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Ray-inspired robots: recent advances in
actuation and control

Check for updates

Luke Freyhof1,6, Matticus Brown1,6, Sergio Araujo-Estrada2, Jorn A. Cheney3, J. Sean Humbert4 &
Nicole W. Xu5

Ray-inspired robots show promise in ocean exploration and monitoring because of their potential for
efficient locomotion, maneuverability, and stability in aquatic environments. This review explores
recent progress in ray-inspired robotics, focusing on trends in locomotion modes, actuation types,
and control and sensing strategies. We identify current challenges and performance gaps, list useful
metrics, and suggest promising research directions that could improve and expand the capabilities of
batoid robots.

Motivation and background
Ocean exploration, bio-inspired robots, and batoid rays
Theworld’s oceans are home tomultitudes of species and play an important
role in Earth’s climate, economy, and transportation systems. However, the
oceans currently remain largely unexplored and unmapped, with only
26.1%of theoceanfloorpubliclymappedat a resolutionof 400 × 400masof
October 20241. Current oceanmonitoring systemsmainly include satellites,
aircraft, buoys, surface craft, underwater gliders, and tethered underwater
stations2.Many of thesemonitoringmethods function at or near the ocean’s
surface, limiting their ability to gather data about the status of the ocean far
below the surface. Alternatively, uncrewed underwater vehicles (UUVs),
autonomous underwater vehicles (AUVs), and remotely operated vehicles
could be used to expand the range of underwater exploration and mon-
itoring. Current systems can travel to depths thousands of meters below the
surface and operate continuously with sensor payloads for over 24 h3–6.

However, many vehicles and robots still face limitations in efficiency,
noise, and maneuverability that are important to maintain long-distance
autonomous missions with minimal disturbances to the environment. In
contrast, aquatic organisms have already been refined through natural
selection to exhibit these characteristics. Taking inspiration from such
organisms can create bio-inspired aquatic robots with better efficiency,
lower noise, and greater maneuverability compared to conventional robotic
systems7,8.

Existing bio-inspired aquatic robots draw inspiration from many
sources, including aquatic organisms that swim with fins (tuna)9, flip-
pers (turtles and seals)10,11, and jet-propulsion (jellyfish and squid)12–16.
Among these organisms, batoid fishes (i.e., rays and skates) specifically
present numerous desirable characteristics for robotic locomotion. For

example, batoids are both fast andmaneuverable. Rays can travel at ~2.2
body lengths per second (BLs−1)17, which is faster than conventional
propeller-basedUUVs thatmove at 1 to 1.5 BLs−1 3–6. Their two pectoral
fins are controlled independently, allowing rays to turn in place or swim
backward7,18. Manta rays also reach an estimated Froude propulsive
efficiency of 89%, while providing a stable platform that can resist
disturbances like waves19,20. Pelagic rays have been observed modifying
their swimming behavior when waves pass over them from behind,
harnessing the water’s forward momentum to increase their swimming
speed. Benthic rays can hold their position underwater by maintaining
contact with the seafloor to increase friction, minimizing the compen-
satory fin motions needed to stay in place21. Batoid-inspired robots
could employ these behaviors to outperform conventional UUVs in
strong currents. With wide pectoral fins connected to a stable central
structure, batoids have a shape conducive to constructing AUVs with a
central waterproofed hub for electronics and actuators. These hubs
could house downward-facing sensors (such as sonar) better than
slender-bodied conventional and bio-inspired AUVs because of their
orientation and aspect ratio. Finally, the large size variation of biological
rays (13.5 to 900 cm width)20,22 and diverse set of swimming modes
indicate that ray-inspired robots can be effective in a wide range of AUV
applications23.

