
Exploring reviewer self-assessment 
in the context of academic peer 
review
Amanda Sizo1, Alexandra Oliveira2, Adriano Lino3, Álvaro Rocha4 & Luís Paulo Reis1

Scientific journals often rely on informal methods to evaluate reviewers, such as editor ratings 
and author feedback. Reviewer self-assessment offers a promising, yet underexplored, approach 
to improving the peer-review process. This study examined the factors associated with reviewers’ 
self-assessments. We surveyed 642 reviewers and editors from three Information Systems (IS) 
conferences (January–February 2020), and 144 responses were analyzed using quantitative inferential 
statistics. Most respondents were male (72.2%) and based in Europe (59%). We found no significant 
association between self-assessment and conventional experience markers (reviewing and publishing 
experiences). In contrast, significant associations were observed between higher self-assessment and 
the perceived importance of feedback from editors (χ2 = 19.689, p ≈ 0.002), feedback from authors 
(χ2 = 25.168, p < 0.001), and formal training (χ2 = 14.64, p ≈ 0.047). Although our sample comes from 
IS settings, these mechanisms are process-based; therefore, these findings could be extended to 
a broader peer review ecosystem. Overall, organizational interventions, structured feedback from 
editors and authors, and formal training are more closely related to reviewers’ self-assessments than 
accumulated publishing or reviewing experience.
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The peer review process is widely regarded as the gold standard for evaluating manuscripts before publication1. 
The current system relies on reviewers to assess research quality and inform editorial decisions. Although review 
quality is strongly linked to the expertise of reviewers2, there has been limited progress in identifying high-
quality reviewers and defining clear minimum standards for the knowledge, skills, and characteristics required3.

A major weakness of peer review is the variability among reviewers, which often results in inconsistent 
evaluations4. This inconsistency is partly explained by the absence of structured systems for selecting, training, 
and evaluating reviewers based on consistent criteria. Instead, many journals rely on informal and unevenly 
applied practices, whereas performance is usually judged retrospectively based on submitted reports. Efforts to 
develop accurate methodologies for measuring reviewer skills have been limited5,6.

One of the most common approaches for assessing reviewers is the evaluation of their review reports. At 
least 24 tools have been developed for this purpose7. In contrast, author satisfaction is often tied to whether 
a manuscript is accepted rather than to the quality of the review itself, making it an unreliable indicator for 
improving the process8. Another widely discussed method involves testing reviewers with fictitious manuscripts 
containing deliberate errors designed to expose strengths and weaknesses in their evaluations5,9. A less-
explored approach is self-assessment, in which reviewers provide structured feedback on their own reports. This 
method offers several potential benefits for editors and publishers, including more reliable quality indicators, 
improved reviewer–manuscript matching, and a more transparent basis for reviewer development. Despite these 
advantages, self-assessment has received significantly less attention than the other evaluation strategies.

Self-assessment also demonstrated positive outcomes in other domains. A review of more than 20 education 
studies found that students who engaged in self-grading performed better on subsequent exams than those who 
did not10. Similarly, organizational management frameworks that incorporate self-assessment have been shown 
to improve company outcomes11. These findings suggest that when adapted to peer review, self-assessment could 
help reduce biases, increase the reliability of evaluations, and foster fairer decision-making. The absence of such 
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practices, in contrast, limits accountability, reduces learning opportunities for reviewers, and risks perpetuating 
inefficiency.

In this context, reviewer self-assessment has emerged as a promising yet underexplored approach to 
understanding and improving peer-review practices. It can provide valuable insights into reviewers’ confidence, 
alignment of their expertise with assigned manuscripts, and their perceived preparedness. Such information 
can enhance reviewer–manuscript matching, inform targeted training initiatives, and support editorial decision 
making.

