, we compute pairwise cultural distances between
NUTS-3 provinces i, j for each dimension d as: CDd

i, j = ðIi,d � Ij,dÞ2:
Then, we aggregate these pairwise distances to the communities

resulting from the OT-gravity approach, enabling a comprehensive
analysis of both within-community and between-community cultural
distances. Figure 8 presents a comprehensive analysis of such cultural
distances within and between communities in the EU ETS aggregate
network, basedon theHofstede’s six cultural dimensions. Each subplot
represents a different cultural dimension.

Across all dimensions, a consistent pattern emerges where the
within-community cultural distances (blue bars) are generally lower
than the between-community distances (orange bars). This trend
suggests that provinces within the same community tend to share
more similar cultural values, supporting the hypothesis that cultural
factors play a role in shaping the EU ETS mesoscale structure. In par-
ticular, PDI (panel A) shows a pronounced difference of the within and
between-community distances, indicating that hierarchical structures
and power distribution expectations are more homogeneous within
communities. The IDV dimension (panel B) also displays notable dif-
ferences, suggesting that communities tend to group provinces with
similar societal integration levels. The MAS dimension (panel C) exhi-
bits less stark contrasts for the within- and between-community dis-
tances, implying that gender-related values might have a more
nuanced influence on community formation. The UAI dimension
(panel D) shows marked differences especially across some commu-
nities, pointing to the importance of risk and ambiguity tolerance in
certain network partitions. Finally, LTOWVS and IVR dimensions
(panels E and F) also contribute to the overall pattern, albeit with some
communities showing less pronounced differences. This could indi-
cate that time orientation and societal permissiveness play varying
roles in different parts of the EU ETS network.

We then explore the community behavior with respect to an
aggregate of cultural distances by taking a weighted average of the
previous dimensions as in ref. 68. In particular, the average cultural
distance between NUTS-3 provinces is computed as:

CDi, j =
XD
d = 1

fðIi,d � Ij,dÞ2=Vdg=D, ð4Þ

where Vd is the variance of the index of the d-th dimension. In this
exercise, we have employed two sets of cultural aggregate dimensions.
In the first case, we have employed the original four dimensions
introduced in 1980byHofstede. In the second case, we have employed
all the six dimensions. Overall, results shown in Fig. S39 of Supple-
mentary Information strongly suggest that cultural similarities con-
tribute to the community structure observed in the EU ETS trade
network, with provinces sharing similar cultural values more likely to
form cohesive communities.

To further investigate the role of the cultural distance in shaping
the EU ETS trade network, we embed this cultural factor into the
gravity equation and we re-estimate the model. By incorporating cul-
tural distance, calculated using Eq. (4), as an additional explanatory
variable in the gravitymodel, we aim to evaluatewhether the estimates
remain meaningful and statistically significant. We also seek to deter-
mine if accounting for cultural factors enhances the model’s overall
performance in predicting allowances tradepatterns. If the augmented
model demonstrates superior performance and the cultural distance
term results statistically significant, this would provide further evi-
dence that cultural factors influence the structure of the EU ETS trade
network.

Figure 9 illustrates the logarithm of the difference of the devian-
ces of the gravity model when cultural factors are either excluded or
included. The blue line in the figure represents the difference in the
deviances between the two nested models, while the dashed red lines
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stand for the 95%confidence intervals. The positive valueswithin these
confidence intervals reported in Fig. 9 indicate that the gravity model
augmented with cultural distances provides a better fit to the data
compared to the model that excludes these factors.

Finally, Fig. 10 presents the dynamics of the regression coeffi-
cients for the four crucial variables in our framework, namely the
distance, the country and sector dummies and the cultural distance.
Panel A shows that the coefficient for distance remains negative
throughout the period. Panel B presents the coefficient for the country
dummy variable, which is consistently positive, while the coefficient
for the sector dummy variable in Panel C is also positive but of lower
magnitude. These estimates align closely with those discussed in “EU
ETS trade network: Gravity model estimation”. Panel D displays the
coefficient for cultural distance. The relationship between traded
allowances and cultural distance is generally negative, particularly in
the first two phases of the EU ETS. This indicates that more culturally
similarNUTS-3 provinces tend to engage inmore trades thandissimilar
ones. Notably, the magnitude of the coefficient for cultural distance is
generally smaller compared to the other variables, suggesting that
while cultural distancedoes influence tradepatterns, its impactmaybe
less pronounced than factors such as geographical distance or
belonging to the same country or sector. Overall, these findings
highlight that geographical, business, and cultural proximity facilitate
increased trading activity within the EU ETS. For instance,69 find that
the moderating effects of geographic and cultural distances interact
with technology distance in the trade of environmental goods, ulti-
mately influencing trade patterns.

Robustness analyses: adding voluntary opened accounts
Installations are required by the EU ETS regulations to open Operator
Holding Accounts (OHAs), and previously Former Operator Holding
Accounts (FOHAs), to monitor their carbon emissions surrendering
requirements and manage their trading of allowances. Our analysis
primarily focuses on trades between these mandatory accounts of

regulated entities.However, in addition toOHAs and FOHAs, voluntary
accounts can be opened to facilitate trading activities. During the
period under analysis, these include Personal Holding Accounts
(PHAs) and Trading Accounts (TAs). According to Article 39.3 of Reg-
istry Regulation No. 389/2013, trades involving PHAs are subject to a
26-h delay. TAs, introduced in 2013, allow real-time trading of allow-
anceswith accounts on their TrustedAccount List (TAL), while the 26-h
delay applies when trading with accounts outside their TAL. Both
PHAs and TAs can be held by liable entities under the EU ETS to sup-
port the compliance needs of their installations. Alternatively, these
accounts can be opened by non-liable entities such as financial
intermediaries, brokerage firms, non-governmental organizations, or
private individuals. As of January 2021, existing PHAs have been con-
verted into TAs.

Each installation typically corresponds to an OHA or FOHA
responsible for conducting its allowance trades. In the main analysis,
the assignment of NUTS-3 locations to OHAs and FOHAs is based on
the location of their respective installations. However, for voluntarily
opened accounts, this direct matching is more complex, as a single
PHAorTAmaymanage allowances formultiple installations, located in
different NUTS-3 provinces but belonging to the same firm.

Fortunately, the EUTL provides information on the account
holders, which are the entities responsible for managing both man-
datory and voluntary opened accounts. We leverage this information
to assign PHAs andTAs toNUTS-3 provinces. First, sinceour focus is on
the relationship between trade networks and environmental factors
within the functioning of the EU ETS policy, we only consider PHAs and
TAs linked to account holders that also manage OHAs or FOHAs. This
allows us to exclude voluntary opened accounts managed by entities
outside the scope of the EU ETS. Additionally, sincemultiple OHAs and
FOHAs, potentially referring to installations located in different NUTS-
3 provinces, may belong to the same account holder managing PHAs
and/or TAs, we implement three distinct criteria for assigning PHAs
and TAs to NUTS-3 provinces.

