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Virtual Reality (VR) technology offers a scalable and cost-effective approach to overcome the 
challenges of traditional medical training, including high expenses, limited resources, and ethical 
issues. This study presents a VR-based medical training platform that combines high-fidelity 3D 
models, real-time haptic feedback, and AI-driven adaptive learning to deliver interactive and 
immersive instructions for a wide range of medical procedures, from basic tasks to complex surgeries. 
In a randomized controlled trial, participants trained with the VR platform demonstrated significant 
gains over those using conventional methods, with a 42% improvement in procedural accuracy, a 
38% reduction in training time, and better skill retention. The VR system also led to a 45% decrease in 
error rates and a 48% increase in trainee confidence. These findings highlight the platform’s capacity 
to personalize training according to individual performance, resulting in superior learning outcomes 
and enhanced procedural skills. By providing consistent, standardized, and immersive learning 
experiences, the platform effectively bridges the gap between theory and practice, representing an 
innovative and scalable advancement in medical education.
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In today’s complex healthcare environment, marked by advancements in surgical techniques, sophisticated 
diagnostic tools, and mounting systemic challenges, the need for robust clinical knowledge and skills has 
never been greater1. Traditional educational frameworks, such as the Halsted model rooted in the Halstedian 
approach, have historically relied on physical simulators and clinical rotations to train medical personnel. 
Although these methods are foundational, they face several practical and ethical limitations in modern practice. 
The use of physical simulators, for example, incurs significant financial burdens related to acquisition, upkeep, 
and operational logistics, costs that many institutions struggle to meet due to budgetary constraints2. Although 
clinical placements are essential, they pose dilemmas when involving inexperienced trainees in real patient 
care, raising concerns about safety and medical error. Moreover, clinical training often fails to fully replicate the 
breadth and variability of real-world scenarios, leaving learners with critical experiential gaps in their training.

These challenges underscore the pressing need for adaptable, scalable, and ethical alternatives to traditional 
medical education. Virtual Reality (VR) has emerged as a powerful solution, offering an immersive, interactive, 
and standardized training environment that mitigates many of the shortcomings of conventional approaches. By 
simulating complex clinical scenarios with high fidelity, VR allows learners to safely engage in realistic practice 
without endangering patients3.

VR platforms replicate emergency and routine procedures, enabling consistent exposure to diverse medical 
situations across all learners, regardless of institutional resources or patient availability. This uniformity supports 
skill mastery and reduces variability in clinical training. Although the initial investment in VR technology may be 
considerable, the systems offer long-term financial benefits through reusability and the elimination of recurring 
costs associated with physical simulation. Additionally, VR content can be easily updated to reflect evolving 
clinical protocols and new patient scenarios, thereby maintaining educational relevance over time. Importantly, 
VR training addresses many of the ethical concerns associated with traditional methods. By replacing real 
patients with virtual models, VR creates a zero-risk environment in which learners can make mistakes, reflect, 
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and improve without the fear of harm. It also eliminates the need for animal testing and minimizes the ethical 
burden in clinical settings. Learners can perform virtual surgeries, manipulate instruments, respond dynamically 
to clinical changes, and receive immediate and detailed feedback on their performance. Haptic feedback systems 
further enhance the realism of procedures, reinforce psychomotor skills, and support long-term retention4. 
VR also allows the practice of rare, high-stakes, or otherwise inaccessible medical events, enriching learners’ 
exposure to a wide array of clinical cases. Accessibility is another critical advantage of AI technology. VR 
transcends geographical and infrastructural limitations, providing trainees in remote or underserved regions 
with high-quality educational experiences through internet-enabled devices. In areas lacking specialized 
medical equipment or faculty, VR is a cost-effective and scalable teaching tool. VR promotes collaborative 
learning by enabling multi-user environments. In these shared virtual spaces, trainees can work together to 
manage simulated patients, practice interdisciplinary communication, and adapt to dynamic clinical conditions, 
mirroring the teamwork that is essential in modern healthcare settings. Incorporating VR into medical education 
represents a transformative step toward a more sustainable, flexible, and effective learning paradigm for medical 
students. By bridging the gap between theoretical knowledge and practical application, VR prepares future 
healthcare professionals to meet the demands of contemporary medical practice with confidence, competence, 
and compassion.

Background and significance
Interactivity and immersion are the two most prominent features of Virtual Reality (VR) which differ from other 
training technologies5. VR enables students to engage with simulations as if they were real. Trainees can practice 
surgery, use tools even get feedback on their activity. Most VR systems also include haptic feedback, which 
not only adds to realism, as in this instance, but replicates the tactile sensation of such medical interventions. 
Therefore, they transition from passive bystanders to active participants in simulated scenarios, which translates 
to better retention and application of skills.

VR allows for the creation of different training scenarios which might only be infrequently encountered or 
can be dangerously simulated in the real clinical environment. There are some medical cases, like emergencies, 
rare diseases or complex surgeries, that are quite difficult and dangerous to experiment on actual patients. VR on 
the other hand gives trainees multiple opportunities to rehearse such scenarios, which become less probable with 
time and practice. This ability would be beneficial to users who train individuals within the healthcare industry 
in order to respond to spontaneous, severe situations.

Another strong  suit of VR medical training methods is their accessibility to users. Traditional training often 
mandates the trainee’s physical presence at a set location, which restricts access, especially for people in remote or 
underserved  areas. VR overcomes geographical limitations, and learners from  any part of the world can access 
the training modules, provided they have an internet connection and VR-compatible hardware. It is a useful 
educational resource  in resource-poor settings and offers a low-cost solution for training medical providers in 
remote areas with specialist surgical needs but without the infrastructure to support it.

The use of VR in medical education  encourages collaborative learning and teamwork6. With multi-user 
VR platforms, several trainees can be trained simultaneously in the same simulation, providing an opportunity 
to improve communication, coordination, and collaboration skills, all of which are crucial for healthcare 
professionals. e.g. During emulated emergency situations, simulated teams of trainees can work together to treat 
virtual patients, prioritize, and make decisions in fast-evolving scenarios. In such  partnership learning, trainees 
gain an understanding of the practical application of teamwork, which is important for achieving optimal 
healthcare outcomes.

VR technology in medical education
Second, VR is particularly well-suited for medical education because it allows us to perform even complex 
techniques in a safe environment without the need to avoid killing real patients. With recent  evolutionary 
developments in VR hardware and software, educational institutions are taking advantage of immersive training. 
VR medical platforms7 are equipped with diverse interactive abilities, from customization scenarios to real-
time feedback and collaboration to cooperate in the learning  experience as a group. In addition to increased 
engagement, these features give the trainees the opportunity to train on procedures multiple times as desired, 
based on each level of mastery, as depicted in  Fig. 1.

The main objective of this research is to develop a VR-based medical training platform in  which safe, 
cost-effective, and efficient medical education can be achieved for medical students8. Using the latest in VR 
technology, these scenarios, together with realistic interaction, will provide an environment that allows staff 
to  learn and practice new skills. Virtual immersive reality training (VIRT) demonstrates comprehensive 
potential that overcomes the conventional limitations  of training and facilitates the development of clinical 
skills with the transfer of learning owing to real-time feedback, haptic feedback, and modular training features.

The proposed VR platform focuses on user-centered design principles9. The platform is being developed 
with significant input from medical educators, students, and  practising professionals to ensure that it meets 
the specific needs and expectations of users. This combined approach provides an  intuitive, interactive, and 
standards-compliant medical education platform10. Key learning and assessment information captured through 
the platform supports the understanding of individual learner progress, areas for  development or intervention, 
and targeted insights and feedback to improve learning outcomes. This tailored feedback not only enables medical 
educators to finely tune training to individual learner needs, but also leads to substantially better educational 
gain than typical  methods.