This study investigates the factors associated with reviewers’ self-evaluation practices. In particular, it examines 
the role of prior experience in publishing and reviewing, as well as the use of resources that support the review 
process. By analyzing these factors, this study provides empirical evidence on whether traditional indicators of 
experience, such as publication and review counts, correspond to how reviewers assess their own performance 
or whether organizational support mechanisms, including editor and author feedback or formal training, 
exert a greater influence. The analysis was based on the perspectives of editors and reviewers from the World 
Conference on Information Systems and Technologies (WorldCIST), International Conference on Information 
Technology and Systems (ICIST), and Iberian Conference on Information Systems and Technologies (CISTI). 
Although peer review in Information Systems (IS) is not expected to differ significantly from other disciplines, 
the interdisciplinary nature of IS makes it essential to examine current practices in this field12.

While this introduction outlines the challenges of peer review and the potential of self-assessment, the 
following section provides background on existing application of self-assessment. The methodology section 
describes the research design, followed by the survey results. The discussion highlights the implications of the 
findings, and the conclusion summarizes the key contributions, limitations, and directions for future research.

Background
Self-evaluation reflects an individual’s perception of their abilities, judgments, and outcomes, enabling them 
to anticipate and regulate future performance13. It also encompasses confidence in the completion of specific 
tasks14. Research shows that individuals with strong self-evaluation skills perform better in work-related 
activities, are more willing to take calculated risks in decision-making, and draw on positive internal resources 
to face challenges15. They also demonstrate greater confidence in their abilities and a stronger sense of control 
over situations16.

Peer perceptions of factors that strengthen self-assessment can inform strategies to improve review quality, 
although few influences have been shown to consistently enhance it. Evidence links gains in critical thinking and 
self-evaluation skills to the practice of peer review17, as review, like any complex skill, improves with practice18. 
Self-assessment further builds reviewers’ confidence in delivering rigorous evaluations. A systematic review 
confirmed that self- and peer-assessment positively influence learning, with accuracy shaped by self-confidence, 
emotional intelligence, prior experience, feedback quality, and appropriate assessment tools19. Clear criteria, 
constructive feedback, and adequate training are essential for ensuring reliable and objective assessments. 
More recent findings emphasize that self-assessment accuracy depends not only on individual ability but 
also on contextual factors such as the quality of feedback. For instance, studies have shown that structured 
input from large language models (LLMs) can significantly improve self-assessment precision, although the 
effects vary across individuals20. Similarly, exposure to high-quality peer work enables students to detect more 
problems, provide more specific feedback, generate more accurate self-scores, and achieve greater performance 
improvements21.

However, the literature remains inconclusive regarding which attitudes, experiences, or academic 
qualifications are consistently associated with high-quality reviews. For example, a biomedical survey found 
that most participants believed “good” authors make “good” reviewers, yet empirical evidence supporting this 
assumption is scarce. Overall, the connection between authorship experience, academic qualifications, and 
production of high-quality reviews remains weak and largely unsupported by data3.

Recognizing self-assessment as a key indicator of process improvement highlights the need to strengthen 
the reviewers’ ability to evaluate their own performance. Since engaging in peer review has been shown to 
enhance critical thinking and self-evaluation skills, it is essential to identify the factors that enable accurate 
and insightful self-assessment22, thereby fostering higher-quality and more consistent reviews. Reviewers who 
critically examine their judgments, recognize biases, and address areas for growth enhance both the integrity of 
the review process and a culture of continuous improvement. By uncovering indicators that support strong self-
assessment, scholarly communities can create conditions for more rigorous evaluation, targeted development, 
and meaningful contributions to research quality. This study examines how reviewers’ backgrounds, attitudes, 
experiences, and beliefs influence self-assessment, with a focus on whether greater experience improves 
evaluation accuracy, and whether resources such as training or checklists further enhance reviewers’ ability to 
critically assess their performance.

