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Perception of peri urban farmers towards farm land
eviction resulted from urban expansion
Tadele Alamneh 1✉, Melkamu Mada1 & Tora Abebe1

Farmers view the forced expropriation of land during urban expansion as a harmful influence.

This study aims to investigate how peri-urban farmers perceive being evicted due to urban

expansion, focusing on land valuation process, compensation amount, and livelihood

improvement. These factors are taken as latent variables for analysis together with 11 other

indicators. The research was carried out in Injibara, Burie, and Gish Abay towns in the

Amhara region of Ethiopia. Data was collected from 197 evicted households through random

selection. Data analysis utilized partial least square-structural equation modeling (PLS-SEM).

The results demonstrate that the amount of compensation and the land valuation process

positively and significantly impact the livelihoods of evicted farmers. Specifically, land

valuation has a direct, indirect, and total effect on livelihood improvement by 30.65%, 5.2%,

and 35.8%, respectively. Furthermore, compensation has a direct impact of 27.7% and acts

as a mediating variable between valuation and livelihood improvement. This depicts that the

land valuation process has a more substantial effect on improving household livelihoods

compared to compensation. The study suggests that addressing farmers’ perceptions of land

eviction involves improving the livelihoods of evicted households. This could be achieved by

making the land valuation process participatory, considering the land’s location, enhancing

the skill of land valuation professionals, reducing corruption, prioritizing employment for

evicted households, and ensuring timely compensation payments while considering inflation

expectations. In conclusion, this research highlights the importance of conducting thorough

socioeconomic assessments before evicting peri-urban farmers, as overlooking their per-

ceptions towards land eviction could lead to community discord.
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Introduction

Urbanization has emerged as a key indicator of a nation’s
economic progress. Recently, there has been a notable
surge in the urbanization rate of less developed countries,

especially in Africa, leading to the forceful displacement of
farmers from agricultural lands in peri-urban areas. This pattern
of land eviction has significant repercussions on the sustainability
of livelihoods, extending across economic, social, and cultural
dimensions (Alamneh et al. 2023b; Mohammed et al. 2020; Kosa
et al. 2017).

First, the economic impact can be observed through the annual
income generated by the agricultural sector. Studies by Gebeyehu
et al. (2022) and Alamneh et al., (2023a) have shown that evicted
farmers experience a decline in their mean annual income and
per capita consumption expenditure compared with non-evicted
households with similar socioeconomic backgrounds. This is due
to the fact that farmers lose their productive asset (land), lack of
employment opportunities in the urbanities, lack of competitive
skill in transitioning to non-agricultural works, and allocation of
compensation in non-productive assets instead of income-
generating activities because they lack financial administration
capabilities when a lump-sum of money is given at a time in the
form of compensation (Alamneh et al. 2023a; Endris et al. 2021).

Furthermore, sustainable urban development is contingent
upon the cultivation of a sense of “belongingness”. A lack of
belongingness to specific projects can pose a challenge to their
sustainability. Sustainability requires actively involving evicted
farmers and giving them the tools they need to support devel-
opment goals. Projects can have a long-lasting effect by
encouraging social cohesiveness and community involvement
through programs that foster strong relationships and ownership.
By encouraging resilience, community ownership, and behavioral
change through a sense of belonging, stakeholders play a critical
role in improving programs (du Toit-Brits, 2022; Holland, 2017;
Arnstein, 2017; Chambers, 1994; Weldearegay et al. 2021). This
can be addressed by promoting the positive perception of evicted
farmers towards land eviction because farmers’ perceptions of
land expropriation due to urban expansion significantly shape
their views on property rights, livelihoods, and community rela-
tions. Addressing these concerns through inclusive planning
processes is crucial to prevent conflicts. Stakeholder involvement
in decision-making, trust-building between farmers and urban
planners, and effective communication are key to avoid conflict
for successful urban development initiatives.

Eviction of farmland is a common practice in many nations,
particularly in emerging economies like Ethiopia, where farmers’
agricultural lands are often replaced by residential areas, indus-
trial zones, and infrastructure. However, the perceptions of
farmers displaced by urban expansion and development projects
remains overlooked, particularly their perceptions towards land
eviction are under-researched and lack considerable empirical
evidence. Although there are a limited number of research in this
arena, most of them are focusing on the economic impacts of
urban expansion on evicted peri-urban farmers (Gebeyehu et al.
2022; Mohammed et al. 2020), while neglecting a comprehensive
understanding of the farmers perception towards land eviction
spectacles.

The effects of land eviction extend beyond economic concerns
while it includes psychological traits, such as farmers perception
which can be seen as markers of social status and prestige for
farmers. However, the perception of evicted farmers on land
eviction is often overlooked. Hence, there is a lack of empirical
evidence on how displaced farmers perceive land eviction
resulting from urban expansion and development projects. This
created a knowledge gap among various stakeholders. The narrow
focus of this limited scope may have adverse effects on urban

development plans and has the potential to result in social and
political turmoil during and/or after eviction. Therefore, it is
essential to address the perspectives of displaced farmers con-
cerning eviction, compensation policies, and their participation in
the valuation process through conducting empirical research to
make knowledge-based decisions. However, the track record of
Ethiopian cities in this arena is poor so far. Hence, there is a
dearth of substantial empirical evidence on how evicted farmers
perceive land eviction resulting from urban expansion and
development undertakings. It is, therefore vital to comprehend
the perception of evicted farmers towards land eviction, com-
pensation policies, and their involvement in the valuation process.
Finally, the contribution of this research is to add empirical
evidence to the existing body of literature by bridging the pre-
vailing knowledge gap in academia, and the findings will offer
practical guidance to municipality administrators involved in
urban development, providing insights for policy makers to
undertake well-informed decisions before commencing eviction
procedures. Additionally, it can be used as input for future
empirical studies in the area.