This study adds to  the body of knowledge on learning methods in health professional education and indicates 
the generalizable effects of training on the development of competence and confidence in health professionals. 
Enhanced training via VR can significantly improve patient satisfaction by ensuring care from highly skilled 
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and confident practitioners. Consequently, patient experiences improve, reducing adverse health outcomes due 
to inadequately trained personnel. Ultimately, this leads to better overall health outcomes, less frequent health 
issues, and decreased prevalence of chronic diseases.

VR-based education presents an efficient, timely, and economical approach to global health transformation, 
equipping healthcare professionals with the essential skills to enhance health outcomes universally (Fig. 2).

For decades, medical training has been designed to simulate these conditions. However, access to high-
fidelity simulations is heterogeneous across regions and institutions11,12. VR technology holds the key to 
bridging this  gap; it allows simulation-based training to be accessed remotely, thus levelling the training field. 
Previous  research has confirmed that VR simulations can enhance learning outcomes, particularly for tasks 
that require precision and situational awareness. VR-based training allows students to practice in a risk-free, 
controlled environment in which they feel more confident and competent  when transitioning to clinical 
settings, which is vital for patient safety and quality of care.

Challenges in VR-Based medical training
However, creating a VR simulator for medical training  involves multiple technical and educational challenges, 
including realism. responsive simulations and the usability of the system in various educational contexts.

	1.	 Realistic graphics and anatomical models: Users desire immersive experiences that incorporate high-fidelity 
graphics into realistic clinical scenarios. To be effective, VR technology must closely simulate the real-world 
conditions.

	2.	 Procedural training is required to understand the tactile nature of  medical practice. Using haptic feedback 
with VR makes education more immersive, as users  can feel the touch and resistance of the virtual objects.

	3.	 No metrics have been established in the scholarly literature that could tell us how effective VR training is 
compared to traditional training methods, considering aspects of skill acquisition, retention, and perfor-
mance13. This validation process is critical for defining VR as an effective training method that can  easily 
supplement existing training methods.

Objectives of the VR-Based medical training platform
This study makes three core contributions that collectively address longstanding limitations in traditional 
medical education: (1) improved efficiency in clinical training, (2) enhanced procedural accuracy through 
immersive simulation, and (3) increased accessibility via scalable virtual training.

First, the platform reduces training time. Through structured, repeatable simulations and real-time 
performance feedback, trainees can reach competency thresholds more rapidly than they can through 
conventional methods. In controlled trials, participants using the VR platform completed procedures 38% faster 
than their peers in standard training environments, without compromising procedural accuracy.

Second, the integration of AI-enhanced haptic feedback significantly improved clinical skills acquisition. 
By recreating tactile resistance and anatomical diversity, the system enables the training of the fine motor skills 
required for surgical and diagnostic  procedures. Additionally, the adaptive feedback  mechanism facilitates the 
convergence of certain errors during algorithm execution, leading to a 45% reduction in the number of mistakes 
and a 42% improvement in the success rate.

Third, the solution targets training accessibility issues by  providing a virtual, lightweight, and geo-agnostic 
training environment. Learners in remote or low-resource areas have access to high-fidelity simulations, and 
thus, learner opportunities are more level, independent of  physical infrastructure.

Fig. 1.  Application of VR in medical education.
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Unlike previous initiatives, most of which are restricted in scope and/or scale, this platform marries 
technological evolution with pedagogic evolution and provides quantifiable upgrades on training effectiveness, 
quality, and coverage.

Problem statement
In today’s healthcare, training success is a combination of  book knowledge and hands-on skill development. 
However, existing training programs fail to deliver broad and rapid access  to such immersive learning 
experiences. The use of physical simulators and clinical placements has serious limitations because these 
resources are expensive to maintain, hashed difficult to organize, and not consistently available to all  medical 
institutions. Therefore, many  learners cannot regularly practice capacity-building tasks. Virtual  Reality (VR) 
presents a radical alternative, offering immersive interactive environments in which trainees can practice medical 
procedures in a safe (and replicable) fashion. Contrary to conventional methods, VR-based simulations provide 
in situ treatment  without endangering actual patients. The purpose of this study is to build a VR-based Simulator 
that can realistically simulate a range of medical procedures that span from  simple manipulations to surgical 
operations, with immersive images and touch-enabled feedback for life-like training. It instantly  empowers 
learners to train as they please: on their schedule, at their convenience, and as frequently as they wish. This 
adaptability maximizes the learning  and retention of skills and creates a more affordable and cost-effective 
training scenario. The presented VR solution tackles these weaknesses, allowing for more equal, reliable, and 
efficient  clinical education by removing the geographical, financial, and logistical constraints of traditional 
techniques.

Fig. 2.  Benefits of VR in healthcare applications.
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Literature review
With the development of VR technology, attention to patient safety, and the requirement for scalable and 
cost-efficient training tools, the application  of VR-based medical training has been growing in recent years14. 
This narrative review examines the evolution of VR applications in healthcare education with an emphasis on 
applications for healthcare professionals, compares the technical features of VR platforms, explores the impact 
of haptic feedback  on skill acquisition, and summarizes the empirical evidence on the effectiveness of VR-based 
training15.

Evolution of VR in medical training
VR has been used in medical training for  a few decades, first as a basic visualization tool and then increasingly 
as an immersive, interactive environment. Whereas early applications of VR were predominantly used to 
visualize anatomy in surgical planning, a recent trend  has been to support real-time role-playing of a variety 
of medical procedure STITLES using VR. Since the early 2000 s, research has investigated the  application of 
VR as an adjunct to skill training in surgery, demonstrating enhancements in accuracy and procedural time. 
Recently,  VR simulations have been applied to other domains, such as emergency response, general medical 
procedures, and patient communication skills (Table 1).

Frameworks for VR in medical training
Technical frameworks for VR-based medical training increasingly emphasize modularity and adaptability. These 
frameworks integrate core programming specifications, including input, output, and virtual machine (VM) 
configurations into clinical training environments. Key features such as haptic feedback, case-based learning, 
and user-specific skill adaptation ensure realistic and personalized simulations. While earlier systems were 
largely monolithic, modern frameworks prioritize extensibility to enable customized training. Recent studies 
have also highlighted the use of Artificial Intelligence (AI) to dynamically adjust scenarios in real time based 
on trainee performance, thereby enhancing the effectiveness and precision of the learning experience (Table 2).

Role of haptic feedback in VR-Based medical training
A key component  of VR in medical training is the incorporation of haptic feedback, where trainees replicate 
touch and force and practice fine motor skills as though they were working in a real-world environment. Other 
studies on haptics-enabled VR have demonstrated an enhancement in the learning and retention of constructs, 
such  as suturing, catheter placement, and laparoscopic skills. However, haptic technology is expensive, 
and the implementation process demands meticulous calibration, as inconsistencies in feedback can affect 
training  quality, as shown in Table 3.

Study Medical Procedure Haptic Device Used Key Findings Cost Considerations

Lee et al. (2016)9 Laparoscopic Surgery Phantom Omni Improved precision and reduced training time High cost per device, limited scalability

Jin Chi et al. (2021)6 Suturing Haptic Master Enhanced fine motor skill acquisition Expensive maintenance and calibration

D. Turner et al. (2020)8 Catheterization Sensable Phantom Increased trainee confidence, realistic simulation Requires regular recalibration

S. J. Lee et al. (2020)9 General Surgery Virtual Force Notable improvement in tactile accuracy Lower cost but limited range of feedback

Table 3.  Studies on haptic feedback in VR-Based medical Training.

 

Framework Focus Key Components Advantages Limitations

SimEd VR4 Scenario-based Adaptable, interactive simulations Real-time adjustments to scenarios High development cost

MedTrainer Pro5 Skill acquisition Haptic feedback, customizable modules Effective for hands-on skills Limited scenarios available

VR Anatomy Suite6 Visual learning High-fidelity anatomical models Ideal for foundational knowledge Lacks procedural practice features

AI-SimAdapt7 AI-enhanced training Adaptive AI, performance tracking Personalized learning progression Resource-intensive setup

Table 2.  Comparative frameworks for VR development in medical Training.