Other bio-inspired robots using a single caudal fin reached higher
normalized speeds (4.7 BLs−1 9 versus 2.22 BLs−1 24) and faster turning
speeds (670° s−1 25 versus 72° s−1 24) than the highest-performing ray-
inspired robots. However, batoid-inspired robots offer clear advantages in
maneuverability, efficiency in open water, stability in chaotic fluid condi-
tions, and potential to operate in both benthic and pelagic environments.
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Key design considerations
Much work has used batoids as inspiration for robots, but such robots
vary depending on scale, application, or other key design considera-
tions. One such consideration is the difference between undulatory and
oscillatory locomotion. Undulatory locomotion is defined as finned
propulsion with greater than one wave length per fin, as seen in Fig. 1ai.
In contrast, oscillatory locomotion involves less than 0.5 wavelengths
per fin, as seen in Fig. 1aii. Studies modeling batoid locomotion and
relating phylogenetic trees to batoid shape support a correlation and
potential benefit of varying aspect ratio relative to locomotion
mode26,27.

In nature, benthic batoids generally have smaller width-to-length
aspect ratios, perform undulatory swimming (see Fig. 1ai), and are more
efficient and controlled at slower speeds17,26. In contrast, pelagic batoids
generally have larger aspect ratios and oscillate to swim (see Fig. 1aii), which
improves lift and thus allows for higher speeds28. Some species likeGymnura
micrura have intermediate morphologies with intermediate locomotion
(between 0.5 and 1 wavelength per fin), and can shift between oscillations
and undulations17. For robotic applications, tailoring both shape and loco-
motion mode could therefore potentially improve performance in the
desired application.

For both oscillatory and undulatory locomotion, the type of bending
involved in actuation is also relevant. Many batoid-inspired robots use a
flexible pitching motion (Fig. 1bi), likely because of ease of construction.
However, natural ray locomotion involves more bending than pitching,
both in the spanwise direction (across the fin, Fig. 1bii) and chordwise
direction (along the body, Fig. 1biii). While many ray robots have passive
bending in these directions, few apply active bending in both spanwise and
chordwise directions like natural rays do.

To achieve motion, ray-inspired robots use different actuator types,
outlined in Fig. 1d. Servomotors (Fig. 1div) are themost common actuators
and allow for simple and precise control of pectoral fins. However, servos
can also be power intensive and have difficulty achieving spanwise bending
of pectoral fins without the use of multiple actuators, bendingmechanisms,
or drivetrains that increase fin construction complexity. In addition to
servo-based designs, many ray-inspired robots use other actuators that vary
in scale and performance, including tissue-engineered actuators; dielectric
elastomer actuators (DEAs); ionic polymer-metal composites (IPMCs);
hydraulically amplified, self-healing, electrostatic (HASEL) actuators; shape
memory alloys (SMAs); and pneumatic and fluidic actuators.

Because normalized speed is commonly reported for bio-inspired
aquatic robots, this reviewwill compare the performance of batoid-inspired

Fig. 1 | Overview of ray robot topics covered in this review. a (i) Undulatory rays
are generallymore rounded and swimwith greater than 1wave present on thefin, (ii)
while oscillatory rays are often more triangular and swim with less than 0.5 waves
present along the fin. Disc width and length correspond to the width and length of
the entire ray, excluding the tail, and span width and chord length correspond to the
width and length of the fin. b (i) Many ray robots use pitching for propulsion,
generally achieved using a flapping actuator and flexiblefinmaterial. (ii) Others use a
bending actuator to achieve spanwise bending, and (iii) some robots use multiple
actuators or harness material properties to achieve chordwise bending; some
implement all three bending and pitching modalities. (i) The pitching diagram
shows a side fin profile, (ii) spanwise bending shows a front fin profile, (iii) and