Fig. 8 | Cultural distances within and between communities in the EU ETS
aggregate network for the Hofstede’s six cultural dimensions. Blue bars
represent within-community distances, while orange bars show between-
community distances. The PowerDistance Index (PDI) dimension is reported in (A),
Individualism vs. Collectivism (IDV) in (B), Masculinity vs. Femininity (MAS) in (C),

and the Uncertainty Avoidance Index (UAI) in (D). E shows the Long-Term Versus
Short-Term Orientation (LTO/LTOWVS) while Indulgence Versus Restraint (IVR) is
shown in (F). The generally lower within-community distances across dimensions
indicate that cultural similarities play a role in shaping the network’s community
structure.
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Voluntarily opened accounts are usually employed tomanage the
net positions of several installations referring to the same firm. The
first criterion assigns PHAs and TAs of a certain account holder to the
location of its installation with the highest average verified emissions
during the sample period. The rationale for this criterion is based on
the assumption that PHAs and TAs are likely located near the instal-
lation with the largest surrendering obligations, as this installation
could be more actively engaged in allowance trading to meet com-
pliance needs. Similarly, in the second criterion, instead of considering
verified emissions, we base the assignment on the average amount of
allocated allowances. This approach is particularly relevant due to the
large portion of allowances that were freely allocated in the earlier
phases of the EU ETS, especially in sectors at risk of carbon leakage. In
this case, we assume that PHAs and TAs are established close to the
installations receiving the largest allocations, as their management
may benefit from the use of such more flexible accounts opened
specifically for trading purposes. Lastly, the third criterion simplifies
the assignment by restricting the sample to cases where an account
holder manages only one OHA or FOHA. In such cases, we directly
assign the PHAs and/or TAs to the location of the installation linked to
the unique OHA or FOHA.

There are relevant caveats regarding these criteria. First, we
require that all the PHAs and/or TAs of a given firm be situated within
the same NUTS-3 territory. We view this as a minor issue, as con-
centrating these voluntary trading accounts in one location seems
reasonable forminimizing trading costs. Second, we assume that PHAs
and TAs cannot be located in areas without installations for that firm.
This is amore substantial concern, asmajor carbonemitters frequently
operate facilities inmultiple territories,while their trading desksmight
be near their legal headquarters, often in cities where carbon-intensive
activities are less common. Finally, we overlook temporal displace-
ment, which could be substantial given the extended sample period
from 2005 to 2020. Our study focuses on pure trades, which account
for approximately 40% of the total trades within the EU ETS that are
included in our sample. However, only about 2.4% of these trades
involve exclusively OHAs and/or FOHAs, as the majority of trading
activity is carried out by PHAs and/or TAs, particularly those of non-
liable entities24,70,71. When including trades involving voluntarily
opened accounts of liable entities, there is an increase of about 86% in

the total volume of traded allowances in our sample for cases based on
emissions and allocations criteria. In contrast, for the third criterion,
the increase is just 0.27%.

Besides these concerns, the estimates reported in the Supple-
mentary Information (Sections 1.2–1.4) are largely in line with those
presented in themainanalysis, reinforcing thefinding thatmore trades
occur between geographically closer territories. When including their
voluntarily opened accounts, we confirm that EU ETS regulated enti-
ties are more likely to trade with geographically closer counterparts,
oftenwithin the same country. However, the inclusion of PHAs andTAs
appears to facilitate allowance exchanges across different sectors. This
is noteworthy, as it suggests that voluntarily opened accounts can
foster trades between counterparts, typically within the same country
but engaged indifferent business activities, whichmay reflect differing
compliance needs.

Robustness analyses: adding country and sector controls in the
gravity model
We consider augmented gravity models to account for the possibility
that NUTS-3 provinces may have unique characteristics not fully cap-
tured by the dimensions of the gravity model of Equation (1). Specifi-
cally, to control for any other potential confounding effects that vary
over territories, we introduce two additional categorical variables: one
for the country and one for the dominant sector. Both variables are
included in the gravity model as distinct regressors of the origin and
destination NUTS-3 provinces in each pair of trade. In our sample,
there are 29 countries and 15 sectors. While the country variable
remains constant over time, the sectoral variable can change, reflect-
ing the sector with the highest emissions at any given time. We esti-
mate these models in cross-sections for each year separately.

We first estimate amodel by adding for each NUTS-3 province the
country categorical variable to Eq. (1), followed by a second estimation
where we also include the sector variable. The estimates are provided
in the Supplementary Information (Sections 1.5 and 1.6, respectively).
The results of these two model variants are very similar to each other
and largely consistent with those reported in “EU ETS trade network:
Gravity model estimation”, with only a few exceptions concerning the
statistical significance of the coefficients for the macro controls.
Importantly, these findings further support the conclusion that NUTS-
3 provinces within the same country or sharing the same dominant
sector are more likely to engage in trade with each other.

Robustness analyses: panel data framework
We also consider a model specification that exploits the panel struc-
ture of the data. We thus fit (unpenalized) Poisson Pseudo Maximum
Likelihood (PPML) models with high-dimensional fixed effects
(HDFE)72–74. We consider combinations of time fixed effects and NUTS-
3 province fixed effects. Additionally, we include fixed effects at
country level. The use of these fixed effects have also the added
advantage of controlling for multilateral resistance75. We estimate a
parsimonious model, similarly to ref. 29, including only both the same
Country and same Sector categorical variables.

The estimates in Table S7 of he Supplementary Information
(Section 1.7) indicate a substantial and positive coefficient of the same
Country variable, which increases when both time and territorial fixed
effects are included. In contrast, the coefficient of the same Sector
variable lowers when we control for territorial fixed effects. We also
notice that the estimates including either NUTS-3 level or Country
fixed effects are very similar. Importantly, these results confirm that
allowance trades are more likely between provinces in the same
country and/or sharing the same dominant business activities, with
such relationships that are in the panel analysis even stronger than
those estimated in the cross-section.

Additionally, the Supplementary Information (Section 1.8) pre-
sents further analyses in which we interact time year dummies with

Fig. 9 | Deviance difference. The figure reports the logarithm of the difference in
the deviance of the gravity model when cultural factor are excluded or included.
The blue line represent the difference in the deviances of the nested models while
confidence intervals at 95% are represented by dashed red line. The statistically
significant positive values suggest that the inclusion in the gravity model of the
cultural distances as an additional regressor produces a better fitting of the data.
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either the same Country or the same Sector variables, for different
specifications of the gravity model. These estimates confirm the rela-
tionships for both variables, indicating how allowance trades aremore
likely between NUTS-3 provinces in the same country or sharing the
same dominant sector.