Methodology
Aim of the research
This study is a survey designed to explore how editors’ and reviewers’ experiences, attitudes, and beliefs are 
associated with their self-assessments as reviewers. Associations were identified using an online questionnaire 
and analyzed using statistical methods. The study follows the Checklist for Reporting Results of Internet 
E-Surveys (CHERRIES) to ensure rigor in the reporting of this survey23.
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Instrument
The survey questions were developed and conducted in accordance with established guidelines24,25. The survey 
consisted of seven groups of closed questions, rated on a 1 to 5-point scale, covering demographic details, 
publishing experience, reviewing experience, frequency of accessing peer-review resources, beliefs about peer 
review, and the perceived importance of available peer-review resources, as outlined in Table 1.

The categories of demographic characteristics (e.g., gender, age group, professional position, and research 
area) were defined by the authors in line with common practice in survey-based research, to capture information 
most relevant to the study objectives. An online questionnaire was used to gather data from the target 
population. Prior to the main survey, a pilot test was conducted with participants from the Artificial Intelligence 
and Computer Science Laboratory of the University of Porto, who had experience in scientific peer review. Five 
responses were received. The pilot participants provided feedback on the quality of the questions, time required 
to complete the survey, and overall ease of completion. On the basis of their feedback, the questionnaire was 
revised and converted into an electronic format using Google Forms.

The invitation e-mail explained the purpose of the study, identified the researchers responsible, and indicated 
the estimated completion time. It also included a link to the questionnaire, which presented the informed consent 
form to which participants had to agree before gaining access. The questionnaire was available for 3 weeks.

Sampling and data collection procedure
The target audience for this study comprised editors and reviewers with experience in the scientific peer-review 
process within the Information Systems or Computer Science fields. To reach this group, we contacted participants 
through three conferences organized by the Association for Information Systems and Technologies (AISTI), 
a scientific association dedicated to promoting and disseminating knowledge in these areas across academia, 
organizations, and society. We used purposive sampling, a method that deliberately selects participants who can 
reasonably represent the population with desired characteristics26. Although purposive sampling may introduce 
bias and affect external validity, it is appropriate when random sampling is not feasible and, in such cases, can 
strengthen the internal validity of the findings The inclusion criteria were being an editor and/or reviewer with 
peer-review experience in Information Systems or Computer Science, receiving an e-mail invitation via the 
WorldCIST, CISTI, or ICIST lists, and providing informed consent. The exclusion criteria were lack of consent, 
lack of relevant experience, or incomplete essential responses. Only respondents who met these criteria were 
included in the analyses.

The final questionnaire was distributed via e-mail to 642 reviewers and editors from WorldCIST, CISTI, and 
ICIST. The survey was conducted between January 25 and February 15, 2020. We received 144 responses from 
642 e-mails, yielding a response rate of 22.4%. This aligns with Lund (2023), who reports that such rates are 
acceptable in Information Systems research; accordingly, a response rate of this magnitude is considered valid 
for questionnaire-based studies on IS, supporting the significance and reliability of the findings27. For sample 
size estimation, we selected a finite population (N = 642) and applied a conservative proportion (p = 0.50), 95% 
confidence level, and target margin of error of ± 8 percentage points, which indicated a required sample of 120. 
With 144 valid responses, the sample achieved provided a worst-case margin of error of ± 8.0 percentage points 
at the 95% confidence level.

Ethics
Informed consent: All participants were informed about the study and signed the informed consent form. The 
invitation e-mail included a link to the questionnaire, which presented the informed consent form to which 

Group Characteristics

Demographic characteristics Gender, location, age

Academic background Position, research area, role in peer review process

Publishing experience
Number of scientific journal articles
Number of conference articles
Number of books
Number of chapters

Reviewing experience

Number of reviews of journal articles
Number of reviews of conference articles
Number of reviews of books
Number of reviews of chapters
Number of reviews of grants
Self-assessment of their own review

Frequency related to accessing available resources
Use of guidelines for reviewers
Use of a checklist to assist the review the publisher provides a guide to review receive 
scientific articles outside the expertise area be invited to a training on peer review 
receive feedback from the editor

The agreement related to beliefs on peer review
The higher the journal impact factor the better the review report the quality of the 
report depends on just reviewer’s quality reviewing a journal article is more rigorous 
than reviewing a conference article