chordwise bending shows a side profile. c (i) Ray robots require depth, velocity, and
heading control accomplished by varying properties of wavelike actuation, such as
frequency, amplitude, and phase offset. (ii) Sensing uses limited internal and external
sensor types, including depth sensors, inertial measurement units (IMUs), gyro-
scopes, and optical sensors. d Various actuators include: (i) tissue engineered
actuators (example in Fig. 4b); (ii) dielectric elastomer actuators (DEAs)
(Fig. 5a and b); (iii) ionic polymer metal composites (IPMCs) (Fig. 5c); (iv) servos
(Fig. 2); (v) hydraulically amplified, self-healing, electrostatic (HASEL) actuators
(Fig. 5d); (vi) shape memory alloy (SMA) actuators (Fig. 4d); (vii) pneumatic and
fluidic actuators (Fig. 4a, c); and (viii) tensegrity actuators (Fig. 3).
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robots based on thismetric. However, we will use two different length scales
to normalize the speed of batoid-inspired robots. We use body length (BL)
as the length scale for robot descriptions and discussion of general field
progression. For batoids and batoid robots, body length is equivalent to disc
length (seen in Fig. 1ai). This scale uses body lengths per second (BLs−1) as
the normalized speed, which is commonly reported in bio-inspired and
batoid-inspired robot literature. To compare the performance of actuators
and discuss general trends within batoid-inspired robotics, we define a
characteristic length to calculate normalized speed and compare size
regimes. Normalized speed in BLs−1 is useful to compare performance of
many aquatic animals because of their long, streamlined shape. However,
both fin width and length are relevant for flattened pectoral fin propulsion.
Therefore, to better compare performance across current batoid robots, we
use a characteristic length (CL) of 12 ðW þ LÞ to compare size regimes, and
calculate normalized speeds using characteristic lengths per second (CLs−1).

Batoid-inspired robots face numerous common challenges in control,
sensing, and navigation in underwater environments. To achieve robust
control, most aquatic robots model their own kinematics and interactions
with the surrounding fluid. However, current models only approximate the
true forces involved and lose accuracy when the surrounding flow field
becomes more complex29. AUVs often use acoustic or visual sensors to
correct for such errors and enable local navigation, but typically, acoustic
sensors have low resolution and visual sensors have limited range, especially
in turbid conditions30. Bio-inspired sensors, such as electroreceptive or
lateral line sensors, also showpromise but have limited accuracy, sensitivity,
and range. They also typically have high power consumption and large
sizes30. Electromagnetic communication and GPS signals also have limited
underwater travel distances. Lack of communication, along with unpre-
dictable water currents, makes navigation and path planning a challenge.
Various algorithms have been employed to overcome such challenges for
general AUVs, but currently, algorithms still rely on assumptions about the
AUV dynamics and surrounding environment, thus limiting their
accuracy31–33.

These challenges anddevelopments in control, sensing, andnavigation
also apply to batoid-inspired robots. Control methods used for other bio-
inspired robots can apply to batoid-inspired robots because both use a form
of oscillatorymotion for propulsion34. However, the flattened geometry and
pectoral fin-based locomotion of batoid robots require specialized methods
of control. While most research on ray robots has focused on improving
actuation and not control, nature-inspired algorithms like central pattern
generators (CPGs) have improved control of ray robots. CPGs generate a
wavelike pattern for open-loop control of oscillatory or undulatory loco-
motion based on desired parameters like speed, pitch, and yaw (Fig. 1c)35,36.
Other research has used neural networks and optimization algorithms to
improve the performance of CPGs and applied these CPGs to achieve
classical and fuzzy logic-based closed-loop control37,38.

While aquatic robots have implemented a variety of sensors, ray-
inspired robots have incorporated only a small number. Sensors used
include inertial measurement units (IMUs), gyroscopes, depth sensors, and
cameras (Fig. 1c) to control depth, orientation, and speed, and to detect and
track targets. Although such sensors have enabled closed-loop control,
expanding the sensing capabilities and combining sensingmodalities in ray-
inspired robots could improve autonomy and robustness for real-world
applications.

Because implementing autonomous navigation for aquatic robots
poses many challenges, little work has focused specifically on navigation or
path planning for ray-inspired robots. Future batoid robots with robust, 3-
dimensional, closed-loop control could implement navigation algorithms
like those developed for general aquatic robots, even though their loco-
motion methods differ.