 

Study Year VR Application Key Findings

Smith et al1. 2005 Surgical Simulation Enhanced precision and speed in laparoscopic procedures

Brown et al3. 2012 Anatomy Visualization Improved knowledge retention in anatomy students

Kim et al5. 2018 Emergency Response Training Increased trainee confidence and response time in simulations

Jones et al16. 2021 Patient Interaction Training Noted improvement in communication and bedside manner skills

Table 1.  Comparison of VR evolution and applications in medical Training.
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Empirical evidence on the effectiveness of VR-Based training
Empirical studies evaluating the effectiveness of VR training have revealed that it improves procedural skills, 
reduces training time, and enhances knowledge retention. VR training has been particularly successful in 
surgical education, where hands-on practice is essential for learning. Studies have shown that trainees using 
VR demonstrate better performance in terms of accuracy, speed, and confidence when transitioning to real-life 
procedures. However, the effectiveness of VR varies across different medical domains. While highly effective 
for procedural skills, it may be less effective for training soft skills, such as communication, which benefit from 
human interaction. To address this issue, VR platforms have integrated AI-based virtual patients that simulate 
real-life reactions to improve empathy and communication training (Table 4).

Comparative analysis of Cost-Effectiveness
Cost remains a significant factor in adopting VR for medical training. While VR systems provide long-term 
advantages, their upfront costs, which cover hardware, software development, and ongoing maintenance, can 
be significant. However, comparative studies indicate that VR has become increasingly cost-effective, especially 
in resource-constrained environments with limited access to clinical placements. By reducing the reliance on 
physical simulators, VR can lower recurring training expenses, although regular updates and system maintenance 
still require investment. For many institutions, a hybrid model integrating VR with minimal physical simulation 
offers the most balanced and cost-efficient solution, as shown in Table 5.

Gaps in current research
Recent studies have explored advanced AI and computer vision techniques with applications in education, 
healthcare and virtual training. A mask transformer-based unsupervised segmentation model19 demonstrated 
high accuracy and efficiency in video object segmentation, whereas synthetic data generation20 was evaluated 
for semantic segmentation in autonomous driving. STIG-Net21, a spatiotemporal graph model, effectively 
recognizes violent behavior in video footage. Enhancements in facial action unit recognition through topological-
relational learning22 have improved affective computing and emotion detection systems. The frame attention 
neural network (FANN)23 has shown promise in detecting student engagement from facial cues for educational 
applications.

Additional innovations include the MRA-Net24, a multiscale instance segmentation model for ethnic costume 
recognition, and a magnetic-field-based virtual surgery simulation25, which enhanced realism in surgical 
training. Augmented reality has been successfully applied to anatomy learning through 3D gesture interaction26, 
and importance-aware volume visualization27 has improved medical image retrieval. SPST-CNN28 enabled 
better surgical tagging in liver operations, and a mixed-reality intravenous cannulation system29 enhanced the 
acquisition of skills. Efficient binocular rendering30 further improves VR immersion across various domains. 
Despite these advances, gaps remain, particularly in integrating VR into broader curricula, tailoring AI-based 
feedback, and standardizing evaluation metrics for VR training. Future research should explore multisensory 
integration and interprofessional simulation to maximize VR’s potential of VR in collaborative, immersive 
healthcare education.

Proposed methodology
Simulation algorithms for VR medical training incorporate haptic feedback, real-time performance assessment, 
and adaptive learning  to improve medical education results. A  typical clinical scenario is selected to design 
a virtual environment in accordance with the training goals. Haptic  devices are subsequently attached and 
calibrated to provide life-like tactile feedback, mimicking tissue resistance and physical contact during real 
procedures31. This calibration is in place to provide authentic force  feedback between trainees, such that motor 

Model Type Initial Cost Maintenance Cost Scalability Long-Term Cost Efficiency

VR Platform Only15 High Moderate High Moderate to High

Physical Simulator Only16 High High Low Low

Hybrid (VR + Physical)17 Moderate Moderate Moderate High

Clinical Placements18 Variable High (logistics) Low Low

Table 5.  Cost comparison of VR, traditional simulators, and hybrid Models.

 

Medical Domain Type of VR Simulation Measured Outcomes Key Findings Limitations

Surgery11 Procedural (e.g., 
suturing, laparoscopy) Accuracy, skill retention, speed Improved precision and faster learning curve High development and 

maintenance costs

Emergency Response12 Scenario-based training Reaction time, decision-making Increased confidence and faster response times Limited to basic scenarios

General Medicine13 Anatomy, pathology VR Knowledge retention, 
engagement

Higher retention rates compared to traditional 
methods Lacks tactile feedback

Patient Communication14 AI-based virtual patients Empathy, communication skills Enhanced patient interaction skills Less effective without live feedback

Table 4.  Effectiveness of VR training across medical Domains.
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memory and procedural integrity are reinforced. Table 6 contains all the symbol and their denotation with their 
unit.

The overall system improves the learning experience by computing dynamic force feedback based on a user’s 
interactions with the system and employing  physics-based models of force feedback to represent real sensations.

	
Fh = ks∆ x + cd

d∆ x

dt
10.� (1)

Before the  start of the scenario, the system specifies performance indicators, including the duration of the 
action, correctness of the actions, and correctness of the decisions in action. These measures are written in 
standard measure, where E represents  the procedural accuracy defined by

	
E =

√
1
N

∑ N

i=1

(
xi − x*

i

)2� (2)

with xi representing the trainee’s actions and xi* representing ideal actions. At its heart, the algorithm exists in 
a  continuous feedback loop, where it tracks and reacts to learner behavior in real time. The movements,  decisions, 
and response times of the trainees during each step were captured by the system. Using intelligent virtual 
patients that incorporate AI helps the algorithm generates realistic responses to what the trainees do, creating 
realistic scenarios that can adapt  to varying skill levels32. If mistakes are made, the system alerts the trainee 
immediately  and logs them for further analysis. This feedback process is  critical because it helps avoid the 
repetition of bad habits. The feedback intensity was modulated using the following equation: (3).

	 I(t) = I0 · exp(−λE(t)) · β(s)� (3)

where IO  is the baseline intensity, and is the learning rate. The haptic feedback was then dynamically 
changed  during the simulation in response to the trainee’s movements34. It derives the correct force responses 
based on advanced physics models of various tissue types  and procedural resistance. This allows them to advance 
their muscle memory and procedural awareness while being placed  in a much more realistic and immersive 
environment for training. After the algorithm was completed, all collected data were processed to generate a 
detailed performance report. This  analysis consisted of quantitative measures (time taken, number of errors, 
and procedural accuracy) and qualitative evaluations (decision-making and technique). Standardized scoring 
methods were used to assess performance against the criteria35. The system  uses standardized scoring methods 
to evaluate performance against established benchmarks, as shown in Fig. 3.

The algorithm incorporates adaptive learning principles by adjusting the scenario difficulty based on the 
trainee’s performance. This adaptation is governed by the equation

	 Φ = ω1Pt + ω2Pa + ω3Pe,

where different performance aspects are weighted to determine the overall proficiency36. Finally, the algorithm 
saved all the performance data for longitudinal analysis. This data collection enables the tracking of trainee 
progress over time and helps identify areas requiring additional focus. The stored information also contributes to 
the continuous improvement of training scenarios and the calibration of performance metrics. The effectiveness 
of the algorithm was demonstrated through improved learning outcomes, with studies showing significant 
improvements in procedural accuracy and decision-making abilities37. The integration of haptic feedback and 
real-time error detection creates a comprehensive learning environment that bridges the gap between theoretical 
knowledge and practical skill.

Algorithm for VR-Based Medical Training Simulation.

Algorithm 1  provides a structured workflow for the VR medical training simulation, guiding the process from 
the scenario setup to performance feedback.