Importance of available resources in peer review
Use of guidelines for reviewers,
Use of a checklist to assist the review, the publisher provides a guide to review, receive 
scientific articles outside the expertise area, be invited to a training on peer review
receive feedback from the editor

Table 1.  Question description.
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participants had to agree before gaining access. Participants could access the questionnaire only after agreeing 
to the consent terms through a yes/no question. Only participants who provided affirmative consent were 
included in this study. They were informed that participation was anonymous, voluntary, and confidential and 
that data would be used exclusively for research purposes. No personal or sensitive information beyond basic 
demographics was collected. All data were anonymized and processed in compliance with the General Data 
Protection Regulation (GDPR, Regulation (EU) 2016/679) and the Data Protection Act of 2018. At the time of 
the study, formal ethics approval was not required by our institution’s guidelines for low-risk research involving 
professionals.

Quantitative analyses
The data were analyzed by the authors. Quality assurance was ensured through automated data collection 
systems, which minimized entry errors and ensured completeness and consistency of the dataset prior to 
analysis. Data are presented as both absolute counts and percentages. Chi-square and Fisher’s exact tests were 
used as exploratory tools to identify potential associations with the main variables of interest. Associations were 
analyzed using chi-square tests when assumptions were met and Fisher’s exact test when they were not. We 
reported p < 0.05 as statistically significant and p < 0.10 as weakly significant to highlight variables of potential 
interest for future analyses with a larger sample. Given the relatively small sample size and exploratory nature 
of the study, no corrections for multiple testing (e.g., Bonferroni) were applied, as these would have been overly 
conservative. All analyses were conducted using R version 3.6.2. The detailed calculations for each variable are 
provided in Supplementary Material 1.

Results
Table 2 presents the respondents’ demographic characteristics. All 144 participants held roles as both reviewers 
and authors in the scientific peer-review process, with 51 serving as editors (multiple roles were allowed). The 
majority of respondents were male (72.2%), predominantly from Europe (59%), and between the ages of 40 
and 49 (36.8%). A significant proportion (72.2%) came from the fields of Computer Science & Information 
Technology. The full demographic details of the participants who completed the questionnaire are available in 
Supplementary Table 1.

The following subsections present the associations between respondents’ self-assessments as reviewers and 
the questionnaire variables. The internal validity of the questionnaire, assessed with Cronbach’s alpha, yielded 
the following results: experience (with Question 4 excluded), α = 0.630, indicating borderline acceptable 
consistency; belief, α = 0.737, indicating adequate consistency; and importance of resources, α = 0.829, indicating 
good consistency.

Association between respondents’ peer review experience and their self-assessment as 
reviewers
Publishing experience: Most respondents 34% (48/144) had between 0 and 5 publications in scientific journals, 
followed by 30% (42/144) had published between 16 and 30 conference articles, 52% (65/144) had authored 1 
to 5 books, and 58% (76/144) had contributed to 1 to 5 book chapters. No significant associations were found 

Editors (n = 51) Reviewers (n = 93) All (n = 144)

Gender

Female 17 (33.3%) 23 (33.3%) 40 (27.8%)

Male 34 (66.7%) 70 (66.7%) 104 (72.2%)

Location

Africa 2 (3.9%) 4 (4.3%) 6 (4.2%)

Asia 2 (3.9%) 4 (4.3%) 6 (4.2%)

Europe 32 (62.7%) 53 (57%) 85 (59%)

America 15 (29.5%) 32 (34.4%) 47 (33.0%)

Age

 < 29 0 (0%) 4 (4.3%) 4 (2.8%)

30–39 6 (11.8%) 16 (17.2%) 22 (15.3%)

40–49 22 (43.1%) 31 (33.3%) 53 (36.8%)

50–59 17 (33.3%) 34 (36.6%) 51 (35.4%)

 > 60 6 (11,76%) 8 (8,60%) 14 (9.7%)