Scope
To follow a previous review about batoid robots in 201139, this review seeks
to describe recent developments in ray-inspired robots and discuss design
aspects, components, and performance trends. We will compare actuator

type andperformance;discuss control and sensing; highlight larger trends in
locomotion mode, shape, and actuators; and suggest future directions,
including usefulmetrics to standardize reporting of ray robots. This extends
upon numerous recent reviews about aquatic robots that briefly highlight
batoid-inspired robots.

Actuation and mechanical design
Servo actuation
Servos are one of the most common actuators in ray-inspired robots. They
are used to actuate fins in four different ways.

Single-servo flexible fin. The most common design incorporates a
single driving servo along the leading edge of a flexible fin (Fig. 2a), which
passively deforms underwater following the servo’smotion. By tuning the
fin dimensions, material properties, and leading edge actuation behavior,
both oscillatory motion and undulatory motion can be achieved.

For example, one robot achieved oscillation using fins attached to
the central body at both the leading and trailing proximal corners. A
single servo actuated a thin carbon fiber rod spanning the fin’s medial
chord length, driving both pitching and heaving motions. This robot
achieved one of the highest normalized speeds of any batoid-inspired
robot at 1.4 BLs−1 40. Other robots used a similar fin structure, but
without the attachment to the robot body at the proximal trailing edge of
the fin (see Fig. 2a). With this construction, researchers tuned the fin
locomotion profile by varying the fins’ thickness andmaterial properties
to achieve two of the highest normalized speeds: 1.5 and 1.78 BLs−1 41,42.
Single servo robots have also tuned their fin material, shape, and
thickness to support undulatory motion. These undulatory robots were
modeled after benthic rays, with fins connected to their body along the
entire proximal edge (see Fig. 1ai). While slower than their counterparts
with higher fin span-to-chord aspect ratios, these robots reached speeds
of 0.35, 0.37 and 0.93 BLs−1 43–45. Both undulatory and oscillatory robots
with single servo-driven flexible fins rely in part on passive fin defor-
mation to generate forward thrust. The undulatory fins, however, might
suffer frommore deformation-driven energy losses than their oscillatory
counterparts, leading to slower normalized speeds.

The simplicity of single-servo actuated fins allows for high speeds but
lowmanipulability. Because the actuator rods lie only along the leading edge
of the fin, robots cannot generate reverse waves to travel backwards or turn
in place. Both undulatory and oscillatory robots of this type typically lack
active spanwise bending, and may be more limited in efficiency and
maneuverability19. Despite these drawbacks, single-servo ray robots offer
many promising qualities. A simpler fin design can simplifymanufacturing,
and these robots have achievedhigher speeds (up to1.78BLs−1)42 thanmany
other ray-inspired robots. Therefore, implementing single servos shows
promise as a cost-effective, efficient option for fast movement over long
distances in open water.

Multiple aligned servos. In contrast to single-servo propulsion, many
robots usedmultiple parallel servos aligned along the robot body to better
emulate batoid fin locomotion profiles (Fig. 2b). Rods of varying lengths
were attached to the parallel servos, creating a skeleton that spans the fin.
Thin, elastic material connected these rods and formed the fin’s surface.
This construction allows for actively controlled chordwise waves, in
contrast to the passive waves created on single-servo robots with flexible
fins. However, the smoothness of these actively driven waves can vary
depending on the amount of slack in the spanning material, rod spacing,
and wave speed.

An early example of a robot with this fin configuration implemented
oscillatory motion to swim at 0.8 BLs−1 using three independently actuated
rods spanned by a flexiblematerial46,47. Other similar oscillatory robots used
three48 or four49 independent rods per fin to achieve speeds of 0.96 and 0.50
BLs−1, respectively. While these robots were generally slower than many
single-servo robots,mostweremoremaneuverable andhadmoredeveloped
control.
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Intermediate and undulatory batoid-inspired robots with multiple
aligned servos swam at 0.2750 and 0.38 BLs−1 51, respectively. Circular
undulatory robots with radially oriented servos reached speeds up to 0.18
BLs−1 52 and could move in multiple directions without turning because of
their symmetrical shape. Similar to single-servo robots, undulatory multi-
servo robots typically swam slower than oscillatory ones.