Symbol Description Unit

F (t) Output haptic force at time t Newton (N)

k Stiffness coefficient of simulated tissue N/m

x (t) Displacement from the neutral position at time t meter (m)

c Damping coefficient (resistance to movement) Ns/m
dx(t)

dt Velocity of tool or instrument at time t m/s

Tc Time taken to complete a clinical task seconds (s)

Ap Procedural accuracy score computed in VR environment percentage (%)

Er Error rate recorded during simulation percentage (%)

Rs Retention score measured after a training gap percentage (%)

Table 6.  List of symbols and parameter definitions Used.
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Algorithm 1: VR Medical Training Simulation Workflow

Input: Selected medical scenario S, trainee profile P

Output: Performance report with scores, feedback, and improvement suggestions

1. BEGIN

2. Load Scenario(S)

3. Initialize VR Environment

4. Connect Haptic Devices and Calibrate for Scenario S

5. Display Initial Instructions to Trainee P

6. Set Performance Metrics (completion time, accuracy, decision-making)

7. WHILE Scenario not Completed DO

8. Display Scenario Step to Trainee

9. Capture Trainee Actions

10. Generate Real-Time Feedback

11. IF Error Detected THEN

12. Display Error Alert

13. Log Error in Performance Metrics

14. END IF

15. Provide Haptic Feedback Based on Action

16. Update Scenario Step

17. END WHILE

18. Capture Completion Time

19. Assess Procedural and Decision Accuracy

20. Generate Performance Report

21. Display Feedback to Trainee P

22. Save Performance Data for Further Analysis

23. END
 

Requirements gathering and analysis
The initial phase involved a thorough requirement analysis to define the platform’s educational goals and 
technical capabilities. This phase engages medical educators, trainees, and VR developers to collaboratively 
outline the essential features, scenarios, and haptic requirements of the VR platform. This collaborative effort 
included inputs from medical educators, trainees, and VR developers, ensuring that the platform met both 
pedagogical and technical expectations38. The first phase involved a thorough analysis of the educational and 
technical requirements of VR platforms. This phase includes:

•	 Identifying Core Skills: A set of medical skills S = {s1, s2, . . . , sn} is identified, where each si represents a 
specific medical skill (e.g., surgical techniques, emergency interventions). The selection of skills is based on 
training demand D(si) and clinical impact I(si), weighted by α and β :

Fig. 3.  Proposed VR medical training simulation with haptic feedback, real-time performance monitoring, 
and adaptive learning principles.
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S* = argmax

si∈ S
[α D(si) + βI(si)]

•	 Defining Training Objectives: For Specific and measurable training objectives were established for each skill. 
The objective function is to minimize time T  and maximize accuracy A :

	 minT, maxA

Subject to constraints:

	 T ≤ Tmax, A ≥ Amin

The overall performance score P  is calculated as:

	
P = ω1

Tmax − T

Tmax
+ ω 2

A − Amin

1 − Amin

where ω1 and ω2 are weights for time efficiency and accuracy.

•	 Assessing Technical Feasibility: The platform’s technical requirements, such as graphics fidelity G, system 
response time R, and computational capability C , are evaluated to ensure they meet the minimum thresholds:

	 G ≥ Gmin, R ≤ Rmax, C ≥ Creq

This phase can be mathematically structured into the following key steps:

	1.	 Identifying Core Skills: The first step was to determine the set of medical skills to be simulated. Let the set 
of core skills be represented as.

	 S = {s1, s2, . . . , sn}

where si represents a specific medical skill, such as surgical techniques, emergency interventions, or routine 
medical procedures. The prioritization of skills can be quantified based on their training demand (D(si)) and 
impact on clinical outcomes (I(si)). The selection of skills S* to include in the platform can then be expressed 
as:

	
S* = argmax

si∈S
[αD (si) + βI (si)]

where α and β are weights assigned to training demand and clinical impact, respectively.

	2.	 Defining Training Objectives: For each skill si ∈ S*, specific and measurable training objectives are es-
tablished. These objectives can be modelled as optimization problems39. Let T  represent the time taken to 
complete a task, and A represent the accuracy of procedural steps. The training objective function can be 
expressed as

Objective: minT, maxA 
subject to constraints:

	 T ≤ Tmax, A ≥ Amin

where Tmax is the maximum allowable time, and Amin is the minimum required accuracy.
The overall performance of a trainee can be represented by a composite score P , defined as:

	
P = ω1

Tmax − T

Tmax
+ ω2

A − Amin

1 − Amin

where ω1 and ω2 are the weights assigned to time efficiency and accuracy, respectively.

	3.	 Assessing Technical Feasibility: The technical feasibility of the VR platform was analyzed by evaluating its 
hardware, software, and haptic requirements. Key metrics include graphics fidelity (G), system response 
time (R), and computational capability (C).

Graphics Fidelity: The fidelity of the graphics must meet or exceed a threshold Gmin to ensure realistic 
simulations. This can be expressed as

	 G ≥ Gmin

System response time  The response time R should be minimized to maintain interactivity and realism, subject 
to a maximum allowable response timeRmax 

	 R ≤ Rmax
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Computational capability  The computational capability of the system, represented by C , must be sufficient to 
handle the required graphics and interaction complexity40. This is given by.

	 C ≥ Creq

where Creq is the required computational power, which can be a function of G, R, and the number of concurrent 
users U  :

	 Creq = f(G, R, U)

Feasibility condition  The overall feasibility of the platform was ensured when all the constraints were satisfied.

	 G ≥ Gmin, R ≤ Rmax, C ≥ Creq

By mathematically defining these steps, the requirements gathering and analysis phase provides a structured 
approach to ensure that the VR platform aligns with the educational goals and technical specifications.

VR environment development
The VR environment construction stage involves establishing a realistic and immersive clinical environment in 
the virtual  world. This includes 3D modelling,  scripting scenes, and ensuring that interactive elements function 
as expected.

3D modelling and scene construction
Realistic 3D models  of medical devices and patients’ bodies should be generated to make the learning 
environment immersive. In life-like models, anatomically accurate models are built  using tools such as Unity 
and Unreal Engine.

	a.	 3D Model Representation: The 3D models were constructed using triangular mesh. Each triangle in the 
mesh is represented by three vertices in the 3D space as follows:

	 Ti = {v1, v2, v3} , vj = (xj , yj , zj) , j ∈ {1,2, 3}

where (xj , yj , zj) are the coordinates of vertex vj  in 3D space. The collection of triangles defines the 
surfaces of a 3D object.

	b.	 Transformation Matrices: Transformation matrices were applied to accurately position and orient the 3D 
models as follows:

Translation:

	

T =




1 0 0 tx

0 1 0 ty

0 0 1 tz

0 0 0 1




Rotation (around the z-axis).

	

Rz (θ ) =




cosθ −sinθ 0 0
sinθ cosθ 0 0

0 0 1 0
0 0 0 1




Scaling:

	

S =




sx 0 0 0
0 sy 0 0
0 0 sz 0
0 0 0 1




The final position of a vertex v after transformations is given by:

	 v′ = T · Rz(θ) · S · v

	c.	 Scene Construction: Objects in a clinical environment must be placed to avoid overlap and ensure spatial 
realism. This involves solving the following optimization problems for object placement:

	
min

N∑
i=1

∥ pi − qi ∥2, subject to dij ≥ dmin, ∀ i ̸= j

where pi and qi are the current and desired positions of objects, dij  is the distance between objects i and 
j, and dmin is the minimum allowed distance to prevent overlap.
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	d.	 Interactive Components: Interactive elements, such as medical instruments and lighting, are governed by 
user input. The interaction was modelled using the following physical equations:

•	 Instrument Motion: Modelled using kinematics, if an instrument is moved, its position x(t) is updated as:

	
x (t) = x0 + v · t + 1

2a · t2

where x0 is the initial position, v is velocity, and a is acceleration.

•	 Lighting Simulation: Lighting was simulated using the Phong reflection model.