Discussion
A range of policy instruments has been proposed to promote carbon
abatement and mitigate the uncertainty associated with adopting
cleaner and more innovative technologies76. These instruments
include feed-in tariffs, tax incentives, green procurement, and emis-
sions trading schemes. Among these, the EU ETS is the cornerstone of
climate policy in Europe and serves as a model for similar emissions
trading systems developed worldwide. It represents an example of a
policy package aimed at facilitating cost-effective reductions in GHG
emissions. Cost-effectiveness is reached by allowing the full transfer-
ability of carbon allowances. For a discussion, see e.g.,66. When firms
bid for allowances based on their marginal abatement costs, the price
of these allowances reflects their scarcity in the market15,77. EU ETS is
recognized as an effective environmental policy tool for achieving
emissions targets at minimal cost. However, this efficient outcome
relies heavily on firms’ willingness and ability to trade allowances.

In practice, whether this cost-effective result is realized depends
onmarket efficiency, particularly the transaction costs associated with
trading activity. A key theoretical insight fromStavins 23 highlights how
transaction costs can impact trade patterns. He demonstrated that,
when transaction costs are present, the efficient equilibrium of the
trading systemmay be compromised due to reduced trading volumes

of allowances. Transaction costs can in fact deter some firms from
operating in the marketplace of allowances, influencing trading sur-
plus and altering potential efficiency gains. An overview of transaction
costs in the EU ETS is discussed e.g., in refs. 78,79. For instance, using
transaction data from Phase I and firm-level indicators of search and
information costs,16 demonstrated that trading costs influence firms’
decisions to operate in the carbon market, as well as whether to trade
directly or through intermediaries. Similarly,27 analyzed trading costs
during Phase II and quantified entry costs at the firm level, finding that
firms with excess permits are generally more reluctant to engage in
trading.

More generally, different sources of frictions can lower the
volume exchanged in each trade andmay decrease the overall number
of trades, thereby affecting the cost-effectiveness of the EU ETS. This is
consistent with a key finding in ref. 11, who examinedmarket and price
dynamics during Phase II of the EU ETS. They show that transaction
costs significantly interact with carbon prices, contributing to persis-
tent differences in marginal abatement costs among firms. This
underscores a major barrier to market efficiency that needs to be
addressed.

Despite the extensive literature, there is a lack of clear under-
standing regarding the impact of policies implemented at national and
international levels aimed to foster the transition toward
sustainability80–82. Importantly, it is still unclear whether such different
policies enhance the credibility of individual instruments, or if their
overlap undermines the overall environmental objectives83,84. Our
study reveals that the EU ETS trade network for EUAs is predominantly
dense within individual countries, with trades of regulated entities

Fig. 10 | Regression coefficients dynamics.The figuredepicts the temporal progression of regression coefficients for the distance variable (A), the country (B) and sector
(C) dummies and the cultural distance computed using 6 Hofstede’s dimensions (D), alongside their respective standard errors (blue dashed lines).
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between NUTS-3 provinces across different countries being relatively
less common. This might raise concerns about the functioning of the
EU ETS as a truly European-level cap-and-trade system.

Our findings complement existing literature in several ways. First,
we thoroughly analyze the first three phases (2005–2020) of the EU
ETS, showing that home-country bias persists even in the most recent
data. This extends the evidence of such trade patterns over a longer
period than the study by ref. 29, which concludes in 2013. Even in
Phase III, when more entities participated in the EU ETS, we find a
substantial preference for home-country transactions. As discussed in
ref. 29, since EUAs are perfectly homogeneous, these trade patterns
cannot be attributed to consumer preferences across borders. Addi-
tionally, because EUAs are dematerialized instruments without trans-
portation costs, the economic burden of geographical distance is
effectively eliminated. Hence, this preference for home-country trades
appears relevant for assessing the effectiveness of the EU ETS as a
European-level trading system. Such a bias may suggest that transac-
tion and search costs are impeding the proper and efficient allocation
of allowances across countries, even in the more mature phases of the
system. This is an interesting finding, as the home-country bias con-
tinues to characterize tradepatterns even in Phase III, when a single EU-
wide cap on emissions replaced the previous system based onnational
allocation plans, the Union registry replaced national registries, and
the European Union Transaction Log (EUTL) replaced the Community
Independent Transaction Log (CITL)85.

Second, we delve deeper into the interplay between country and
geographical trade preferences emerging from the gravity estimation.
We find that although the gravity model estimates indicate that more
distant NUTS-3 provinces are less likely to trade, this effect appears to
be dominated by the same countrymembership. This is an interesting
result since, from one side, EU ETS regulated entities are tempted to
trade less withmore geographically distant counterparts but, from the
other side, they strongly prefer to trade with those established in the
same country even if they are placedmore distant than counterparts in
closer countries. This trade behavior may limit the policy-regulators
attempt to enforcea European-levelmarket of carbon allowances since
administrative national borders seem to heavily influence how the
EUAs trade relationships are formed.

Third, we find that sectoral trade patterns are also in place. Flows
tend to connect territories sharing similar production activities, as
measured by the dominant emitting sector within the EU ETS for each
NUTS-3 province. This, again, might be explained by information costs
that facilitate searching for counterparts among entities with whom
business or production relationships already exist. When combined
with the home-country bias, these aspects may pose doubt on the
correctmechanisms underlying the link trade formation in the EU ETS.
In fact, we observe stronger connectivity within the same country and
between areas with similar production characteristics, highlighting the
influence of both geographical and business proximity on trading
patterns. This homophily may lead to a greater concentration of flows
among entities operating in very similar contexts, which are likely to
experience shocks in a more homogeneous manner. From a policy
perspective, this may signal weak diversification benefits that should
be monitored when scrutinizing the EU ETS resilience to wider
instability or local overlapping policies.

Fourth, we show that entities tend to cluster together, forming
trade communities that, while reflecting country- and sector-specific
trade patterns, are also shaped by cultural factors. These communities
consist of counterparts that engage in more intensive trade with each
other thanwith the rest of the system. Importantly, these communities
are recurrent over time, suggesting the presence of stable trade pat-
terns underlying these cohesive relationships. This is an important
aspect to consider when assessing policy effectiveness, as cultural
profiles play anmajor role in community formation, particularly when
accounting for home and sectoral biases. Notably, the largest

communities display remarkably similar cultural profiles, especially in
the early stages of the EU ETS. This trade pattern can again be attrib-
uted to search and information costs, which facilitate the establish-
ment of trade connections between entities with similar cultural
profiles. This supports the idea that, in addition to geographical and
business factors, cultural proximity plays a key role in fostering
increased trading activity within the EU ETS.