Othermultiple aligned servo robots used twomotors to pitch the front
and rear of the fin at different phases53,54. Because fins on these robots were
built with a flexible skeleton, differential pitching actively generated
chordwise waves. Normalized speeds up to 1.0 BLs−1 were reached, which is
faster than any other robot withmultiple aligned servos, even though fewer
servo motors were used54. This example highlights how the added com-
plexity of multiple servos can limit robot speed. Despite this drawback,
multi-servo ray robots benefit frommore active fin manipulation, allowing
for improved control and maneuverability. Furthermore, because robots
with multiple aligned servos can control their wavenumber directly, both
oscillation and undulation locomotion modes can be realized on the
same robot.

Drivetrainsandbendingmechanisms. Batoid-inspired robots can also
use drivetrains or bending mechanisms to achieve active chordwise and
spanwise bending that is difficult to accomplish with rigid, fin-spanning
rods (see Fig. 2d, c). Drivetrains allow a single motor to actuate a set
locomotion pattern along the length of the fin, while bending
mechanisms use kinematic devices to translate a servo’s rotational
motion into active fin bending. Drivetrains have generated both oscil-
latory and undulatory motion55,56, and can integrate both spanwise and
chordwise bendingmechanisms56 without additional actuators. Though
the motion profiles of drivetrains are typically nonadjustable, they can
use fewer motors, thus improving efficiency and cost for large-scale
implementation.

Bending mechanisms can be designed to support adjustable locomo-
tionprofiles that alsobetter replicatefinmotions seen inbiological rays.Two
such robots used aligned servos along their bodies to each actuate a multi-

bar linkage bending mechanism, while allowing for variation of their fin
motion profiles57,58. One of these robots swam at 0.97 BLs−1 and achieved
rapid turning and diving rates58. Another bending mechanism uses two
perpendicular servos: one that drivesfinflapping and another that twists the
fin along its spanwise axis59,60. This design has achieved speeds up to 0.96
BLs−1 59. Other robots used a servo that drove pitching rather than twisting,
reaching speeds up to 0.17 BLs−1 61,62. This speed might be improved by
using more flexible fin materials. Servos have also been integrated directly
into bending mechanisms inside oscillatory ray-robot fins. This design was
used by a robot that could both swim at 0.3 BLs−1 and walk underwater63.
While slower than many other servo-actuated robots, this design could be
used in amphibious scenarios because of its walking ability.

To summarize, bending mechanisms in batoid robot fins allow for
normalized speeds comparable to but not as fast as single-servo robots.
Using multiple servos can increase control and maneuverability. Though
more limited in speed, the bending motion profiles more closely resemble
natural ray motion, which might improve other metrics like efficiency.

Tensegrity and cable actuation
Tensegrity, a portmanteau of “tension” and “integrity”, describes structures
held together by flexible cables connected to stiff beams. These structures
can remain stationary or change shape when their flexible cables are con-
tracted. In ray-robots, active tensegrity structures are integrated along the
fin’s leading edge (see Fig. 1dviii) and their cables are typically actuatedwith
servo-powered pulley systems. Tensegrity actuators offer high stiffness-to-
mass ratios, large active deformation potentials, and low energetic costs39.
Research on tensegrity actuators has ranged from design models39,64,65 to
physical fins and whole robot prototypes.