Research Area

Computer Science & Information Systems 36 (70.6%) 68 (73.1%) 104 (72.2%)

Engineering 5 (9.8%) 13 (14%) 18 (12.5%)

Mathematics and Statistics 2 (3.9%) 2 (2.2%) 4 (2.8%)

Social Sciences 3 (5.9%) 2 (2.2%) 5 (3.5%)

Other 2 (3.9%) 0 (0%) 2 (1.4%)

Table 2.  Respondent characteristics.
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between self-evaluation as a reviewer and number of journal articles (χ2 = 6.13, p = 0.633), conference articles 
(χ2 = 6.684, p = 0.573), books (χ2 = 5.452, p = 0.24), or book chapters (χ2 = 4.729, p = 0.581). The calculation results 
are shown in Supplementary Table 2.

Reviewing experience: Among respondents with reviewing experience, 26.1% (36/144) had reviewed 6 to 15 
journal articles, while 28% (40/144) reviewed 16 to 30 conference papers. A total of 38.8% (47/144) reviewed 1 
to 5 book chapters. Notably, 62.2% (74/144) had never reviewed a book, and 41% (48/144) had no experience 
with grant reviews.

The only significant association found was between self-evaluation as a reviewer and the number of book 
reviews, which was weakly significant (ϰ2 = 7.951, p ≈ 0.073). No statistically significant associations were 
observed between self-evaluation and the number of reviews for journal articles (ϰ2 = 10.454, p ≈ 0.364), 
conference papers (ϰ2 = 6.044, p ≈ 0.648), book chapters (ϰ2 = 5.368, p ≈ 0.496), or grant reviews (ϰ2 = 4.065, p ≈ 
0.68). The calculation results are shown in Supplementary Table 3.

Association between frequency of accessing available peer review resources and self-
assessment as a reviewer
The respondents’ experience with resources used in peer review revealed that 34% (48/144) sometimes used 
guidelines during their reviews, 32% (46/144) frequently used checklists, and 29% (41/144) regularly referred 
to publisher-provided guides. Additionally, 40% (56/144) rarely received articles outside their area of expertise, 
63% (90/144) had never been invited to participate in review training, and 40% (57/144) had never received 
feedback from the editor on the quality of their review.

A significant association was found between receiving articles outside one’s area of expertise and self-
evaluation as a reviewer (ϰ2 = 16.92, p ≈ 0.016). There was also a weak association between receiving guides 
from the publisher to aid in reviewing and self-evaluation as a reviewer (ϰ2 = 13.70, p ≈ 0.07). The calculation 
results are shown in Supplementary Table 4.

Association between beliefs about peer review and self-assessment as a reviewer
The results regarding beliefs about peer review show that 39.3% (55/144) of respondents somewhat agreed that 
higher-impact journals produce better review reports. Additionally, 45.4% (64/144) strongly agreed that the 
quality of the review depended on the reviewer’s competence, and 48.2% (67/144) believed that journal reviews 
were more rigorous than conference reviews. Furthermore, 33.9% (40/144) somewhat agreed that they were 
satisfied with the quality of the review reports they received as authors.

A significant association was found between self-assessment and the belief that higher-impact journals 
provide better review reports (ϰ2 = 16.665, p ≈ 0.022). The calculation results are shown in Supplementary Table 
5.

Association between the perceived importance of available peer review resources and self-
assessment as a reviewer
Respondents’ views on the importance of available resources in peer review revealed that the majority consider 
the following resources to be very important: guidelines 46.4% (65/144), checklists 49.6% (70/144), tools 47.5% 
(67/144), editor feedback 48.9% (69/144), author feedback 44% (62/144), formal training 34.5% (48/144), and 
specific review templates 47.9% (67/144).

Significant associations were found between self-evaluation and perceived importance of editor feedback 
(ϰ2 = 19.689, p ≈ 0.002), author feedback (ϰ2 = 25.168, p < 0.001), and formal training (ϰ2 = 14.64, p ≈ 0.047). 
A weak association was also identified between self-evaluation and checklist use (ϰ2 = 12.178, p ≈ 0.01). The 
calculation results are shown in Supplementary Table 6.