The implications of these findings are far-reaching. They suggest
that the EU ETS trade market may not be achieving efficiency, as these
biases likely lead to a suboptimal allocation of allowances, potentially
reducing the cost-effectiveness of the policy. As a consequence, the
persistent national and sectoral segmentation could hinder the
development of a truly unified carbon market at European level. If
firms are not fully exposed to the broader European market, their
decisions about emissions reductions might not be based on themost
efficient EU-wide opportunities. This, in turn, may limit the ability of
the EU ETS to achieve emissions reductions at the lowest possible cost
across the entire system. Our findings underscore the need for pol-
icymakers to consider measures that could reduce these trade biases
and promote a more integrated, efficient EU-wide carbon market. For
instance, this could involve initiatives to lower transaction costs for
cross-border trades and enhance information sharing between coun-
tries and sectors. Alternatively, a carbon tax, unlike a cap-and-trade
system, inherently avoids the transaction costs associated with
securing trading counterparts and navigating market frictions. While
our results highlight the persistence of transaction cost-driven fric-
tions in the EU ETS, a carbon tax could offer an alternative by elim-
inating the need for bilateral trades of allowances. However, given the
institutional and policy commitments to the cap-and-trade framework
within the EU, such a transition remains unlikely. Importantly, the
environmental implications of these biases are more complex than
theymight first seem.While amore integratedmarket could, in theory,
result in a more efficient allocation of allowances, it is not guaranteed
that this would substantially affect overall emissions, since emissions
are ultimately capped by the system. In fact, the cap itself-rather than
the trade patterns-remains the primary driver of the system’s envir-
onmental impact.

There are some limitations in our work that can be ameliorated in
future studies. For example, we decided tomap installations atNUTS-3
level to offer a view on the EU ETS trading network able to capture also
socio-economic dimensions of the territories where carbon emitters
are located. This choice balances our need to provide a granular
representationwith the alternative of a hugely sparse adjacencymatrix
at installation level. For similar reasons, we are forced to aggregate
data at annual level to provide a treatable representation, although it is
well-known that there are specific periods within the year which are
muchmore liquid (e.g., in December when the main futures contracts
expire and inMarch-April when the surrendering activities take place).
In addition, future research may provide a more in-depth analysis to
isolate intra-group trades or extend the analysis to include trades in
futures markets.

Methods
Gravity model
Estimating Eq. (1) poses several challenges, encompassing the treat-
ment of zero-valued flows44,86, non-linearity, and heteroscedasticity44,
as well as addressing issues of endogeneity and omitted-term biases87.
To concurrently address these problems, we employ a Poisson model
which reads as:

qPois
i, j wi, j

� �
=
z
wi, j

i, j e
�zi, j

wi, j !

where zi,j is defined by the r.h.s of Eq. (1). By substituting wi, j! with
Γ½wij + 1�, as routinely done in packages for solving econometric
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models, the log-likelihood becomes:

LPois =
X
i≠j

wi, j ln zi, j � zi, j � ln Γ wi, j + 1
h ih i

whose optimization leads to the Poisson pseudo-maximum likelihood
(PPML) estimator of ref. 44

X
i≠j

wi, j

zi, j
� 1

" #
∂zi, j
∂θi

=0, 8i:

It is worth noticing that the Poisson model remains the most used
framework because it ensures that a network total weight is repro-
duced, a desirable feature to correctly estimate the weights of a net-
work. A similar approach in the context of the EU ETS has been
adopted by ref. 29.

Optimal transport null model
Our utilization of optimal transport (OT) revolves around finding a
map between normalized in-strength and out-strength, essentially
estimating the joint distribution between these two probabilities. This
estimation incorporates the cost linked with transferring a unit mass
from the in-strength distribution to the out-strength distribution. The
resulting joint distribution indicates the most effective way to trans-
port particles fromone distribution to the other. Essentially, OT aids in
pinpointing the optimal mapping between in-strength and out-
strength distributions by minimizing the transportation costs
involved.

We can define the in-strength distribution across the N nodes as
μ : =

PN
i = 1μiδi. Similarly, the out-strength distribution is as

ν : =
PN

i= 1 νiδi. The variable δi represents a generic Dirac measure at i.
Such distributions are fully characterized by the probability mass
vectorson the simplexΣ, namelyμ∈ΣN and ν∈ΣN, whereμi = s

in
i =

P
is

in
i

and νi = s
out
i =

P
is

out
i . We can then define the distance between μ and ν

as:

dðξ ,μ, νÞ : = min
P2Πðμ, νÞ

Xm
i= 1

Xm
j = 1

pi, jξ i, j: ð5Þ

The optimal transport plan P ∈ Π(μ, ν) determines the coupling
between the in- and out strength distributions on space
1, . . . ,Nf g× 1, . . . ,Nf g, namely the joint distribution which satisfies the
OT principle and defines the null model for the modularity function.

The matrix P, defines a joint distribution with marginals which
coincide with μ and ν. Consequently, P is contained in the transpor-
tation polytope Π(μ, ν) defined as:

Πðμ, νÞ : = P 2 RN ×N
+ jP1N =μ,P>1N = ν

n o
: ð6Þ

The cost matrix Ξ 2 RN ×N specifies the transportation cost between
pairs of provinces i and j. To incorporate gravity information into the
modularity function we choose ξ i, j : = 1=ŵi, j so to have a high prob-
ability of observing a link with high weight between i, j if the estimate
ŵij is high too.

In order to find P, one has to solve a linear assignment problem
(LAP) from Equation (5), and this can be obtained via algorithms like
the Hungarian algorithm88 or the Auction algorithm89, as well as recent
solvers90,91. However, these approaches are computationally heavy and
slow in practice92. A popular alternative is augmenting the LAP objec-
tive in Equation (5)with anadditional entropy regularizer, giving rise to

the Sinkhorn operator:

dγðΞ,μ, νÞ : = argminP2Πðμ, νÞ
XN
i= 1

XN
j = 1

pi, j , ξ i, j + γEðpi, jÞ
� �

, ð7Þ

where γ > 0 is a regularization parameter and Eðpi, jÞ=pi, j log Pi, j

� �
is

the negative entropy, with the convention 0 log0=0. The seminal
work of ref. 92 showed that the additional entropy regularization term
allows for an efficient minimization of Equation (7). Specifically, this
can be obtained via an alternating scheme of Sinkhorn projections. By
defining the Gibbs kernel as K = def. e�

Ξ
γ 2 RN ×N

+ , and a vector f =1N ,
one can find P by using the Sinkhorn iterations:

g  ν � ðKf Þ and f  μ� ðK>gÞ,

where ⊘ denotes component-wise division. As shown by ref. 92, in the
limit, this scheme converges to a minimizer of Eq. (7). In practice, we
can use a finite number of iterations to achieve a sufficiently small
residual. Then the coupling matrix P con be found as:

P =diag ðf ÞKdiag ðgÞ: ð8Þ

Modularity maximization
To examine whether the EU ETS network’s structure is solely influ-
enced by home and sectorial biases or if other forces are at play, we
introduce a tailored modularity function to uncover community pat-
terns beyond such factors.