	 I = Ia + Id(L · N) + Is(R · V)n

where:

•	 Ia : Ambient light intensity
•	 Id : Diffuse reflection intensity, dependent on the angle between the light direction L and the surface normal 

N 
•	 Is : Specular reflection intensity, based on the angle between the reflected light R and the viewer’s direction V 
•	 n : Shininess coefficient

Model Verification.
Verification involves comparing the virtual models with real-world anatomical data.

	
∆ = ∥ Mvirtual − Mreal ∥

∥ Mreal ∥ × 100

where Mvirtual and Mreal are the vertices of the virtual and real models, respectively. ∆ represents 
the percentage error, which must be minimized. By leveraging these mathematical principles, the VR 
environment achieves a balance between precision and interactivity, thereby delivering immersive and 
functional clinical simulations.

Scenario scripting
VR-based training simulators in the medical field  are meticulously designed for an expected variety of clinical 
circumstances, from normal procedures to complex surgical operations. These scenarios are scripted to 
be interactive and provide points of branching decisions to evolve similarly to trends in real-world medical 
decision-making.

	1.	 Decision Points: Users  make key decisions, such as incision location or procedure type, that affect the sce-
nario’s outcome, encouraging critical thinking and clinical decision-making.

	2.	 Immediate feedback: The simulator used real-time scoring of anaesthesiology skills to alert students to 
procedural errors and best practices. The key for linguistic application of this 3D model is to provide a 3D 
model that represents the anatomical structures and physical environments realistically. 3D modelling in 
general uses mathematical transformation to project 3D world coordinates into 2D display coordinates. For 
preserving anatomical accuracy and spatial consistency, the transformation matrices are employed to trans-
late, rotate, and scale objects within the VR environment. This enables live/real time representation of the 
interactions required for procedural training and orientation.

	3.	 Transformation Matrix: A 3D points in global system are  being transformed by means of a matrix. The 
transformation  equation for a point is as follows:

	




x′

y′

z′

1


 =

[
R T
0 1

] 


x
y
z
1




where:

•	 R is a 3 × 3 rotation matrix that rotates the point,
•	 T  is a 3 × 1 translation vector that shifts the point in space,
•	 (x′, y′, z′) is the new coordinate of the point after transformation.

Projection transformation  Projection transformation is used to display a 3D object on a 2D monitor. In per-
spective projection, the depth of an object affects its size and contributes to  realism. The perspective projection 
transform may  be expressed as.

	




x′

y′

z′

w


 =




L
d

0 0 0
0 f

d
0 0

0 0 f+n
f−n

−2fn
f−n

0 0 1 0







x
y
z
1



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where:

•	 f  is the focal length of the virtual camera,
•	 d is the distance from the camera to the projection plane,
•	 n and f  represent near and far clipping planes, defining the viewable depth range.

This transformation ensures that objects closer to the viewer appear larger, thereby enhancing the realism of the 
3D environment.

Haptic feedback integration
Haptic interaction is particularly important in VR-based medical training sessions, where exact motor skills 
and  tactile sensitivity are necessary. In the second stage of the system construction, VR simulations are 
combined with state-of-the-art haptic systems (SensAble Omni or Haptic Master) capable of emulating touch 
and force feedback  on a trainee to help them acquire real-life hand-eye relationships and fine motor capabilities.

To create a realistic haptic interaction, the approach utilizes tactile dimensional modulation, where a 
modulation texture is assigned to the virtual object so that users can feel the depth, resistance, and surface 
variations. These sensations correlate with the object velocity, applied force, and motion type, resulting in more 
subtle tactile  feedback sensations.

Sensory Mapping is utilized to map certain procedural decisions (e.g., suturing and  palpation) to appropriate 
haptic feedback, adding realism.

Synchronization ensures that the tactual feedback closely follows visual and auditory stimuli and maintains 
modality correspondence  for simulation fidelity.

Through force vector modelling, the software considers the amount of resistance simulated components 
provide to a touch or tap. This immersion feature enables trainees to feel and react to the simulated tissue 
and instrument properties, in addition to the tactile response, and provides realistic procedural training and 
enhanced retention of skills through multisensory experience.

Force feedback calculation  The haptic force feedback system computes the force feedback according to the in-
teraction between the virtual instrument  (e.g., scalpel) and the virtual anatomical structure (e.g., tissue). Force 
feedback, Ft is often modelled using Hooke’s Law, given by

	 F = −k · x

where:

•	 k is the stiffness coefficient representing the elasticity of the virtual tissue,
•	 X where denotes the displacement vector of the virtual tool with respect to the tissue surface.

This force calculation enables the haptic device to apply pressure that simulates the resistance of different tissues, 
allowing trainees to practice procedures such as incision and suturing with realistic and accurate feedback.

	1.	 Damping Effect: To prevent oscillations and ensure stable feedback, a damping term was added to the force 
equation. The damping force, Fd, is given by:

	 Fd = −c · v

where:

•	 c is the damping coefficient,
•	 V where is the velocity of the haptic device, and

The total force applied to the haptic device is then

	 Ftotal = F + Fd = −k · x − c · v

This ensures smooth and realistic feedback by controlling the stiffness and damping characteristics, which are 
crucial for simulating interactions with various types of tissue.

Haptic feedback and force calculation
Haptic feedback is essential in simulators, as it is a requirement for reproducing sensations, which are important 
for procedural training. These models capitalize on the use of force vectors for simulating the sensation of touch 
and forces produced when interacting with virtual objects and aid a trainee in building a realistic concept about 
physical touching.

	a.	 Haptic feedback calculation: Force feedback was calculated based on the interaction between the virtual 
instrument (e.g., scalpel) and anatomical structures (e.g., tissue). Force feedback, Ft is often modelled using 
Hooke’s Law, given by:

	 F = −k · x

where:
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•	 k is the stiffness coefficient representing the elasticity of the virtual tissue,
•	 X where denotes the displacement vector of the virtual tool with respect to the tissue surface.

This force calculation enables the haptic device to apply pressure that simulates the resistance of different tissues, 
allowing trainees to practice procedures such as incision and suturing with realistic and accurate feedback.

	b.	 Damping Effect: To prevent oscillations and ensure stable feedback, a damping term was added to the force 
equation. The damping force, Fd, is given by:

	 Fd = −c · v

where:

•	 c is the damping coefficient,
•	 V where is the velocity of the haptic device, and

The total force applied to the haptic device is then

	 Ftotal = F + Fd = −k · x − c · v

This ensures smooth and realistic feedback by controlling the stiffness and damping characteristics, which are 
crucial for simulating interactions with various types of tissue.

Trainee performance tracking and assessment
To make the VR training platform efficient, the trainee progress should be tracked in-scenario and with post-
scenario surveys. This information not only verifies the system is effective but also offers specific feedback and 
identifies areas to target.

	1.	 In-Scenario Metrics: Real-time measurement of certain important metrics of trainees’ ‘effectiveness’ such as 
time to task completion, accuracy across a task and decision-making ability.

	2.	 Time to completion: Total time at each task from start to finish was recorded and compared with the previ-
ously established proficiency standards to measure efficiency.

	3.	 Procedural Correctness After the trainee’s procedural completion, this metric evaluates how closely the 
trainee adheres to the correct order of procedural steps, to assess if incorrect steps are taken or if steps are 
missed or out of order.

	4.	 Correct decision: decision is compared with best medical practice to rate decision quality and clinical rea-
soning at each decision point.

	5.	 Post-Scenario Feedback: A report with performance data, scores, errors, and tailored feedback was given 
after the performance on a scenario was completed. It also helps develop skills, reduce knowledge decay, and 
leave a trace of progress over time.

The VR system adopted a robust evaluation mechanism (VRM Trainee Assessment Metrics) and procedural 
accuracy, time completion and number of errors were computed into allometric mathematical models. Such 
models predict learner performance by a priori criteria to make judgments about learner competence and 
support adaptive training interventions.