An optimization tool created for designing tensegrity fins65 enabled
researchers to design a tensegrity actuated batoid fin with sufficient
manipulability. A follow-up study determined that multi-cable tensegrity
designs had higher stiffness-to-mass ratios compared to those using single
cables or strut-routed cables, influencing future cable routing strategies. It
was also found that actuating the cables from a central structure near the fin

Fig. 2 | Servo-actuated batoid robots vary in complexity, and generally fall into
four categories. a Robots actuated with a single-servo for each fin41, b robots using
multiple aligned servos to achieve active chordwise bending47, c robots with complex

mechanisms using multiple servos to achieve active chordwise and spanwise
bending62, and d robots that use a drivetrain to achieve chordwise bending with two
actuators56.
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base, rather than with actuators embedded in the fin, created lighter fins,
thus decreasing energy costs and enabling faster fin movements66.

Further work developed a flexible fin from this tensegrity structure
by integrating the tensegrity beam into the leading edge66. The flexible
nature of the fin allowed passive undulations to travel along the fin’s
chord length, following actuation of the leading edge67. While only a
single fin was tested in a water tank, the fin achieved speeds of 2.5 fin
lengths per second at an actuation frequency of 1.25 Hz for over 105

cycles67. Building from this work, other tensegrity robots (see Fig. 3a)
reached speeds of 1.0 BLs−1 19 and 0.6 BLs−1 68. Both of these robots
achieved normalized speeds comparable to servo-actuated robots, and
potentially have enhanced swimming efficiencies because of the span-
wise bending nature of tensegrity actuation.

Additional work has shown further potential using multiple parallel
beams. Strategically changing the cable pretension of the beams in such afin
could tune the natural frequency of the fin to the desired actuation fre-
quency. Although changing the tension in the cables also changed the span
lengthof thefin structure byup to7%, thenatural frequency also changedby
43%. Therefore, a small change in span length could allow for a wider
tunable range for fin actuation. Reducing the tension in the rear tensegrity
beams also minimized back-to-front undulations, which improved loco-
motion by preventing forward wave propagation64. Therefore, tensegrity-
actuated batoid robots show promise with fast speeds using spanwise
bending, but single tensegrity fins are more commonly designed than
complete robots. This discrepancy could be because tensegrity fins require
more components and complex control mechanisms than servo-actuated
robots.

In contrast to tensegrity structures, cable-actuated robots alone are
simple to construct while retaining some positives of tensegrity robots.
Recent work used two antagonistic cables as one actuator, so the entire
actuator bent toward the direction of the shortened cable while the other
cable lengthened. A fin undulated similarly to benthic rays by arranging five
of these actuators along the chordof a stingray-inspiredfin69.Another cable-
actuated robot connected rigid airfoil cross-sections with cables to allow for
spanwise and chordwise bending. This robot swam at 0.82 BLs−1, com-
parable to the fastest tensegrity robots70. Overall, although tensegrity and
cable-based actuationaddcomplexity to the systems, these actuators serve as
a promising avenue to achieve both spanwise (Fig. 3b) and chordwise
bending bymimicking natural ray swimming to achieve higher efficiencies.

Pneumatic and fluidic actuation
Instead of servos, many batoid-inspired robots use air or fluid pressure to
actuate along the leading edge of the fin, multiple locations along the chord,
or built-in soft robotic pads that allow active spanwise and chordwise
bending. Pneumatic robots generally exhibit flexibility and compliance
because of the air compressibility, but are also usually tethered to an external
fluid supply that limits the robots’ potential reach.

Early designs incorporated a soft, tube-like actuator along the leading
edge of the robot fin. This actuator had awall dividing the actuator, creating
two separate cavities with varied air pressure to bend the tube. One 15 cm
length robot swam at 0.67 BLs−1, demonstrating the fastest instance of a
pneumatically powered robot71. While relatively slow, this robot showed
how pneumatic actuation can be effective at small scales. Another robot
used a pneumatic actuator to bend a flexible rib embedded in the leading
edge of a cast silicone fin (Fig. 4a). The actuator contractedwhen its internal
air pressure increased, storing energy in the bent flexible rib while bending
the leading edge of thefin upward. After the actuator relaxed, theflexible rib
moved downward toward its initial state, completing a fin oscillation for
every contraction cycle. This actuator was implemented in multiple itera-
tions of a robot, which achieved speeds up to 0.5 to 0.6 BLs−1 with the
addition of a passive flexible trailing edge72.