Generally speaking, most community detection methods are
guided by the principle of segmenting the nodes in the network into
modules. Unlike traditional graph partitioning algorithms, community
detection does not require to predefine the number or size of such
modules. Instead, it autonomously seeks to reveal the inherent
mesoscale structure within the network. The quality of a partition is
often assessed using the modularity function, denoted as Q. This
function determines if links within communities are more frequent
than those expected by chance, effectively measuring the extent of
internal connectivity within communities compared to random
expectations.

Formally, modularity (Q) reads as:

Q=
1
L

X
i, j2V

ai, j � pi, j

� �
dðci, cjÞ, ð9Þ

where V is the set of all nodes in the network, ai,j is the (i, j)-th element of
the adjacencymatrix associated to it and L is the total number of links in
the network. d(ci, cj) stands for the Kronecker delta equal to 1 if nodes i
and j belong to the same community (ci ≡ cj), or zero otherwise. In this
formulation, pi,j introduces the aforementioned randomness as it
represents the probability to observe a link between nodes i and j given
some specific attributes, i.e., constraints. The notion of chance, or
the null hypothesis, plays a crucial role in defining modularity and is
expressed through pi,j. Each generic entry pi,j constitutes the expected
weight of a link between nodes i and j within a set of random
networks under specific constraints. These constraints are linked to
known information about the network’s organization, including factors
like the total number of links and nodes. Recognizing these constraints
is vital, as they establish the contextual framework against which the
observed network characteristics are assessed, contributing to a more
nuanced comprehension of the network’s structural organization. In the
weighted case, themost standard choice for the reference null model is:

pi, j =
sini s

out
j

wtot

ð10Þ
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and the modularity function accordingly reads as:

Q=
1

wtot

X
i, j2V

wi, j � pi, j

� �
δðci, cjÞ: ð11Þ

This approach assumes that the connectivity patterns in the network
are primarily influenced by the nodes’ relative strengths, emphasizing
the importance of this weighted attribute in shaping the overall net-
work topology. The idea of focusing on node strengths aligns with the
assumption that the network is well-mixed, implying that any node has
the potential to connectwith any other node simply given its total out-
going and in-going trade flows.

Information theoretic measures
To compare clusters derived from community detection, in the study
we employ the normalized mutual information that quantifies the
common information between two partitions results, emphasizing
their similarity.

The normalized mutual information reads as:

NMIðP1,P2Þ=
IðP1,P2Þffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffi
EðP1ÞEðP2Þ

p
where IðP1,P2Þ is the mutual information between the two partitions
P1 and P2, while E( ⋅ ) represents the entropy.

Data
We consider internal and external transactions occurring in the EU
ETS, corresponding to transaction code types 10–0, 3–21 and 3–0. This
means that flows of allowances related to administrative purposes
(e.g., allocation, surrendering, cancellation of allowances) are not
included in the analysis17,24,28. To emphasize the relationships related to
environmental aspects, we consider only bilateral trades between
liable entities under the EU ETS, potentially referring to the same
account holder. These entities correspond to the Operator Holding
Accounts (OHAs) and the Former Operator Holding Accounts
(FOHAs), identified by account types 100-7 and 120-0 respectively.
Former OHAs (FOHAs) relate to the switch occurred in 2012 when the
previous decentralized system of national registries, namely the
Community Independent Transaction Log (CITL), was replaced by the
European Union Transaction Log (EUTL) determining that each
installation needed to be associated with a new OHA.

EU ETS data are retrieved from the EUTL transaction log website:
https://ec.europa.eu/clima/ets/. We do not consider trades not recor-
ded in the EUTL (e.g., related to futures contracts). Additional infor-
mation are retrieved from the “EUETS.INFO” (https://www.euets.info/
,93). Besides transactions data, we collect information regarding the
allocation and surrendering of allowances, as well as sectoral and geo-
localization information of the emitting installations. We use the latter
to assign the installations linked to each account to NUTS-3 (Nomen-
clature of territorial units for statistics) territories. This represents a
geographical nomenclature subdividing the economic territory of the
European Union into regions at three different levels, with NUTS-3 the
most granular. We then aggregate the information of each EU ETS
entity belonging to the same NUTS-3. These aggregated NUTS-3 units
constitute our final set of nodes in the system. We complement the
sample with socio-demographic information from EUROSTAT (e.g.,
the population, the gross domestic product and the area). We define
the year-province dominant sector in our sample by considering the
aggregate emissions of EU ETS entities for each sector and then
selecting for each year and province the sector with the largest
aggregate emissions. Finally, we use NUTS-3 coordinates to compute
geodesic distances following94.

The sample begins at date 2005-02-07 and ends at 2020-04-30,
thus covering the first three phases of the EU ETS. It is worth noticing

that in accordance with Annex XIV (4) of Regulation 389/2013, there is
an embargo period of three years in the EU ETS transaction data.
Directive (EU) 2023/959 modified the compliance cycle of the EU ETS
starting from 2024. In particular, the deadline to surrender allowances
was moved from 30 April to 30 September.

Data availability
Data are freely available. EU ETS data were retrieved from the EUTL
transaction log website: https://ec.europa.eu/clima/ets/. Additional
information were retrieved from the “EUETS.INFO” (https://www.
euets.info/,93). NUTS-3 data were retrieved from EUROSTAT.

Code availability
Codes are available at https://github.com/AlessandroSpike/European-
Emissions-Trading-System-network.git. The doi is https://doi.org/10.
5281/zenodo.15188174.

References
1. European Commission. Directive 2003/87/EC of the European

Parliament and of the council of 13 october 2003 establishing a
scheme for greenhouse gas emission allowance trading within the
community and amending council directive 96/61/EC
(2003).

2. Refinitiv. Carbonmarket year in review 2020. https://www.refinitiv.
com/content/dam/marketing/en_us/documents/gated/reports/
carbon-market-year-in-review-2020.pdf [accessed 10-November-
2022] (2021).