Method of data analysis
Description of the study areas. The research was carried out in
urban areas within the Amhara National Regional State, specifically
Injibara, Burie, and Gish Abay. Injibara, situated 420 km northwest
of Addis Ababa and 135 km southwest of Bahir Dar, serves as the
administrative hub of the Awi Zone in the Amhara Region. With
coordinates of 10°57′N 36°56′E and an elevation of 2560 meters
above sea level, the town had an estimated population of 21,065 in
2007, projected to reach 56,723 by 2023. Modern Injibara, founded
in 1991 at Kosober, lies at the crossroads of the highway from
Addis Ababa to Bahir Dar and the route leading west to Benish-
angul Gumuz and the Grand Ethiopian Renaissance Dam. On the
other hand, Bure, established in 1608, is a town in western Ethiopia
within the west Gojjam Zone of the Amhara Region, serving as the
administrative center of the Burie district. Positioned at 10°42′0”N
37°4′0”E with an elevation of 2091 meters above sea level, Bure
thrives as a major business hub connecting Wolega, Gondar, and
Shewa. Gish Abay, located in west-central Ethiopia within the West
Gojjam Zone of the Amhara Region, is the administrative center of
Sekela Woreda. Named after Mount Gish and the Abay River (Blue
Nile), Gish Abay is linked to Tilili by a 39 km gravel road, which in
turn connects to the main Addis Ababa–Debre Markos–Bahir Dar
Road. With geographical coordinates of 10°59′N and 37°13′E and
an elevation of 2744 meters above sea level, the town embodies a
significant locale in the region (Central Statistical Agency, 2013)
(see Fig. 1).

Data collection and sampling. In this research, a multi-stage
sampling technique was used to determine the sample households.
In the first stage, the Amhara regional state was purposively
selected due to its high rate of urban growth (6%), surpassing both
other regions and the national average growth rate of the country
(3.86%). In the second stage, two representative zonal adminis-
trations (Awi and West Gojam zones) were randomly selected from
eleven zones where urban expansion is undergoing in the region
based on their swiftness of urban expansion. In the third stage,
three municipalities (Injibara, Burie, and Gish Abay municipalities)
were randomly selected out of the existing municipalities based on
the urban expansion potential and speed of urban growth where a
large number of investors are attracted, public sector projects are
expanding drastically, industrial expansion and land demand for
residential is accelerating compared to others. In the fourth stage,
eleven peri-urban kebeles were selected purposively for easy access
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to the targeted population. Finally, evicted households were sys-
tematically chosen from the household lists provided by each
municipality’s registrar using the proportional-to-size method.

To reduce the possible sampling error, a random sampling
technique was employed. To be specific, a systematic random
sampling technique was employed as the random sampling to
ensure the representativeness of on-target group-households that
got displaced. Finally, representative samples were selected from
each kebeles based on probability proportional to sample size
(PPS). Hence, the sample size was determined by using (Kothari,
2004) formula.

n ¼ z2 ´ p ´ q ´N
e2ðN � 1Þ þ z2 ´ p ´ q

ð1Þ

where n= sample size, z= the value of the standard variate at a
given confidence level (z= 1.96 for 95% confidence level),
P= sample proportion, q= 1−p and e= acceptable error
(e= 5%). N is the total number of households from which the
sample is drawn.

Thus, the sample size of evicted households will be:

n ¼ ð1:96Þ2 ´ 0:5´ 0:5 ´ 3504
ð0:07Þ2ð3504� 1Þ þ ð1:96Þ2 ´ 0:5 ´ 0:5 � 197

Theoretical framework. The structural equation model (SEM) is
a statistical modeling technique that combines both measurement
models and structural models to analyze complex relationships

among observed and latent variables. SEM allows researchers to
test and estimate the associations between variables, taking into
account measurement error and the underlying theoretical fra-
mework (Byrne, 2013). It has two components: the measurement
model and the structural model.

The measurement model specifies the association between
observed variables and latent constructs. The measurement model
defines how these latent constructs are measured using observed
variables, often through the use of multiple indicators. It allows
researchers to assess the reliability and validity of the measure-
ment instruments (Wright, 1934). The measurement model is a
crucial component of the structural equation model (SEM) that
specifies the relationships between observed variables and latent
constructs. It outlines how the observed variables are used to
measure the underlying theoretical concepts or latent variables.
The measurement model accounts for measurement error and
provides a way to assess the reliability and validity of the
measurement instruments (Wright, 1934; Kline, 2018).

Latent constructs, also known as factors or latent variables, are
unobserved variables that represent theoretical concepts that are
considered key components of measurement models. They are
not directly measured but inferred from the observed variables.
However, observed variables, also called indicators or manifest
variables, are the measurable variables that are used to capture the
latent constructs. They can be survey items, observed behaviors,
or other quantifiable measurements. Each latent construct is
typically indicated by multiple observed variables, forming a set of
indicators (Hu and Bentler, 1999).

Fig. 1 Map of the study area. The figure shows the map of Africa, map of Ethiopia, map of Amhara regional state, and map of districts with their
respective towns.
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The measurement model specifies the relationship between the
observed variables and the latent constructs. It defines how the
observed variables are related to the underlying construct they are
intended to measure. This relationship can be represented by
factor loadings, which indicate the strength and direction of the
association between each observed variable and the correspond-
ing latent construct. Moreover, reliability refers to the consistency
or stability of measurement. In the measurement model,
reliability is assessed by examining the factor loadings and the
internal consistency of the indicators (Hassim et al., 2020).
Common measures of reliability include Cronbach’s alpha and
composite reliability where higher factor loadings and internal
consistency coefficients indicate greater reliability.