Other pneumatic robots used more than one actuator per fin, such as
one constructed by Urai et al. that had ten pneumatic fingers to drive slow
undulatorymotion at 0.08BLs−1. Eachfinger contained six tendon-actuated
joints, actuated by pneumatic pistons, which allowed the fingers to actuate
adaptively when in contact with an obstacle73. More recently, soft robotic
pads allow bending in both spanwise and chordwise directions (see
Fig. 4c)74. These pads cover the majority of each fin, with passive flexible
flaps on the trailing edges. Initially, durability issues prevented repeated use
of the pad at higher fluid pressures, but wrapping the pad in fiber helped
mitigate these issues. By changing the locations of the fabric, the pad could
also be built to flex in different directions. An untethered robot using these
pads swam up to 0.34 BLs−1 at 0.25 Hz with a maximum propulsive effi-
ciency of 21%74.

Nevertheless, themajority of such robots require tethering,which is the
most substantial challenge for pneumatic and fluidic batoid robots. Many
use cases require traversing large distances, making tethered robots difficult
to use. Therefore, while the soft robotic pad robot may have a lower nor-
malized speed than other pneumatic and fluidic ray-inspired robots, the
ability tomove without a tethermaymake this design style more promising
for some future applications. Another challenge for larger pneumatic and
fluidic robots is increase in time that larger fluid volumes take to pump,
which can slow actuation frequency and limit robot speeds at larger sizes74.
However, the ability to achieve spanwise and chordwise bending motion
could improve swimming efficiency.

Tissue actuation
Another method takes further inspiration from biology by incorporating
livingmuscle cells as the actuators of batoid-inspired robots using electrical
or light stimulation. However, because muscle cells require specific
laboratory conditions to remain viable, tissue-engineered robots are con-
strained to swimming inside cell media and limited in size, orders of
magnitude smaller thanother ray-inspired robots.Thebiologyof themuscle
cells also limits actuation frequency and range of motion, although this

Fig. 3 | Tensegrity actuators create large spanwise bending motions. Servos drive the movement of tensegrity beams, which a lie along the leading edge of the fin19 and
b create large bending angles19.
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could potentially be addressed in the future to be more comparable to
muscles in biological rays.

One example of a tissue-engineered robot (Fig. 4b) used a ring of
mammalian cardiomyocytes (built at a single cm scale) stimulated by four
sets of external opposing plate electrodes in a circular 100mm Petri dish.
The cardiomyocyte ring deformed a polydimethylsiloxane skeleton, which
stored and released energy upon muscle relaxation75. This cycle drove fin
flapping to result in forward motion at 0.0054 to 0.0078 BLs−1, a low speed
compared to other types of ray robots75.

Another tissue-engineered robot used rat cardiomyocytes stimulated
by light rather than voltage potentials76 tomimic the undulatorymotions of
benthic rays, sequentially contracting to form a traveling wave. The robot
traveledat anaverage rate of 0.09BLs−1 over 250mm,andwas able to turn at
a rate of 2° s−1 by changing the intensity of light asymmetrically76.

With the emergence of tissue engineering for biohybrid robots, future
research can work toward creating free-swimming robots using biological
muscle actuators. Compared to other batoid-inspired robots, tissue-
engineered robots were much smaller and achieved slower swimming
speeds, but still remained untethered during free swimming. Despite slower
speeds, their velocities were still close to those of animals at comparable
scales76. However, a remaining challenge is to develop tissue actuators that
can survive outside of laboratory conditions andpotentially operate at larger
scales.