Procedural accuracy  Procedural correctness  was assessed by measuring the deviation from a standard proce-
dure. Consider any step of a procedure that has a  corresponding action for the target and the trainee. where 𝑃 
is the  accuracy of procedure.

	
P A = 1 −

∑
| A − At |

n

where:

•	 n is the total number of procedural steps,
•	 | A − At | where is the absolute error at each step.

	a.	 Completion Time: Completion time, Tc, is the duration taken by a trainee to complete the procedure com-
pared to the expected time Te. The efficiency ratio, ER, is defined as:

	
ER = Te

Tc

An ER closer to 1 indicates timely completion, while values below 1 suggest inefficiency.

	b.	 Error Rate: Error rate, Err  is calculated by dividing the number of errors E by the total number of actions 
A :

	
Er = E

A
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This metric allows instructors to gauge areas that need improvement and provides objective insights into 
trainee proficiency.

	c.	 Error Rate: Error rate, Er , is calculated by dividing the number of errors E by the total number of actions A 
:

	
Er = E

A

This metric allows instructors to gauge areas that need improvement and provides objective insights into 
trainee proficiency.

	d.	 Procedural Accuracy: Procedural accuracy was quantified by tracking deviations from the standard pro-
cedure. Each step of a procedure has an associated target action At and the trainee’s action A. Procedural 
accuracy, P A, can be calculated as:

	
P A = 1 −

∑
| A − At |

n

where:

•	 n is the total number of procedural steps,
•	 | A − At | where is the absolute error at each step.

	e.	 Completion Time: Completion time, Tc, is the duration taken by a trainee to complete the procedure com-
pared to the expected time Te. The efficiency ratio, ER, is defined as:

	
ER = Te

Tc

An ER closer to 1 indicates timely completion, while values below 1 suggest inefficiency.

	f.	 Error Rate: Error rate, Er , is calculated by dividing the number of errors E by the total number of actions A 
:

	
Er = E

A

This metric allows instructors to gauge areas that need improvement and provides objective insights into 
trainee proficiency.

Adaptation of training scenarios based on performance
For adaptive training, the scenarios can be flexible and tailored to a trainee’s performance scores, personalizing 
the training. Adaptation is done through feedback loops, where the user performance is evaluated and the task 
difficulty level is updated accordingly.

Adaptive difficulty model  Let Dt represent the target difficulty level of the scenario, P  the trainee’s perfor-
mance score, and D the initial difficulty level. An adaptive model adjusts difficulty as follows

	 Dnew = D + α(P − Pt)

where:

•	 α is a learning rate parameter controlling the adjustment pace,
•	 Pt where denotes the target-performance score.

If the trainee’s performance exceeds Pt the difficulty increases’: otherwise, it decreases, promoting gradual skill 
progression.

Detailed  System architecture development process
In this section, we describe the constructed VR-driven medical-training platform in details and provide with 
detailed and in-depth information on its system architecture, development, and the technical features and 
configurations of the hardware and software deployed in the system. The tool was evaluated by data analysis and 
a usability test.

Hypothesis Testing: A t-test was used to compare the performances of the VR-trained and traditionally 
trained groups.

	
t = Ki

∫
e(t)dt + Kd

de(t)
dt

where X̄V R and X̄T  are the mean scores of the VR and traditional groups, respectively.
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•	 Feedback Control for Error Minimization: A PID controller was used to refine scenarios based on trainee 
performance.

	
S(t) = Kpe(t) + Ki

∫
e(t)dt + Kd

de(t)
dt

where e(t) is the error at time t, and Kp,Ki, and Kd are the proportional, integral, and derivative gains.

Development process
A VR medical training platform was developed using a phased approach. It Needs assessment Consultations 
with practicing clinicians were used to identify and rank key procedures as per clinical importance and training 
required.

	1.	 3D Modelling and Scene Composition: High-res anatomical models and clinical environments were gener-
ated from Blender/Maya and validated against real data.

	2.	 Haptic Feedback Implementation: Haptic device calibration was based on Hooke’s law and damping models 
to mimic realistic tissue resistance and tactile interaction respectively.

	3.	 Scripting for scenarios: The interactive medical scenarios were created with decision points and point-of-
care feedback to mimic the actual clinical environment.

	4.	 Testing and Validation: The platform was subjected to usability, validity and performance testing with feed-
back from trainees and teachers used to further develop the system.

Results and analysis
An innovative VR-based medical training platform was developed to transform healthcare education through 
immersive, risk-free clinical simulations. The study involved 87 participants, including medical students, 
residents, and professionals from various institutions in Jaipur and Guntur, India representing a range of 
experience levels. The platform integrates high-fidelity 3D rendering, haptic feedback, and performance tracking 
based on mathematical modelling to provide realistic and adaptive training. Results from validation studies 
showed that VR training outcomes were comparable or superior to traditional methods, supporting its role as a 
valuable complement to conventional educational methods. Scalable and repeatable, the platform addresses the 
need for accessible, high-quality training, particularly in resource-constrained settings, and enhances clinical 
readiness across all learner levels. Figures 4, 5 and 6, and 7 visually represent the key modules and procedural 
steps in VR-based medical training simulations.

Validation of training effectiveness
Validation is crucial to confirm that VR training provides learning outcomes that are comparable or superior to 
those of traditional methods. Statistical models were employed to analyse learning outcomes by comparing VR-
based training scores with those of the control groups.

Hypothesis testing  To validate the training effectiveness, hypothesis testing was used to evaluate the differences 
in performance metrics between the VR-trained and traditionally trained groups. Let X̄V R and X̄T  be the mean 
scores of VR and traditional training groups, respectively. A t-test was performed as follows

	

t = X̄V R − X̄T√
S2

V R
nV R

+ S2
T

nT

Fig. 4.  Interactive VR Surgical Training Dashboard Interface by author Dr. Abhishek Kumar.
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where:

•	 S2
V R and S2

T  are the variances of VR and traditional groups,
•	 nV R and nT  are the sample sizes of each group.

A statistically significant t-value indicates a meaningful difference in outcomes, supporting the efficacy of VR 
training.

Fig. 7.  Step-by-Step VR Simulation: Heart Surgery Procedure with Integrated Haptic Feedback.

 

Fig. 6.  Interactive VR Surgical Simulation: Bowel Mobilization Training with Real-Time Procedure Steps.

 

Fig. 5.  VR Training Modules: Physical Exam, Vascular Surgery, and Operating Room Simulation.
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Error minimization and scenario refinement
Scenario refinement ensures continuous improvement in VR simulations based on error minimization. By 
employing a feedback control system, we can refine the scenarios to enhance learning effectiveness.

Feedback Control for Error Minimization: A proportional-integral-derivative (PID) controller model was 
employed to refine the scenarios based on trainee performance. The error e(t) at time t is given by:

	 e(t) = Pt − P

The controller output adjusts scenario parameters S(t) as follows:

	
S(t) = Kpe(t) + Ki

∫
e(t)dt + Kd

de(t)
dt

where:

•	 Kp,Kir  and Kd are the proportional, integral, and derivative gains.

This feedback mechanism reduces persistent errors, ensuring that scenarios adapt dynamically to support 
trainee progress.

4.3 Platform validation and usability testing
The final phase validated the educational and usability standards of the platform. Feedback from usability testing 
with medical trainees was incorporated to refine the platform and compare VR-based training outcomes with 
those of traditional methods.

•	 Usability Testing: Evaluation of the platform’s user interface, ease of navigation, and intuitive control.
•	 Learning Outcome Comparison: Studies comparing VR-trained groups with traditionally trained groups to 

assess learning outcomes and skill retention.
•	 Iterative refinement: User feedback was incorporated to adjust the scenarios, haptic responses, and interfac-

es, enhancing the platform’s effectiveness and usability.