The structural model is a core component of the structural
equation model (SEM) that represents the causal relationships
among latent constructs. It specifies the direct and indirect effects
between variables and provides insights into the underlying
theoretical framework (Bentler and Bonett, 1980; Kline, 2018).
The structural model allows researchers to test hypotheses, analyze
complex relationships, and evaluate the overall fit of the model.

The causal relationships of the structural model represent how
one latent construct directly or indirectly influences another
latent variable. These relationships are typically depicted as
arrows connecting the constructs in a path diagram, whereas
direct effects represent the immediate impact of one construct on
another, and indirect effects occur when the influence of one
construct on another is mediated by one or more intervening
constructs. Indirect effects are estimated by decomposing the total
effect into direct and indirect components using statistical
techniques such as mediation analysis. Moreover, estimating the
structural model involves determining the strength and signifi-
cance of the relationships between constructs (Byrne, 2013).

Model specification and hypothesis development. The objective
to estimate psychological traits such as perception, attitude and
satisfaction towards land eviction of peri-urban farmers have dif-
ferent measurements which can be explained by latent variables. In
this research, the latent variables that are supposed to explain the
objective of this article are hypothesized as the attitude of peri-
urban farmers towards the land valuation process; compensation
practices undertaken; and livelihood improvement after eviction
had taken place. These indicators serve to explain the latent vari-
ables on one side, while on the other side, these latent variables
exert influence (cause) on other latent variables. Chikkala and
Kumar (2021) in their book noted that “over the years, numerous
large-scale development projects have managed to displace millions
of people without providing them with meaningful compensation
while also failing to consider their perception towards compensa-
tion”. Not only is compensation often inadequate from a purely
financial perspective, but it is further diminished by corrupt prac-
tices and distortions during its distribution.

According to Mathur (2009), impoverished individuals often
do not receive the full compensation they are entitled to,
hindering their recovery from losses. The most vulnerable
individuals are disproportionately affected by rampant corrup-
tion, and government agencies lack integrity in ensuring timely
disbursement of rightful compensation. Unnecessary government
intervention impedes market-driven transactions between willing
buyers and sellers, even in circumstances of land acquisition for
private sector initiatives. This results in lower compensation for
small landowners and a rise in poverty (Addisu, 2015).

Global research on land eviction increasingly focuses on
exposing the risks of eviction faced by displaced farmers and
emphasizes the need for targeted strategies to mitigate these risks
and facilitate rehabilitation (Mathur, 2009; Cernea, 2000, 2021;

Chikkala and Kumar, 2021). Consistently, the findings highlight
recurring risks and destitution outcomes rather than isolated
incidents. One significant factor contributing to this impoverish-
ment is the deliberately low compensation payments maintained
by many governments, reflecting their political and policy stance
(Sen, 2004).

The relationships among the proposed variables were estab-
lished through the analysis of previous empirical evidence and
existing literature (Pascual et al. 2012). The observed relations on
the parameter path were used by the model to assess the extent to
which the hypothesized connections were captured. Therefore,
this study employed the empirical model proposed by (Cernea,
2000) and further developed by (Cernea, 2021).

Drawing upon the theoretical and empirical foundations
discussed above, this research aimed to examine the relationship
between latent variables (valuation (F1), compensation (F2), and
livelihood (F3)) and their corresponding indicators. Additionally,
attempted to investigate the direct and indirect effects of land
valuation and compensation on livelihood. It also considered
compensation as a mediating variable to look through the indirect
effect of valuation on livelihood. The study employed a structural
equation model, focusing on the perception of peri-urban farmers
regarding farmland eviction resulting from urban expansion.
Based on the above discussion, the following hypotheses are
developed:

H1: Land valuation process positively affects the amount of
compensation that evictees are provided.

H2: the amount of compensation provision positively affects
the livelihood improvement of evicted farmers.

H3: Land valuation process positively affects the livelihood
improvement of evicted farmers.

H4: The compensation amount mediates the relationship
between the land valuation process and livelihood improvement
of evicted farmers.

The observed variables such as the participation level of
evicted farmers during the land valuation process (participa-
tion), the technical skill of land valuation committee members
(skill), reduced level of corruption and mal-practices of the
land valuation experts and local administrators (corruption),
government supportive policies, land tenure reforms, and
government programs targeting displaced farmers (gov.
policy), the availability of essential services and facilities in
the vicinity, major infrastructure projects, and commercial
developments (location) are indicators of the latent variable of
land valuation process (valuation/F1). On the other hand,
increased number of new employment opportunities for the
household (newjob), the consideration of inflation and future
losses i.e., if the cash compensation considers inflation and
factors in any potential future losses or risks associated with
the eviction (inflation), timely and full payment i.e., the full
amount is paid to the farmers in a timely manner or not
delayed or partial payments can indicate inadequacy and cause
financial hardships for the evicted farmers (timely pay) are
indicator variables for the latent variable compensation
practices (compensation/F2). Lastly, indicators such as the
reduced prevalence of malnutrition and decreased incidence of
disease (incidence), increased income and saving of the
household (income), and access to infrastructure after eviction
(infrastructure) were indicators of their respective latent
variable, i.e. the livelihood improvement of evicted farmers
after eviction (livelihood/F3).