3. Salant, S. W. What ails the european union’s emissions trading
system? J. Environ. Econ. Manag. 80, 6–19 (2016).

4. Fuss, S. et al. A framework for assessing the performance of cap-
and-trade systems: insights from the european union emissions
trading system. Rev. Environ. Econ. Policy 12 (2018).

5. Hotelling, H. The economics of exhaustible resources. J. Political
Econ. 39, 137–175 (1931).

6. Rubin, J. D. Amodel of intertemporal emission trading, banking, and
borrowing. J. Environ. Econ. Manag. 31, 269–286 (1996).

7. Klepper, G. & Peterson, S. The eu emissions trading scheme
allowance prices, trade flows and competitiveness effects. Eur.
Environ. 14, 201–218 (2004).

8. Hintermann, B. Allowance price drivers in the first phase of the EU
ETS. J. Environ. Econ. Manag. 59, 43–56 (2010).

9. Paolella, M. S. & Taschini, L. An econometric analysis of emission
allowance prices. J. Bank. Financ. 32, 2022–2032 (2008).

10. Hepburn, C., Grubb, M., Neuhoff, K., Matthes, F. & Tse, M. Auc-
tioning of EU ETS phase ii allowances: how andwhy?Clim. Policy 6,
137–160 (2006).

11. Hintermann, B., Peterson, S.&Rickels,W. Price andmarket behavior
in Phase II of the EU ETS: a review of the literature. Rev. Environ.
Econ. Policy 10, 108–128 (2016).

12. Grubb, M. & Neuhoff, K. Allocation and competitiveness in the eu
emissions trading scheme: policy overview. Clim. Policy 6,
7–30 (2006).

13. Koch, N., Fuss, S., Grosjean, G. & Edenhofer, O. Causes of the EU
ETS price drop: recession, CDM, renewable policies or a bit of
everything? new evidence. Energy Policy 73, 676–685 (2014).

14. Coase, R. H. The problem of social cost. J. Law Econ. 3, 1–44 (1960).
15. Montgomery, W. D. Markets in licenses and efficient pollution

control programs. J. Econ. Theory 5, 395–418 (1972).
16. Jaraitė-Kažukauskė, J. & Kažukauskas, A. Do transaction costs

influence firm trading behaviour in the European Emissions Trading
System? Environ. Resour. Econ. 62, 583–613 (2015).

17. Abrell, J., Cludius, J., Lehmann, S., Schleich, J. & Betz, R. Corporate
emissions-trading behaviour during the first decade of the eu ets.
Environ. Resour. Econ. 83, 47–83 (2022).

Article https://doi.org/10.1038/s41467-025-59913-w

Nature Communications |         (2025) 16:5199 15

https://ec.europa.eu/clima/ets/
https://www.euets.info/
https://ec.europa.eu/clima/ets/
https://www.euets.info/
https://www.euets.info/
https://ec.europa.eu/eurostat/web/main/data/database
https://github.com/AlessandroSpike/European-Emissions-Trading-System-network.git
https://github.com/AlessandroSpike/European-Emissions-Trading-System-network.git
https://doi.org/10.5281/zenodo.15188174
https://doi.org/10.5281/zenodo.15188174
https://www.refinitiv.com/content/dam/marketing/en_us/documents/gated/reports/carbon-market-year-in-review-2020.pdf
https://www.refinitiv.com/content/dam/marketing/en_us/documents/gated/reports/carbon-market-year-in-review-2020.pdf
https://www.refinitiv.com/content/dam/marketing/en_us/documents/gated/reports/carbon-market-year-in-review-2020.pdf
www.nature.com/naturecommunications


18. Zaklan, A. Coase and cap-and-trade: evidence on the indepen-
dence property from the european carbon market. Am. Econ. J. 15,
526–558 (2023).

19. Chèze, B., Chevallier, J., Berghmans, N. & Alberola, E. On the CO2

emissions determinants during the eu ets phases i and ii: a plant-
level analysis merging the eutl and platts power data. Energy J. 41,
153–184 (2020).

20. Flori, A. Energy commodities spillover analysis for assessing the
functioning of the european union emissions trading system trade
network of carbon allowances. Sci. Rep. 14, 21708 (2024).

21. Martin, R., Muûls, M., De Preux, L. & Wagner, U. Industry compen-
sation under relocation risk: afirm-level analysis of the eu emissions
trading scheme. Am. Econ. Rev. 104, 2482–2508 (2014).

22. Schmidt, R. & Heitzig, J. Carbon leakage: grandfathering as an
incentive device to avert firm relocation. J. Environ. Econ. Manag.
67, 209–223 (2014).

23. Stavins, R. N. Transaction costs and tradeable permits. J. Environ.
Econ. Manag. 29, 133–148 (1995).

24. Borghesi, S. & Flori, A. EU ETS facets in the net: structure and
evolution of the EU ETS network. Energy Econ. 75, 602–635 -
(2018).

25. Cludius, J. & Betz, R. EU emissions trading: role of banks and other
financial actors—insights from the EU transaction log and inter-
views. Working Paper – Gutachten – Studie (2018).

26. Karpf, A., Mandel, A. & Battiston, S. Price and network dynamics in
the European carbon market. J. Econ. Behav. Organ. 153,
103–122 (2018).

27. Naegele, H. Offset credits in the EU ETS: a quantile estimation of
firm-level transaction costs. Environ. Resour. Econ. 70, 77–106
(2018).

28. Flori, A., Borghesi, S. & Marin, G. The environmental-financial per-
formance nexus of EU ETS firms: a quantile regression approach.
Energy Econ. 131, 107328 (2024).

29. Hintermann, B. & Ludwig, M. Home country bias in international
emissions trading: evidence from the eu ets. Resour. Energy Econ.
71, 101336 (2023).

30. McCallum, J. National borders matter: Canada-US regional trade
patterns. Am. Econ. Rev. 85, 615–623 (1995).

31. Wolf, H. C. Intranational home bias in trade. Rev. Econ. Stat. 82,
555–563 (2000).

32. Helpman, E., Melitz, M. & Rubinstein, Y. Estimating trade flows:
trading partners and trading volumes. Q. J. Econ. 123,
441–487 (2008).

33. Newman, M. E. J. & Girvan, M. Finding and evaluating community
structure in networks. Phys. Rev. E. 69, 026113 (2004).

34. Newman, M. E. Modularity and community structure in networks.
Proc. Natl Acad. Sci. 103, 8577–8582 (2006).

35. Oesingmann, K. The effect of the European Emissions Trading
System (EU ETS) on aviation demand: an empirical comparisonwith
the impact of ticket taxes. Energy Policy 160, 112657 (2022).