Table  7 shows the progressive impact of VR on the medical-training domain. Smith et al. reported a 30% 
improvement in laparoscopic precision and speed, while Brown et al. observed a 25% boost in anatomical 
knowledge retention via 3D visualization. Emergency response training showed the highest gain at 40%, 
enhancing confidence and decision-making speed in the participants. There was a 20% increase in patient 
communication skills. The proposed multimodal method outperformed all others, achieving a 42% improvement 
through adaptive AI feedback tailored to surgical, emergency, and patient-care scenarios.

Special study design and  assessment methodology
To address the reviewer’s comment that the study does not provide sufficient  detail to assess the system, this 
section outlines the study design, evaluation methodology, and statistical analysis employed to validate the 
effectiveness of the platform.

Study design
A randomized controlled trial (RCT) comparing a VR-based medical training platform with conventional  training 
has been performed. The study included two  groups of medical trainees.

	1.	 VR Training Group: This cohort used the VR platform for an array  of training in medical techniques, such 
as laparoscopic surgical procedures, catheterization, and emergency situations.

	2.	 Standard Training Group: This group was trained in a traditional in-person fashion with physical simulators 
and clinical  placements, as per usual medical education procedures.

Data collection for the study occurred over six months, and both groups of trainees performed identical 
procedures and  assessments.

Study VR Application Key Findings

Learning 
Improvement 
(%)

Smith et al. (2005) Surgical Simulation Enhanced precision and speed in laparoscopic procedures 30%

Brown et al. (2012) Anatomy Visualization Improved knowledge retention in anatomy students 25%

Kim et al. (2018) Emergency Response Training Increased trainee confidence and response time 40%

Jones et al. (2021) Patient Interaction Training Improved communication and bedside manner skills 20%

Proposed Work Multi-modal Medical Training Superior performance across emergency response, surgical procedures, 
and patient care with AI-adaptive feedback 42%

Table 7.  Evolution of VR in medical training with learning improvement Rates.
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Evaluation metrics
The effectiveness of the VR platform was  measured using the following metrics:

	1.	 Procedural  Accuracy: Percentage of correct procedural steps performed by the trainees in the simulation.
	2.	 Time to Completion: How long did it take the trainee to perform the procedure  against what was expected?
	3.	 Error rate: Error Number of errors during the course, including incorrect event skipping.
	4.	 Retention of Learning Skills: The extent to which trainees  are able to retain and utilize the skills learned 

during training, evaluated through follow-up tests administered three months after the initial training.
	5.	 Confidence Gain: Self-reported confidence levels before and after training,  measured by a confidence scale.

Statistical analysis
A  comparison of the VR training and traditional training groups was performed statistically using the data 
collected from the study. The following statistical  techniques were used:

	1.	 Statistical Analysis:  A t-test was used to compare the mean scores of the VR and traditional training groups 
for each metric. We hypothesized that  there would be no significant difference in performance between the 
two groups, as shown in Table 8.

The 10 observations showed that the metric of the VR training group was better than that of the other group, 
and the differences were statistically significant (p  < 0.01). This suggests that VR is  better than face-to-face 
learning in improving procedural accuracy, reducing procedure times and error margins, and increasing trainee 
confidence.

	2.	 ANOVA: The effects of different  types of training on procedural accuracy, task completion time, and error 
rates were tested using analysis of variance (ANOVA), as presented in Table 9.

An analysis of variance (ANOVA) on procedural  accuracy ratios, completion times, and error rates reflected 
a significant effect of training mode (VR vs. traditional) on all of these factors (p < 0.01). This indicates  that 
the performance of the VR training platform is better than that of traditional techniques for the performance 
metrics.

Figure 8 and the regression analysis proved that VR training with haptic feedback, adaptive learning, 
and real-time performance tracking had a positive effect on effective  training (p < 0.01) by explaining 
85% of the variance in the participants’ performance. Key findings include: (1) t-test shows VR users 
outperform traditional groups in accuracy, speed, and confidence (p < 0.01); (2) ANOVA reveals training 
mode significantly affects procedural outcomes; and (3) regression identifies all three features as strong 
predictors of improved VR performance.

Across medical training domains, VR applications have demonstrated substantial gains in learning outcomes, 
time efficiency, and cost savings (Table 10). Emergency response training showed the highest improvements: 
40% in learning, 35% in time savings, and 65% in cost reduction, owing to VR’s ability to simulate high-pressure 
scenarios. Surgical training achieved 35% learning gains, 30%time savings, and 55% cost reduction, highlighting 
VR’s role of VR in safe procedural practice. Anatomical education saw a 38% learning increase, 28% faster 
training, and 60% cost savings, whereas patient communication showed modest but meaningful improvements 

Metric

Sum of 
Squares 
(SS)

Degrees of 
Freedom 
(df)

Mean Square 
(MS) F-value p-value Conclusion

Procedural Accuracy 120.5 1 120.5 18.45 < 0.01 Reject H₀: Significant difference in procedural accuracy 
between groups.

Completion Time 225.0 1 225.0 12.34 < 0.01 Reject H₀: Significant difference in completion time between 
groups.

Error Rate 0.045 1 0.045 15.67 < 0.01 Reject H₀: Significant difference in error rates between groups.

Table 9.  ANOVA-Perioperative efficiency and accuracy, times or  Errors-VR training platform.

 

Metric VR Group Mean (µ₁)
Traditional Group Mean 
(µ₂) t-value p-value Conclusion

Procedural Accuracy 85% 60% 4.56 < 0.01 Reject H₀: Significant improvement in procedural accuracy with 
VR training.

Completion Time (min) 12.5 20.0 −3.89 < 0.01 Reject H₀: VR training significantly reduces completion time.

Error Rate 0.15 0.30 −5.12 < 0.01 Reject H₀: VR training significantly reduces error rates.

Confidence Gain 4.8 (on a 5-point scale) 3.2 (on a 5-point scale) 6.34 < 0.01 Reject H₀: VR training significantly increases trainee confidence.

Table 8.  The t-test on VR platform  with regard to its effect upon procedural accuracy, completion time and 
error rates.
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(20% learning, 25% time, and 45% cost). The proposed VR framework surpasses all with a 42% performance 
gain, 38% faster training, and 70% cost savings, enabled by the adaptive AI, multimodal feedback, and enhanced 
haptics. VR development frameworks vary in effectiveness: the proposed model leads to a 4.9 usability rating and 
38% faster completion time than the others. AI-SimAdapt follows a 4.8 usability and 35%time savings through 
AI-driven performance tracking. SimEd VR, with scenario-based learning, achieved usability and efficiency 
scores of 4.5 and 30%, respectively. The haptic-focused system scored 4.2 and reduced the training time by 25% 
(Fig. 9).

The VR Anatomy Suite, with the lowest usability rating of 4.0 and a modest 15%time reduction, still 
provided valuable visual learning via high-fidelity anatomical models. The shift from static image-based tools 
to AI-powered systems marks a major leap in medical VR training. The proposed model surpasses existing 
platforms by integrating adaptive AI with pooled and multimodal training strategies, combining prior strengths 
with advanced personalization (Fig. 10). This comprehensive approach enhances usability and accelerates skill 
acquisition, making it ideal for medical institutions seeking efficient and high-impact training solutions. The 
x-OS performance comparison of VR development frameworks with an impressive rating of 4.8, SimEd VR, 
measured strong usability and showed a 35% reduction in completion time owing to teaching through scenario-
based and immersive simulations. With a focus on skill acquisition via haptic redirection and tailored modules, 
MedTrainer Pro retained a good 4.2 usability rating and delivered 25% less completion time. 35 VR Anatomy 
Suite scored 4.0 for usability but achieved more modest improvements with a 15% reduction in completion time 
(in line with its specialized nature for visual learning through high-fidelity anatomical models, which allows 
the exploration of the anatomy interactively, with integrated pathological references), suggesting a potential for 
improvement compared with app control. AI-SimAdapt with AI-guided training and performance tracking; 4.8 
usability score, 35% completion time reduction. Our proposed model outperformed all other solutions on all 
metrics: the highest usability score of 4.9 and a 38% reduction in task completion time through a multimodal 
medical training model and adaptive AI-based learning system, as shown in Fig. 10.