In summary, self-assessment as a reviewer is strongly associated with formal training and author and editor 
feedback. See Table 3.

Discussion
This study examines the factors that shape how reviewers assess their performance in the peer review process. By 
analyzing their experiences, attitudes, and beliefs, this study seeks to identify patterns and associations that can 
inform more effective practices and ultimately enhance the overall quality of peer review.

While the literature suggests that greater experience with publications helps reviewers perform better28, our 
findings show that experience in publishing or reviewing scientific journals or conferences does not significantly 
contribute to a reviewer’s confidence, even among editors. This aligns with a previous study that reported no 
significant association between reviewers’ ability to assess manuscripts and their research performance. When 
present, this association was weak and not statistically significant29. This discrepancy leads to a reassessment of 
the criteria used to assess reviewer competence, emphasizing the need to prioritize more social and subjective 
aspects. Our study observed a significant association between reviewers’ experience in reviewing books and 
their self-evaluation tendencies. This suggests that experience with certain types of reviews may contribute to 
reviewers’ confidence and ability to self-evaluate.

Additionally, this finding contrasts with the results in educational contexts, where review experience 
increased student participants’ confidence. In a problem-based learning study, peer assessment significantly 
boosted students’ confidence30. Additionally, students reported that peer assessment enhanced self-confidence, 
improved learning practices, and helped them identify personal strengths and weaknesses17. It remains unclear 
whether this sense of insecurity is specific to reviewers in the IS discipline. A study in the nursing field found 
that most reviewers felt confident after completing 1 to 5 reviews31. The persistent insecurity among reviewers, 
even those with extensive experience, may be due to lack of review guides, training, or other forms of support.
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A significant association was found between the belief that higher-impact journals produce better reviews. 
This finding supports previous findings that reviews differ significantly between journals based on their impact 
factors32. An earlier study showed that higher-impact journals tend to focus on reviews that cover broader 
aspects such as statistical analyses, ethical concerns, and conflicts of interest, while placing less emphasis on 
specific manuscript components. In contrast, lower-impact journals request detailed feedback on particular 
sections more frequently, such as abstracts, introductions, methods, and results33.

There was a significant association between the importance of using additional resources, such as receiving 
feedback from editors and authors, and formal training. A weaker association was observed with the use of 
checklists. The need for training, guidelines, and feedback has been recognized across various disciplines and 
contexts31,34–36. Although some studies have suggested that training programs do not significantly improve the 
quality of subsequent reviews, more research is needed to fully understand their impact.

In this survey, all participants considered the use of additional resources, such as formal training, guidelines, 
checklists, and feedback from authors and editors, to be very important. However, most participants reported 
they had never been invited to formal training or received feedback from an editor. This aligns with findings 
from the nursing field, where the majority of reviewers also lacked training and editor feedback31.

Another key finding was that most participants never or seldom received manuscripts outside their expertise. 
Furthermore, the association between the frequency of receiving manuscripts outside one’s area of expertise and 
self-assessment highlights the importance of matching reviewers with suitable manuscripts. A previous study 
showed that conference paper reviewers were most concerned that the paper fell within their expertise area37, and 
a manuscript outside the reviewer’s area is one of the main reasons for declining a review38. Strategies to mitigate 
this challenge may include improving reviewer databases and implementing robust matching algorithms based 
on expertise and areas of interest.