36. Aichele, R. & Felbermayr,G.Kyoto andcarbon leakage: an empirical
analysis of the carbon content of bilateral trade. Rev. Econ. Stat. 97,
104–115 (2015).

37. Naegele, H. & Zaklan, A. Does the EU ETS cause carbon leakage in
European manufacturing? J. Environ. Econ. Manag. 93, 125–147
(2019).

38. Pothen, F. & Hübler, M. The interaction of climate and trade policy.
Eur. Econ. Rev. 107, 1–26 (2018).

39. Villani, C. Optimal Transport: Old and New. Vol. 338
(Springer, 2009).

40. Villani, C. Topics in optimal transportation. Am. Math. Soc. 58
(2021).

41. Spelta, A. & Pecora, N. Wasserstein barycenter for link prediction in
temporal networks. J. R. Stat. Soc. Ser. A Stat. Soc. 187,
180–208 (2024).

42. Girvan, M. & Newman, M. E. Community structure in social and
biological networks. Proc. Natl Acad. Sci. 99, 7821–7826
(2002).

43. Hofstede, G. Culture’s Consequences: International Differences in
Work-Related Values (Sage, 1980).

44. Silva, J. S. & Tenreyro, S. The log of gravity. Rev. Econ. Stat. 88,
641–658 (2006).

45. Pinkse, J. & Kolk, A. Multinational corporations and emissions trad-
ing:: Strategic responses to new institutional constraints. Eur.
Manag. J. 25, 441–452 (2007).

46. Engels, A., Knoll, L. & Huth, M. Preparing for the ‘real’ market:
national patterns of institutional learning andcompanybehaviour in
the European Emissions Trading Scheme (EU ETS). Environ. Policy
Gov. 18, 276–297 (2008).

47. Betz, R. & Schmidt, T. Transfer patterns in Phase I of the EU Emis-
sions Trading System: a first reality check based on cluster analysis.
Clim. Policy 16, 474–495 (2016).

48. European Commission, E. Commission decision of 27 october 2014
determining, pursuant to directive 2003/87/ec of the european
parliament andof the council, a list of sectors and subsectorswhich
are deemed to be exposed to a significant risk of carbon leakage,
for the period 2015 to 2019. J. Eur. Union 57, 114–124 (2014).

49. Newman, M. E. The structure and function of complex networks.
SIAM Rev. 45, 167–256 (2003).

50. Newman, M. E. Detecting community structure in networks. Eur.
Phys. J. B 38, 321–330 (2004).

51. Expert, P., Evans, T. S., Blondel, V. D. & Lambiotte, R. Uncovering
space-independent communities in spatial networks. Proc. Natl
Acad. Sci. 108, 7663–7668 (2011).

52. Boisso, D. & Ferrantino, M. Economic distance, cultural distance,
and openness in international trade: empirical puzzles. J. Econ.
Integr. 12, 456–484 (1997).

53. White, R. & Tadesse, B. Cultural distance and the us
immigrant–trade link. World Econ. 31, 1078–1096 (2008).

54. Zhou, M. Intensification of geo-cultural homophily in global trade:
evidence from the gravitymodel. Soc. Sci. Res. 40, 193–209 (2011).

55. Felbermayr, G. J. & Toubal, F. Cultural proximity and trade. Eur.
Econ. Rev. 54, 279–293 (2010).

56. Reus, T. H. & Lamont, B. T. The double-edged sword of cultural
distance in international acquisitions. J. Int. Bus. Stud. 40,
1298–1316 (2009).

57. Azar, G. & Drogendijk, R. Cultural distance, innovation and export
performance: an examination of perceived and objective cultural
distance. Eur. Bus. Rev. 28, 176–207 (2016).

58. Bryan, S., Nash, R. & Patel, A. The effect of cultural distance on
contracting decisions: the case of executive compensation. J. Corp.
Financ. 33, 180–195 (2015).

59. Sun, J., Mostafiz, F., Cai, Y. & Yang, F. Cultural distance, language
dissimilarity and trade disputes. Appl. Econ. 56, 941–955 (2024).

60. Kokko, A. & Tingvall, P. G. Distance, transaction costs, and pre-
ferences in european trade. Int. Trade J. 28, 87–120 (2014).

61. Makino, S. & Neupert, K. E. National culture, transaction costs, and
the choice between joint venture and wholly owned subsidiary. J.
Int. Bus. Stud. 31, 705–713 (2000).

62. Brouthers, K. D. Institutional, cultural and transaction cost influ-
ences on entrymode choice and performance. J. Int. Bus. Stud. 33,
203–221 (2002).

63. Anderson, J. E. & Van Wincoop, E. Trade costs. J. Econ. Lit. 42,
691–751 (2004).

64. Steenkamp, J.-B. E. & Geyskens, I. Transaction cost economics and
the roles of national culture: a test of hypothesesbasedon Inglehart
and Hofstede. J. Acad. Mark. Sci. 40, 252–270 (2012).

65. Shenkar, O. Cultural distance revisited: towards a more rigorous
conceptualization and measurement of cultural differences. In
International Business Strategy, 476–489 (Routledge, 2015).

Article https://doi.org/10.1038/s41467-025-59913-w

Nature Communications |         (2025) 16:5199 16

www.nature.com/naturecommunications


66. Venmans, F. A literature-based multi-criteria evaluation of the EU
ETS. Renew. Sustain. Energy Rev. 16, 5493–5510 (2012).

67. Beugelsdijk, S., Kostova, T., Kunst, V. E., Spadafora, E. & Van Essen,
M. Cultural distance and firm internationalization: a meta-analytical
review and theoretical implications. J. Manag. 44, 89–130 (2018).

68. Kogut, B. & Singh, H. The effect of national culture on the choice of
entry mode. J. Int. Bus. Stud. 19, 411–432 (1988).

69. He, S., Dai, X. & He, C. Symphony of sustainability: how technology
similarity impacts international trade patterns in environmental
goods. Environ. Sci. Pollut. Res. 31, 23747–23765 (2024).

70. Cludius, J. & Betz, R. The role of banks in EU emissions trading.
Energy J. 41, 275–300 (2020).

71. Quemin, S. & Pahle, M. Financials threaten to undermine the func-
tioning of emissions markets. Nat. Clim. Change 13, 22–31 (2023).

72. Gaure, S. Ols with multiple high dimensional category variables.
Comput. Stat. Data Anal. 66, 8–18 (2013).

73. Breinlich, H. et al.Machine learning in international trade research—
evaluating the impact of trade agreements. CEPR Discussion Paper
No. DP17325 (2022).