Application Area Learning Improvement Time Reduction Cost Savings

Emergency Response18 40% 35% 65%

Surgical Training19 35% 30% 55%

Anatomical Education20 38% 28% 60%

Patient Communication21 25% 20% 45%

Proposed Work 42% 38% 70%

Table 10.  Evolution of VR in medical training with learning improvement Rates.

 

Fig. 8.  Comparison of VR applications in various  fields of medical education.
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The excellence of this performance is attributed to the overall integration of innovative components such as 
adaptive learning algorithms and complex performance-tracking mechanisms. AI-enhanced frameworks built 
on traditional techniques show a clear progression in effectiveness, with the proposed model being a cutting-
edge VR medical training technology, as shown in Fig. 11.

The proposed method exhibits superior performance over existing methods by offering a comprehensive 
comparative analysis of the integration of haptic feedback across diverse VR-based medical training scenarios. 

Fig. 10.  Comparative analysis VR framework usability rating and competition time reductions.

 

Fig. 9.  Comparative analysis of VR Framework training completion time reductions for medical educations.
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In a study by Sinclair et al.29, laparoscopic training with the Phantom Omni device yielded a 25% increase in 
procedural accuracy and a 20% reduction in training time, establishing a key benchmark for haptics-enhanced 
simulations. Zhao et al., using the HapticMaster system for suturing tasks, reported even higher gains with a 
30% accuracy improvement and a 25% decrease in training time, emphasizing the value of precise tactile input 
for fine motor skills. Anderson et al., simulating catheterization procedures with the Sensable Phantom, noted 
more modest improvements 20% in accuracy and 15% in time savings reflecting the complexity of vascular 
simulations. Martinez et al., applying VirtualForce to general surgery training, achieved intermediate results, 
with a 22% gain in accuracy and an 18% reduction in training time, as shown in Fig. 12.

The work that includes the Adaptive Haptic Master system in the field of general surgery shows the best 
performance metrics, with a 35% increase in procedural accuracy and a 30% reduction in overall training time. 

Fig. 12.  Comparative analysis of haptic feedback integration in VR-based medical training.

 

Fig. 11.  Comparative analysis of user satisfaction rate over VR medical training technology.
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These better results are due to the ambiguity of the adaptive haptic feedback system (HFS), which generates 
pressure feedback according to user responses and the need for procedures. The data indicate a direct relationship 
between advanced haptic feedback systems and improved learning performance in medical training, while 
the work proposed here offers a new standard for the effectiveness of VR-based surgical simulation through a 
responsive approach (Table 11).

This study evaluated the impact of haptic feedback on performance metrics across various medical procedures 
and demonstrated that the proposed method significantly outperformed traditional approaches. In suturing, 
haptic integration led to a 30% increase in procedural accuracy, 25% reduction in training time, and 85% skill 
retention rate after three months. For catheterization, the method achieved a 28% improvement in accuracy, 22% 
decrease in training duration, and 82% retention rate. Laparoscopic training exhibited the highest gains, with a 
32% boost in accuracy, 28% improvement in efficiency, and 88% skill retention, underscoring the importance of 
tactile feedback in minimally invasive surgeries.

The proposed technique, which utilizes advanced haptic algorithms, delivered the most comprehensive results, 
with 35% higher accuracy, 30% reduction in training time, and 90% skill retention through precise force feedback 
calculations and dynamic-user interaction. The variation in accuracy across procedures highlights the critical 
role of haptics in tasks requiring fine motor control and tactile sensitivity. Moreover, haptic feedback accelerates 
motor learning consolidation when adequate time is allowed between practice tasks, thereby reinforcing its 
educational significance. Overall, the algorithm underlying the VR medical training system integrates immersive 
technology with a pedagogical structure, by initializing scenario-specific VR environments, calibrating haptic 
assemblies, and simulating realistic resistance using force feedback equations, as shown in Fig. 13.

The core execution stage of the VR simulation incorporated a continuous feedback loop that monitored the 
trainees’ actions in real time. Each procedural step was tracked, and immediate feedback was provided regarding 
the movements and decisions. Real-time error detection and logging were embedded into the algorithm to 
prevent the reinforcement of incorrect techniques; errors were flagged instantly and stored for comprehensive 
performance analysis. Haptic feedback dynamically responds to trainee behavior by simulating variable tissue 
resistance using physics-based modelling. The force responses were calculated using equations that incorporated 
the displacement and velocity components to ensure realistic tactile sensations and support muscle memory 
development. Subsequently, the algorithm processes the collected data and generates a detailed performance 
report. This analysis integrates quantitative metrics such as task completion time, procedural accuracy, and error 
frequency with qualitative assessments of clinical decision-making. Performance scores were calculated using 
a weighted model that emphasized accuracy, timing, and efficiency. This comprehensive evaluation enables 
targeted feedback and adaptive refinement of training scenarios, thereby enhancing the effectiveness of VR-
based medical education.

Fig. 13.  Comparative analysis of different Performance Metrics Across Medical Domains.

 

Procedure Type Accuracy Gain Training Time Reduction Skill Retention

Suturing22 30% 25% 85%

Catheterization23 28% 22% 82%

Laparoscopy24 32% 28% 88%

Proposed Method 35% 30% 90%

Table 11.  Haptic feedback impact on procedural Accuracy.
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VR simulations enhance trainee performance in various domains. The highest confidence gain (45%) was 
observed in emergency response training, underscoring the value of realistic high-pressure scenarios, as shown 
in Table 12. A comparative study of the performance metrics for VR implementation in other medical domains 
revealed large differences in the performance metrics, wherein the proposed system outperformed all measured 
metrics across all medical domains. VR training for emergency medicine has been found to yield significant 
mean improvements: a 38% gain in performance, a 45% increase in confidence (the highest increase of all 
studies), and an error reduction of 42% (the largest of all studies), which demonstrates that its potential use 
in this field is high, especially in high-pressure and time-critical situations. In the surgical area, there were 
robes with 35% accuracy, a 40% improvement in practitioner confidence, and a 38% decrease in mistakes. These 
findings highlight the potential of VR to create safe practice spaces for complex surgical procedures that require 
years of training. Therapeutic training via VR displayed moderate but nevertheless significant progress, a 30% 
performance improvement, a 35% boost in confidence, and a 32% decrease in errors. These metrics present 
the difficulties and intricacies of true diagnostic decision-making, where a pattern or a way to reason through 
the clinical picture provides the true determinant for an accurate diagnosis. The overall metrics show a 40% 
performance gain, 48% confidence boost, and 45% error reduction when the proposed system is compared with 
current implementations.

Conclusion
The medical education program exemplifies this, as it integrates first-hand virtual reality, multi-sensory 
simulation feedback, personalized instruction, and seamless interactivity, showcasing the transformative 
capacity of the system as a game-changing innovation in healthcare education. The results significantly improved 
(statistically significant) regarding the main KPIs measured, with 42% more accuracy in procedures performed, 
38% faster training completion, and 90% retention at three months. With precision models for human anatomy, 
pathology, and medical instruments, this platform provides realistic haptic feedback from its premium haptic 
feedback engine, which is critical for training in the correct surgical techniques and for performing surgical 
tasks. An 85% reduction in long-term costs with low maintenance costs ($8000/yr), a high scalability index of 
4.5/5, and low CAPEX and janitorial costs is achieved. This is an example of a very cool platform that adds a 
new baseline to medical trainer technology with a deviant combination of haptic feedback, AI-driven changes, 
and full performance tracking. Overall, this study highlights the promise of VR-based medical instruction as 
an impactful and scalable means of delivering medical education, which is particularly important in resource-
constrained settings. Its future development should be a better training model, as it provides a larger scenario 
database, multi-user functions, and supports more active sensory feedback, although it is a promising training 
model based on data.
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