Construction of structural model. The structural model that
describes the causal relationship between latent variables is
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expressed as (Peng and Jiang, 2022):

η ¼ βηþ Γξ þ τ ð2Þ
where η= (n1, n2,….., nn) is the vector composed of intrinsic latent
variables, ξ= (ξ1, ξ2,⋯,ξn) is the vector composed of extrinsic latent
variables, B(m ×m) is the path coefficient matrix of intrinsic latent
variables, Γ(m × n), represented the path coefficient matrix of
exogenous latent variables, whereas the vector made up of residual
terms, τ(m × 1), represent the proportion of η in the equation that
is not explained. The observed variables that correlate to latent
variables made up of a measuring portion of the structural equation
model. The following is an expression of the relationships between
the latent variables and the observed variables:

y ¼ ^yξ þ εy
x ¼ ^xξ þ εx :

ð3Þ

The equations that affect the measurement model are as
follows:

η ¼ πηy þ δη;

ξ ¼ πξ þ δξ:
ð4Þ

The measurement equations of exogenous latent variables and
explicit variables are expressed as

x ¼ ^yξ þ εx; ð5Þ
The measurement equations of endogenous latent variables

and explicit variables are expressed as

y ¼ ^yη þ εy : ð6Þ
Based on the above theoretical model, the empirical path

model of this research is written within the following system of
structural equations:

F1 ¼ σ11Q1 þ σ12Q2 þ σ13Q3 þ σ14Q4 þ σ15Q5 þ e:F1 ð7Þ

F2 ¼ σ21Q6 þ σ22Q7 þ σ23Q8 þ e:F2 ð8Þ

F3 ¼ σ31Q9 þ σ32Q10 þ σ33Q11 þ e:F3 ð9Þ
where Fs are latent variables; Q1–Q11 are indicator variables
(Table 2) and es are error terms, while σ are (m × n) path
coefficients. The path diagram between F1, F2, and F3 shows the
cause–effect relationship between latent variables. Every model
construct was evaluated using a series of rating scale items
(questions) undertaken with a five-point Likert-scale grading
(strongly disagree= 1, disagree= 2, indifferent= 3, agree= 4
and strongly agree= 5) (see Table 1).

Results and discussion
The structural equation model (SEM) in this analysis involved the
measurement model assessment and then the structural model
assessment (Ali and Park, 2016). To assess the structural model, it
was necessary to ensure that all the constructs were accurately
measured. For hypothesis testing purposes, a partial least-square
structural equation model (PLS-SEM) was adopted. As per Lowry
and Gaskin (2014) PLS-SEM measures the measurement model
and the structural model at the same time. The reason for
choosing SmartPLS over other statistical packages is its utilization
of the partial least squares (PLS) algorithm, which is specifically
designed for conducting PLS-based structural equation modeling
(SEM) analyses. It is a variance-based approach that is well-suited
for exploratory research and complex models with latent variables
that focus on prediction, theory development, or small sample
sizes and contextually appropriate choice since it does not require
any parametric condition (Wynne W. Chin, 1998) and also
overcome with the limitation of small sample size (Alapján-,

2016) while SPSS and AMOS, on the other hand, primarily use
the maximum likelihood estimation (MLE) method, which is
more suitable for confirmatory research and larger sample sizes
(Hair et al. 2019). Moreover, SmartPLS, is known to be more
robust to violations of normality assumptions in the data. This
means that SmartPLS can handle data that may not meet the
strict normality requirements of MLE-based approaches used in
SPSS and AMOS. It also applies bootstrapping i.e., a non-
parametric resampling technique that does not rely on assump-
tions of normality and is considered more robust (Hair et al.
2019; Henseler et al. 2016). Furthermore, SmartPLS allows for
both reflective and formative measurement models. Reflective
models assume that observed variables directly measure under-
lying latent constructs, while formative models treat observed
variables as indicators that define the latent constructs. SPSS and
AMOS primarily focus on reflective measurement models (Gefen
et al. 2011). Furthermore, SmartPLS employs bootstrapping as the
default method for estimating standard errors, generating con-
fidence intervals, and conducting significance tests. Bootstrapping
is a resampling technique that does not rely on distributional
assumptions, providing more robust statistical inference. SPSS
and AMOS also support bootstrapping, but it may require
additional steps or extensions (Henseler et al. 2016). Therefore,
PLS-SEM is a non-parametric multivariate technique that has
gained much recognition in academia (Ketchen, 2013). The Smart
PLS package was used for data analysis.

Evaluation of the model. All three constructs in the model were
measured reflectively. The reliability of the model was evaluated by
the Cronbach Alpha, and it was >0.6 of the minimum thresholds.
The composite reliability (CR) was calculated to measure the
internal consistency of the constructs. CR was >0.7 for all the
constructs. Moreover, convergent validity refers to how well a
measure correlates positively with alternative measures of the same
construct. In the domain sampling model, indicators of a reflective
construct are treated as diverse methods to capture the same con-
struct. Therefore, indicators of a specific reflective construct should
converge or exhibit a significant proportion in variance. To assess
the convergent validity of reflective constructs, consider the outer
loadings of the indicators, and the average variance extracted (AVE)
are employed. Large outer loadings on a construct suggest that the
related indicators share a significant portion of commonality that is
represented by the construct. It is essential that all indicators display
statistically significant outer loadings, with standardized outer
loadings ideally reaching or exceeding 0.708. Meanwhile, the AVE
value equal to or exceeding 0.50 suggests that, on average, the
construct accounts for over half of the variance among its indica-
tors. Conversely, an AVE below 0.50 implies that, on average, more
variance is attributable to measurement error in the items rather
than being explained by the construct (Ketchen, 2013). Based on the
above references, the outer loadings were significant and higher
than 0.7, while the average variance extracted (AVE) was found to
be >0.5 and significant at a 95% level (see Table 2).

Discriminant validity is the degree to which a construct in the
model is actually unique from other constructs. In order to make
sure that the various constructs being constructed are measuring
distinct elements as intended, it is crucial to validate that there is
no strong correlation between them. This was established using
the criteria of Heterotrait–Monotrait (HTMT) ratio which could
be <1.0. This criterion is the strictest among the other two criteria
for discriminant validity viz. cross-loading criteria and the Fornell
and Larker criteria (Fornell and Larcker, 1981). Hence, the
Heterotrait–Monotrait ratio (HTMT) value of the data for each of
the constructs is below one. Therefore, the model is a well-fitted
model (see Table 3).
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As per Edeh et al. (2023) collinearity assessment needs to be
carried out before the structural model evaluation. Towards this
end, the VIF for each of the construct items was ascertained. The
measurement models for the collinearity of indicators are by
looking at the indicators’ variable inflation factor (VIF) values to
assess the collinearity problem among the indicators. Each
predictor construct’s (VIF) value should be higher than 0.20
(lower than 5). According to the results, “location” has the highest
VIF value (4.44). Hence, VIF values are uniformly below the
threshold value of 5 (see Table 4).