From a practical perspective, our study highlights the importance of providing reviewers with adequate 
support and resources, such as training programs, feedback mechanisms, and structured tools, to improve the 
quality and efficiency of peer reviews. For publishers, adopting self-assessment as a complementary quality 

Variable Fisher Chi square p-value Association

 Reviewing experience

Number of reviews of journal articles 10.454 0.364 Negligible

Number of reviews of conference articles 6.044 0.648 Negligible

Number of reviews of chapters 5.368 0.496 Negligible

Number of reviews of books ** 7.951 0.073 Weak

Number of reviews of grants 4.065 0.68 Negligible

 Publishing experience

Number of scientific journal articles 6.13 0.633 Negligible

Number of conference articles 6.684 0.573 Negligible

Number of books 5.452 0.240 Negligible

Number of chapters 4.729 0.581 Negligible

 Available resources for peer review

Using guidelines for reviewers 2.5 0.969 Negligible

Using a checklist to assist the review 4.02 0.870 Negligible

Publisher provided review guides ** 13.695 0.070 Weak

Receiving articles outside the expertise area * 16.918 0.016 Strong

Being invited to participate in training about review 6.891 0.485 Negligible

Knowledge of review report classifications 4.937 0.764 Negligible

 Importance of available resources

Guidelines 9.75 0.237 Negligible

Checklists** 12.178 0.100 Weak

Tools 11.643 0.127 Negligible

Editor feedback* 19.689 0.002 Strong

Author feedback* 25.168  < 0.001 Strong

Formal training * 14.64 0.047 Strong

Specific template 8.183 0.047 Negligible

 Beliefs

The higher the journal impact, the better the review report* 16.665 0.022 Strong

Review quality depends on reviewer quality 8.375 0.352 Negligible

Reviewing for journal is more rigorous than for conference 11.076 0.155 Negligible

As an author, I am pleased with the quality of the review reports 8.079 0.222 Negligible

Table 3.  Summary of findings. * significant association at a level of 0.05. ** significant association at a level of 
0.1
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indicator requires further research to identify the factors that strengthen self-evaluation, enabling it to serve as 
an additional parameter alongside existing assessment methods.

The findings of this study have practical implications for both publishers and editors. Encouraging reviewers 
to engage in self-assessment can provide additional indicators of quality, support more effective review–
manuscript matching and inform targeted training initiatives. These practices can help publishers identify areas 
where reviewers may need support, thereby improving the consistency and accountability of the review process. 
In the wider context of open research practices, integrating self-assessment and training aligns with efforts to 
increase transparency, foster reviewer development, and strengthen trust in peer reviews as a core element of 
scholarly communication. Positioning self-assessment within this broader movement highlights its potential not 
only as a tool for individual reflection but also as a mechanism for advancing fairness and integrity in research 
evaluations.

This study had several limitations that should be acknowledged. First, the survey sample was restricted to 
participants from three conferences in the field of Information Systems, which may limit the generalizability 
of the findings to other disciplines. Second, the data relied on self-reported perceptions from reviewers and 
editors, which may be subject to response bias and over- or underestimation of actual practice. Third, the 
survey was conducted within a defined timeframe, and attitudes or practices may have evolved since then, 
particularly in light of ongoing developments in peer review and open research practices. Finally, while the 
study identifies associations between self-assessment and certain reviewer characteristics, causal relationships 
have not been established. These limitations should be considered when interpreting the results and highlighting 
the opportunities for future research.

Conclusion
This study advances our understanding of peer review by examining self-assessment as a complementary 
mechanism for evaluating reviewer quality. These findings are particularly relevant in the context of increasing 
demands for transparency and accountability in scholarly publishing, where publishers and editors seek more 
reliable ways to identify and support competent reviewers. By analyzing the perspectives of reviewers and 
editors, this study provides empirical evidence on how experience, resources, and self-perception intersect, 
offering greater clarity about the potential role of self-assessment in reviewer development. The results highlight 
why self-assessment matters: it can promote accountability, inform training initiatives, and strengthen reviewer–
manuscript matching, thereby enhancing the efficiency and fairness of the peer review process. Future research 
should extend these findings across disciplines, test the longitudinal effects of self-assessment, and explore how 
combining self-assessment with editor and author feedback can further enhance the quality and integrity of peer 
reviews.

Data availability
The data presented in this study are available on request from the corresponding author.
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