74. Correia, S., Guimarães, P. & Zylkin, T. Fast poisson estimation with
high-dimensional fixed effects. Stata J. 20, 95–115 (2020).

75. Anderson, J. E. & VanWincoop, E. Gravitywith gravitas: a solution to
the border puzzle. Am. Econ. Rev. 93, 170–192 (2003).

76. Jaffe, A. B., Newell, R. G. & Stavins, R. N. Environmental policy and
technological change. Environ. Resour. Econ. 22, 41–70 (2002).

77. Hahn, R. W. & Stavins, R. N. The effect of allowance allocations on
cap-and-trade system performance. J. Law Econ. 54,
S267–S294 (2011).

78. Jaraitė, J., Convery, F. & Di Maria, C. Transaction costs for firms in
the EU ETS: lessons from Ireland. Clim. Policy 10, 190–215 (2010).

79. Baudry, M., Faure, A. & Quemin, S. Emissions trading with transac-
tion costs. J. Environ. Econ. Manag. 108, 102468 (2021).

80. Ulibarri, N. et al. A global assessment of policy tools to support
climate adaptation. Clim. Policy 22, 77–96 (2022).

81. Haites, E. et al. Contribution of carbon pricing to meeting a mid-
century net zero target. Clim. Policy 24, 1–12 (2024).

82. Scotti, F., Flori, A., Crescenzi, R. & Pammolli, F. Demand-pull and
technology-push environmental innovation: a policy mix analysis
on EU ETS and EU cohesion policy. Clim. Policy 25, 153–170 (2024).

83. Åhman, M., Nilsson, L. J. & Johansson, B. Global climate policy and
deep decarbonization of energy-intensive industries. Clim. Policy
17, 634–649 (2017).

84. Van den Bergh, J. et al. Designing an effective climate-policy mix:
accounting for instrument synergy.Clim. Policy 21, 745–764 (2021).

85. European Commission. Development of EU ETS (2005–2020).
https://climate.ec.europa.eu/eu-action/eu-emissions-trading-
system-eu-ets/development-eu-ets-2005-2020_en.

86. Burger, M., Van Oort, F. & Linders, G.-J. On the specification of the
gravity model of trade: zeros, excess zeros and zero-inflated esti-
mation. Spat. economic Anal. 4, 167–190 (2009).

87. Baldwin, R. & Taglioni, D. Gravity for dummies and dummies for
gravity equations, Working paper. (NBER 2006).

88. Kuhn, H. W. The hungarian method for the assignment problem.
Nav. Res. Logist. Q. 2, 83–97 (1955).

89. Bertsekas,D. P. Adistributed algorithm for the assignmentproblem.
Lab. for Information and Decision Systems Working Paper,
MIT (1979).

90. Rubner, Y., Guibas, L. J. & Tomasi, C. The earth mover’s distance,
multi-dimensional scaling, and color-based image retrieval. In:

Proc. ARPA Image Understanding Workshop, vol. 661, 668
(Springer, 1997).

91. Pele, O. & Werman, M. Fast and robust earth mover’s distances. In
Proc. IEEE 12th International Conference on Computer Vision,
460–467 (IEEE, 2009).

92. Cuturi, M. Sinkhorn distances: lightspeed computation of optimal
transport. Adv. Neural Inf. Process. Syst. 26 (2013).

93. Abrell, J. Database for the European Union Transaction Log (2023).
94. Kurbucz,M. T. & Katona, A. I. eudistance: Distance calculator for the

different levels of european nuts regions. Softw. Impacts 13,
100327 (2022).

Acknowledgements
This work has been partially supported by the Italian Ministry of Uni-
versity and Research (MUR) through the project “A geo-localized data
framework for managing climate risks and designing policies to support
sustainable investments” (No. 20229CWYXC) within the PRIN 2022
program, funded by the European Union—Next Generation EU.

Competing interests
The authors declare no competing interests.

Additional information
Supplementary information The online version contains
supplementary material available at
https://doi.org/10.1038/s41467-025-59913-w.

Correspondence and requests for materials should be addressed to
Alessandro Spelta.

Peer review information Nature Communications thanks Roweno
Heijmans, Beat Hintermann and the other, anonymous, reviewer(s) for
their contribution to the peer review of this work. A peer review file is
available.

Reprints and permissions information is available at
http://www.nature.com/reprints

Publisher’s note Springer Nature remains neutral with regard to jur-
isdictional claims in published maps and institutional affiliations.

Open Access This article is licensed under a Creative Commons
Attribution-NonCommercial-NoDerivatives 4.0 International License,
which permits any non-commercial use, sharing, distribution and
reproduction in any medium or format, as long as you give appropriate
credit to the original author(s) and the source, provide a link to the
Creative Commons licence, and indicate if you modified the licensed
material. Youdonot havepermissionunder this licence toshare adapted
material derived from this article or parts of it. The images or other third
party material in this article are included in the article’s Creative
Commons licence, unless indicated otherwise in a credit line to the
material. If material is not included in the article’s Creative Commons
licence and your intended use is not permitted by statutory regulation or
exceeds the permitted use, you will need to obtain permission directly
from the copyright holder. To view a copy of this licence, visit http://
creativecommons.org/licenses/by-nc-nd/4.0/.

© The Author(s) 2025

Article https://doi.org/10.1038/s41467-025-59913-w

Nature Communications |         (2025) 16:5199 17

https://climate.ec.europa.eu/eu-action/eu-emissions-trading-system-eu-ets/development-eu-ets-2005-2020_en
https://climate.ec.europa.eu/eu-action/eu-emissions-trading-system-eu-ets/development-eu-ets-2005-2020_en
https://doi.org/10.1038/s41467-025-59913-w
http://www.nature.com/reprints
http://creativecommons.org/licenses/by-nc-nd/4.0/
http://creativecommons.org/licenses/by-nc-nd/4.0/
www.nature.com/naturecommunications

	Carbon trade biases and the emerging mesoscale structure of the European Emissions Trading System network
	Results
	EU ETS trade network: gravity model estimation
	Gravity model: replication of key trade patterns in the EU ETS network
	EU ETS mesoscale community structure
	Comparative assessment of community distributions and temporal stability
	EU ETS communities and the role of cultural distance
	Robustness analyses: adding voluntary opened accounts
	Robustness analyses: adding country and sector controls in the gravity model
	Robustness analyses: panel data framework

	Discussion
	Methods
	Gravity model
	Optimal transport null model
	Modularity maximization
	Information theoretic measures
	Data

	Data availability
	Code availability
	References
	Acknowledgements
	Competing interests
	Additional information