We conclude, therefore, that collinearity does not reach critical
levels in any of the and is not an issue for the estimation of the
PLS path model. Hence, there was no collinearity concern in the
data. Moreover, multicollinearity test result for latent variables
using Inner VIF values is depicted below (see Table 5).

One of the commonly used measures to evaluate the structural
model is the coefficient of determination (R² value). This
coefficient is a measure of the model’s predictive power and is
calculated as the squared correlation between a specific
endogenous construct’s actual and predicted values. The “R
square” value is given in Table 6. Hence, the R-square for the
construct compensation and livelihood is 0.036 and 0.203,
respectively, which the construct can be described as weak, but
both of the constructs have strongly significant coefficient of
determination (see Table 6).

Apart from assessing the R² values for predictive accuracy,
researchers should analyze Stone–Geisser’s Q² value as well which
is called the blindfolding measure (Geisser, 1974; Wynne W.
Chin, 1998; Chin, 2010; Preacher and Hayes, 2008). This measure
serves as a gauge of the model’s capability to predict out-of-

Table 1 Latent and Indicator variables.

Factor Question Action item Item

Land valuation process
(F1)

Q1 The participation level of evicted farmers during the land valuation process was adequate participation
Q2 The availability of essential services and facilities in the vicinity, major infrastructure

projects, and commercial developments is beneficial to land valuation
location

Q3 The technical skills of land valuation committee members in land valuation outcomes are
tremendous

skill

Q4 The corruption and mal-practices of the land valuation experts and local administrators
are paramount

corruption

Q5 There are supportive government policies, land tenure reforms, and government programs
targeting evicted farmers

Gov. policy

Compensation practices
(F2)

Q6 There is an increased number of new employment opportunities for household members
who didn’t have jobs before

newjob

Q7 The compensation provided to evictees accounts for inflation and future losses i.e., it
considers inflation and factors that bring any potential future losses or risks associated
with the eviction

inflation

Q8 The compensation is timely and full payment i.e., the full amount is paid to the farmers in
a timely manner or not delayed or partially paid

Timely payment

Livelihood improvement
status
(F3)

Q9 Reduced prevalence of malnutrition and decreased incidence of disease incidence
Q10 Increased income and savings of the household after eviction income
Q11 Increased access to infrastructure such as health institutes, market, electricity, tap water,

etc. after eviction
infrastructure

Table 2 Model reliability and validity test results.

Construct Item Factor loading CR Cronbach Alpha AVE

Land valuation process 0.888 0.842 0.613
Participation 0.784
Location 0.844
Skill 0.765
Corruption 0.744
Gov. policy 0.775

Compensation practices 0.879 0.794 0.708
newjob 0.827
Inflation 0.825
Timely payment 0.871

Livelihood improvement status 0.910 0.849 0.772
Incidence 0.924
Income 0.925
infrastructure 0.779

CR composite reliability, AVE average variance extracted

Table 3 Discriminant validity test result of
Heterotrait–Monotrait ratio (HTMT) analysis.

Compensation Livelihood Valuation

Compensation
Livelihood 0.402
Valuation 0.222 0.426
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sample data or its predictive relevance. When a PLS-SEM path
model demonstrates predictive relevance, it effectively forecasts
data that were not part of the model’s estimation. In the structural
model, Q² values above zero associated with a reflective
endogenous latent variable signify the predictive relevance of
the path model for a specific dependent construct. Thus, the
blindfold estimation of the PLS-SEM model yields a Q2 value
above 0, it indicates the predictive relevance of the endogenous
variables under scrutiny (see Table 7).

The path coefficients are ascertained after running the PLS
algorithm. The algorithm is designed to reject a set of path
specific null hypothesis of no effect. The study highlighted that
the construct valuation had the highest effect (β= 0.306***,
t= 4.203) on the livelihood followed by compensation
(β= 0.277***, t= 4.203 (see Table 8).

This finding can be ascribed that the present study was based
on the evicted farmers perception towards land eviction. It was
observed that compensation mediates the association between the
construct’s valuation and livelihood which supported the fourth
hypothesis (H4). This is because as per the theory, significant
indirect effects using bootstrapping mean significant mediation
(Preacher and Hayes, 2008) (see Fig. 2).

Test for goodness of fit. The goodness of fit measure was ascer-
tained as per (Henseler and Sarstedt, 2013). The standardized
root mean square residual (SRMR) was 0.097 which was well
below the threshold limit of 0.14. Thus, the model was an overall
good fit (see Table 9).

Result. The factors identified in this study, which encompass dif-
ferent dimensions of perceptions related to land eviction in peri-
urban areas, exhibit intricate interconnections. To understand these
relationships, a structural equation modeling (SEM) approach,
using SmartPLS, was employed to develop a construct of “valua-
tion-compensation-livelihood improvement” in peri-urban areas, as
shown in Fig. 2. Under the hypothesis verification of ensuring the
influences between various potential variables, the specific influen-
cing factors of the land eviction perception by each observation
variable need to be judged according to the specific path value of

each observation variable. In order to enhance the likelihood to
improve livelihood of evictees after land expropriation, municipal
administrators should know how to make the victimized farmers
sustainable, particularly in the time of post-eviction when
development-induced urban expansion is undertaken and make the
evicted farmers partners in development intervention making them
to have a positive attitude towards land eviction.

I. Land valuation process: The standardized path coefficients
for the land valuation process among evicted farmers are
illustrated in Fig. 2. These coefficients pertain to observed
variables such as (location) which define the availability of
essential services and facilities in the vicinity, major
infrastructure projects, and commercial developments;
(skill)—the technical skill of land valuation committee
members, (corruption)—corruption and malpractices of
land valuation experts and local administrators; (gov.
policy)—supportive government policies, land tenure
reforms, and government programs; and (participation)—
the level of participation of evicted farmers during the land
valuation process. The respective path coefficients for these
variables are 0.844, 0.765, 0.744, 0.775, and 0.784. Among
these variables, the highest path coefficient is assigned to
the availability of essential services in the vicinity (location,
0.844), indicating its strongest association with the percep-
tion of land valuation among evicted farmers. The level of
participation (participation, 0.784) follows as the second-
highest path coefficient. Government policy (Gov. policy,
0.775), technical skill of land valuation experts (skill, 0.765),
and corruption and malpractices (corruption, 0.744) rank
third, fourth, and fifth, respectively. Importantly, all
variables exhibit strong associations as reflected by their
path coefficients. Therefore, it is crucial for municipality
administrators and policymakers to prioritize and pay
special attention to improving the positive attitude of
evicted farmers towards land valuation, considering the
significant correlation of these variables.

II. Compensation practices: The path values of observed
variables incorporate various factors when determining
compensation practices for evictees. These factors comprise
inflation and future losses (inflation), the increased number
of new jobs available to household members (newjob), and
the complete and timely payment of compensation (timely
payment). These variables have path values of 0.825, 0.827,
and 0.871, respectively. The highest path value is assigned
to timely payment at 0.871, indicating its crucial role in
fostering a positive attitude among evictees towards
compensation. Ensuring on-time payment of the full
compensation amount without any delays significantly

Table 5 Multicollinearity test result for latent variables
using Inner VIF values.

Compensation Livelihood

Compensation 1.037
Valuation 1.000 1.037

Table 6 Evaluation of the coefficients of determination (R²
values) depicting the overall effect size measure for the
structural model.

R-square R-square adjusted

Compensation 0.036 0.031
Livelihood 0.203 0.194

Table 7 Blindfolding measure to Assess the Predictive
Relevance (Q² value) of the Path model.

SSO SSE Q² (= 1−SSE/SSO)

Compensation 591.000 582.437 0.014
Livelihood 591.000 503.216 0.149
Valuation 985.000 985.000

Table 4 Multicollinearity test result for Indicators using variable inflation factor (VIF).

Item Location Skill Corruption Gov.
polic

Incidence Income Inflation Infrastructure Newjob Participation Timely pay

VIF 4.44 3.81 1.59 3.87 3.73 3.76 1.51 1.49 1.79 4.15 2.11
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contributes to a positive perception of the compensation
process. Additionally, the variables of increased new job
opportunities (newjob, 0.827) and considering inflation
when determining compensation (inflation, 0.825) have
path values close to timely payment, suggesting that they
also play vital roles. Therefore, it is reasonable to consider
these variables to cultivate a positive attitude among evicted
farmers toward the compensation they receive.

III. Livelihood improvement: The path values of the observed
variable i.e., the livelihood improvement status are reduced
prevalence of malnutrition and decreased incidence of
disease (incidence), increased income and saving of the
household after eviction (income), increased access to
infrastructure such as health institutes, market, electricity,
tap-water, etc after eviction (infrastructure) 0.924, 0.925
and 0.779, respectively. The path value of income (0.925) is
the largest, indicating increased income and saving of
evictees is a key indicator of livelihood improvement after
eviction and improving the income level of evicted farmers
plays a key role. The reduced prevalence and incidence of
disease (incidence, 0.924) and increased access to infra-
structure (infrastructure, 0.779) all have the highest
association with the latent variable, indicating that these
variables have a significant correlation with livelihood
improvement.

Fig. 2 The structural model depicting direct and indirect effects of latent variables.

Table 8 Individual path coefficients of the endogenous construct variables in the structural model.

Structural path Path coefficient
(t-statistics)

P-value Effect size (f square)

Direct effect
Compensation→ Livelihood 0.277 ***

(4.203)
0.000 0.093

Valuation→ Compensation 0.189***
(2.642)

0.008 0.037

Valuation→ Livelihood 0.306***
(4.699)

0.000 0.113

Indirect effect
Valuation→ Compensation→ Livelihood 0.052**

(2.194)
0.028

Total effect
Compensation→ Livelihood 0.277(4.289) *** 0.000
Valuation→ Compensation 0.189 (2.651) *** 0.008
Valuation→ Livelihood 0.358(5.961) *** 0.000

|t|≥ 1.65 at p= 0.10 level; * |t|≥ 1.96 at p= 0.05 level; ** |t| ≥ 2.58 at p= 0.01 level;
*** |t| ≥ 3.29 at p= 0.001 level.

Table 9 Standardized root means square residual measure
of goodness of fit of the model.

Fit summary Saturated model Estimated model

SRMR 0.097 0.097
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IV. The direct, indirect, and total effect: This article explores the
effect of the land valuation process (valuation) and
compensation practices (compensation) on livelihood
improvement (livelihood). Valuation (F1) is an exogenous
latent variable, while compensation (compensation/F2) is
an endogenous latent variable and intermediate control
variable. These factors influence directly or indirectly the
livelihood improvement (F3) variable. Based on the above
premises, valuation (valuation/F1) has a direct effect on
livelihood improvement (livelihood/F3). The hypothesis is
that the land valuation process has a direct positive impact
on the livelihood improvement of the household at
(p= 0.000). Figure 2 shows that the estimate from valuation
(F1) to livelihood (F3) is 0.306, depicting that the land
valuation process has an important influence on the
livelihood improvement of the evicted households. Mean-
while, the land valuation process also has significant
positive influence on compensation practices (compensa-
tion/F2) at (p= 0.000). The estimate from valuation (F1) to
compensation (F2) is 0.189 at (p= 0.008), indicating that
the land valuation process has a positive influence on the
compensation amount provided to the evicted farmers and
this result supported the hypothesis that states compensa-
tion has a positive impact on livelihood improvement.
The land valuation significantly affects livelihoods improve-
ment, as indicated in Fig. 2. The analysis reveals that land
valuation indirectly influences livelihood improvement
(0.052) with a significance level of p= 0.028. Furthermore,
the findings demonstrate a positive correlation, indicating
that land valuation has a beneficial effect on the livelihood
improvement of farmers who have been evicted. The
municipal administrators should focus on the land valua-
tion process which can strengthen the livelihood of evicted
farmers in a sustainable way. The total effect of the latent
variable land valuation is 0.358 which is the sum of the
direct effect of valuation and the indirect effect of valuation
through the mediating variable compensation. Therefore,
land valuation has a significant influence on livelihood.

Discussion. The perception of peri-urban farmers regarding land
eviction has significant implications for the future development
agendas of the government. While development plans often
involve acquiring land from farmers, it is crucial to consider the
farmers’ attitudes towards these initiatives. Positive attitudes can
foster cooperation and facilitate the implementation of develop-
ment projects. However, if farmers perceive corruption, mal-
practice, inadequate compensation, and a lack of improvement in
their livelihoods after receiving compensation, their attitude
towards land eviction becomes highly skeptical.

The result of the measurement model stated that the
association between the factor (valuation/F1) and the item
variables, such as corruption, skill, location participation, and
government policy, has a strong and positive relationship with the
factor loadings (0.744, 0.765, 0.784, 0.775, 0.844), respectively.
This depicted that there is a strong correlation between the land
valuation and the respective indicators. These associations
illustrate that, when corruption is prevalent, dishonest practices
may occur, such as bribery or manipulation of land values. This
can result in an unfair land valuation process for evicted farmers,
as their land may be undervalued deliberately. This can be
evidenced by the strength of the factor loading with a higher value
(0.744), indicating that reduced corruption and malpractices of
land valuation experts explained the land valuation process
positively. Corruption undermines the transparency and integrity
of the valuation process and can lead to social and economic

injustices. Moreover, the expertise skill and competence of land
valuation experts involved in the process are also essential, which
can explain its factor loading value (0.765). Competent profes-
sionals with extensive knowledge of land valuation methods and
market trends can provide accurate and fair valuations. However,
if the experts lack expertise or are influenced by external
pressures, their valuation may be biased or inaccurate, leading
to unjust valuation for the affected farmers (Chikkala and Kumar,
2021). Furthermore, the location of the land plays a crucial role in
its valuation, having a strong association with land valuation
(0.844). this is due to various factors such as infrastructure
development, natural resources, and market demand for the land
can influence its value. If the land is situated in a prime location
with high development potential, its value may be higher
compared to remote or less desirable areas.

The participation level of evicted farmers also has a strong
correlation with the land valuation process depicted by large
factor loading (0.775). If the evictees participate actively, they
may gain more negotiation power and higher participation levels
can signal unity and determination among the farmers, making it
difficult for the municipal authorities to disregard their demands
completely. This increased bargaining power may lead to
negotiations between the farmers and the municipal authorities,
potentially affecting the land valuation process by providing
firsthand knowledge and evidence about the land’s productivity,
historical use, or other relevant factors potentially leading to
adjustments in the land’s valuation. Hence, the strong participa-
tion of evicted farmers during the land valuation process can
generate pressure on the municipal authorities responsible for the
eviction. Policymakers may feel compelled to address the
concerns raised by the farmers or to intervene in the valuation
process to ensure fairness (Cernea, 2021). However, participation
alone does not guarantee to secure a fair valuation unless
supporting government policy is devised. The measurement
model result of this research confirmed that supportive govern-
ment policy has a strong relationship to the land valuation
process with a high factor loading of (0.775). Well-designed
policies play a crucial role in ensuring a fair and transparent land
valuation process during evictions by outlining the factors to be
considered during valuation and providing a framework for
resolving any grievance and social unrest that may arise. The
result conforms with other empirical works such as (Mathur,
2009; Addisu, 2015).

In the context of compensation for evicted farmers, inflation
has a positive and strong association with a factor loading value of
0.825. provision of compensation without taking into account the
inflation variable can erode the value of the compensation
received. If the compensation is not adjusted to account for
inflation, the purchasing power of the farmers may diminish over
time (Ambaye, 2001; Daniel, 2015). Therefore, it is important for
compensation practices to consider inflationary factors and
ensure that the amount provided adequately reflects the economic
realities at the time of the eviction. Besides, the creation of new
job opportunities for evicted farmers and their households can
impact compensation practices in several ways. Firstly, if the
farmers are able to secure alternative employment or income-
generating activities, the compensation may be adjusted to reflect
their improved financial situation. This adjustment could
potentially result in lower compensation amounts. Additionally,
if the farmers are offered new job opportunities as part of the
compensation package, the value and nature of those employ-
ment options may be factored into the overall compensation
assessment. Hence, this logic was verified by this empirical
finding that there is a strong association between new jobs and
compensation having a strong association (0.827) factor loading.
Furthermore, timely payment has a strong correlation with
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compensation having a larger factor loading (0.871). This is due
to the fact that timely payment of compensation is crucial for
ensuring the well-being and stability of evicted farmers. Delayed
or irregular payments can create financial hardships, disrupt
livelihoods, and prolong the rehabilitation process. Therefore,
compensation practices should prioritize prompt payment to
minimize the negative impacts on the farmers. This allows the
farmers to make necessary arrangements, such as acquiring new
land or investing in alternative livelihoods, without undue delay
or uncertainty (Admasu et al. 2019).

The livelihood improvement of evicted farmers can be
associated with indicator variables, including increased income
and savings, improved infrastructure, and a reduction in the
incidence of disease and malnutrition. The factor loadings of
these variables depicted a strong correlation between the indicator
variable inflation (0.825), newjob (0.827), and timely payment
(0.871) and the latent variable (livelihood improvement).
Improved infrastructure, such as access to better housing, clean
water, sanitation facilities, and transportation, can significantly
enhance the living conditions of evicted farmers. Adequate
infrastructure creates an enabling environment for economic
activities and social well-being (Gulyani and Talukdar, 2010).
Furthermore, the reduction in the incidence of disease and
malnutrition can be attributed to various factors. With improved
income, farmers have better access to nutritious food, leading to
improved dietary intake and a decrease in malnutrition (Bloom
et al. 2004). Overall, when livelihood improvement is prioritized
during the eviction process, and appropriate support mechanisms
are in place, evicted farmers can experience positive changes in
their income, savings, infrastructure, and health condition.

The structural model of this research depicted that the land
valuation process has a direct effect on compensation practices
and livelihood improvement with regression coefficients of
0.189 and 0.306, respectively, where the influence on both
variables is highly significant at <1%. The land valuation process
and compensation practices should also consider supporting
evicted farmers in transitioning to alternative livelihoods.
Evicted farmers in the land valuation process and compensation
practices can contribute to better outcomes for their livelihoods.
Agrawal and Redford (2009) argue that participatory
approaches empower farmers, enable their voices to be heard,
and ensure that compensation practices align with their needs
and aspirations. This implies that the provision of adequate
compensation and fair valuation of the land they dispossessed
can help evicted farmers explore new income-generating
opportunities and improve their livelihoods in non-
agricultural sectors (Béné, 2011; Bishu et al. 2018). Further-
more, land valuation has a significant indirect effect on
livelihood with the coefficient value of 0.052 at a <5% significant
level. This indicates that the outcome of livelihood improve-
ment is indirectly influenced by the land valuation process and
this logic is conformed with the previous empirical works of
Holden et al. (2019).

Conclusion and recommendations
This paper is the first of its kind that investigates the perception
of evicted peri-urban farmers towards land eviction. The SEM of
“land valuation process—compensation practices—livelihood
improvement” is constructed. These findings highlight the
importance of considering farmers’ perceptions and attitudes
towards land eviction in the formulation and implementation of
development programs particularly initiatives that can undertake
land eviction, which directly affect peri-urban farmers. Addres-
sing issues such as the land valuation process, ensuring fair
compensation, and improving livelihoods are crucial steps

towards fostering a positive perception among peri-urban farm-
ers. Depending on the result of the measurement model of SEM,
all the latent variables are strongly and significantly associated
with respective indicators, signifying that the land valuation
process has a strong association with variables such as corruption,
participation, skill, location, and government policy. However,
compensation practice also has a strong association with indi-
cator variables such as inflation, new jobs, and timely payment of
the compensated money. Lastly, the livelihood improvement o
evicted farmers have strong and positive relationship with the
variable income, infrastructure, and reduced incidence of disease
and malnutrition.

In the context of the structural model, the land valuation
process and compensation practice exert an impact on livelihood
improvement. Compensation practice also is a mediator that
significantly influences livelihood improvement. Moreover, the
land valuation process can indirectly influence livelihood
improvement through the compensation practice. Furthermore,
land valuation has also been verified to be a very important
antecedent that directly influences the factor “compensation
practices”.

This paper attempted to develop and empirically examine a
conceptual model of the land valuation process, compensation
practices, and livelihood improvement of evictees when expro-
priation is undertaken. This research represents a pioneering
effort in both the development and empirical investigation of a
conceptual model that examines the interplay between the land
valuation process, compensation practices, and the subsequent
improvement of livelihoods among individuals who have
experienced eviction as a result of urban expansion. Municipal
administrators are advised to prioritize these aspects when
planning and designing evictions for urban expansion. This
approach will help evicted farmers to have a positive perception
towards land eviction and development initiatives. Hence, it is
recommended that:

1. Creating a system that reduces corruption during land
valuation. This can be addressed by establishing transparent
procedures and guidelines for all government transactions;
create a strong legal framework to enact and enforce strict
anti-corruption laws; train public servants on ethics,
integrity, and the effects of corruption; and ensure that
human resource recruitment, promotion, and decision-
making procedures are based on merit.

2. Strengthening the participation of evicted farmers in the
land valuation process is essential. Often, these farmers are
inadequately represented and have limited participation
before, during, and after eviction, leading to their
perspectives, voices, and options being overlooked. This
exclusion contributes to feelings of marginalization as
urban development encroaches upon their lands.

3. It is crucial to provide priority in employment opportu-
nities to the evicted households in both the public and
private sectors following the eviction process. This
approach aims to ensure sustainable livelihoods for these
evictees and foster a positive attitude towards land eviction
and urban development projects.

4. When providing compensation, considering inflation
expectations is paramount. Planning for one’s financial
future is essential for farmers facing eviction, particularly if
it involves losing their primary source of income. The
compensation can be designed to offer long-term, sustain-
able financial protection that requires price increases into
account by considering inflation expectations.

By considering these factors, policymakers can establish a con-
ducive environment for sustainable and inclusive development that
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aligns with the needs and aspirations of the farming communities
affected by eviction.

Data availability
The data set generated during and/or analyzed during the current
study is submitted as supplementary file and can also be obtained
from the corresponding author upon reasonable request.
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