IPMC actuation
IPMC actuation is another method of soft actuation applied in ray-
inspired robots. These actuators function using an ion-exchange
membrane sandwiched by thin rare metal electrodes. Voltage applied
across the electrodes causes hydrated cations to move towards the
anode, simultaneously expanding the anode side and contracting the
cathode side to bend the structure (Fig. 1diii)77. A previous review
discussed IPMC-actuated ray-inspired fins prior to 201178, which
include an undulatory counterbalanced fin that swam at 0.241 BLs−1 77,

multi-modal robot that swam at 0.053 BLs−1 79 (see Fig. 5c), and oscil-
latory robot at 0.067 BLs−1 80.

While this research showed that IPMCs could be used for different
modes of actuation, IPMC has not been commonly used in ray-inspired
robots. Nonetheless, one recent tethered robot combined multiple long
IPMC actuators and shape memory properties to shift between oscillatory
and undulatory motion81. Although no swimming speeds were reported,
this robot demonstrated how combining multiple types of actuation could
lead to more versatile robots.

Therefore, IPMCs offer a functional mode of actuation at smaller
scales, although robots using these actuators are generally slower compared
to other batoid-inspired robots.

SMA actuation
SMA actuators work by laying SMA wires on an elastic substrate. When
current is run through the wires, the SMA heats, changes shape, and bends
the fin (see Fig. 1dvi). These systems produce a relatively high force output
using simple construction, but also rely on cooling to return to their initial
state which limits actuation frequency82.

The first SMA actuator-driven ray robot was designed in 200283, with
improvements made in 2009 to achieve speeds of 0.43 BLs−1 by using an
SMA actuator on the leading edge of the fin to generate oscillatory loco-
motion (see Fig. 4d)84. A similar project achieved a normalized speed of 0.36
BLs−1, and also used tuning of fin materials to achieve both oscillatory and
undulatory locomotion82. Limited actuation frequencies resulted in rela-
tively low normalized speeds, but SMA-actuated robots may be useful at
smaller scales or incorporated into other forms of actuation81.

DEA actuation
More recent development of smaller-scale ray robots has focused onDEAs,
which involve a dielectric elastomer sandwiched by two flexible electrodes
(see Fig. 1dii)85. When a voltage is applied to the electrodes, the Maxwell
stress attracts the two electrodes and expands the elastomer85, which

Fig. 4 | Batoid robots also use various non-servo actuator types. a Pneumatic
McKibben actuators120 and b tissue engineered robots75 both can be powered by
contracting artificial or real muscles that store energy in a semi-rigid frame used to

drive locomotion. c Robots using fluidic pads74 and d SMA actuators84 both exhibit
slower actuation frequencies because of fluid and temperature system `inertia’.
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translates to flapping motion using dielectric elastomer minimum energy
structures (DEMES)85.DEMESare built by pre-stretching the elastomer and
excising an elliptical shape, which forms a bent minimum-energy structure
when the stretching force is released. When a high voltage is applied, the
elastomer expands toward an unbent configuration to allow repeated
bending85.

In 2020, researchers implemented DEA locomotion by modifying
DEMES for aquatic environments. Because bare electrodes short circuit
in saltwater and additional insulation decreases flexibility and perfor-
mance, each electrode was sandwiched between two layers of dielectric
elastomer and grounded using the surrounding water. A small-scale
(55 mm length, 8.4 g) tethered robot built with these actuators achieved
30° of spanwise bending actuation to swim at 0.71 BLs−1 using a simple
manta-like flapping motion, faster than SMA or IPMC-actuated robots
at similar scales85.

A soft deep-sea robot using a similar DEMES actuator was deployed
successfully in the Marianas Trench at a depth of 10,900m (see Fig. 5a)86.
This robotwas builtwith decentralized electronics and adielectric elastomer
(DE) designed for high-pressure, low-temperature environments86. While
swimming speed decreased with increasing depth, even at a depth of 8m,
the robot swam at only 0.34 BLs−1 using a simple oscillatory flapping
motion. Nevertheless, this demonstrates the potential to use DEAs in free-
swimming robots and in extreme environments where other actuators
might fail.

Furthermore, two robots used a single DEMES in the center of a
manta-inspired flexible structure for actuation to achieve speeds of ~287 and
0.58BLs−1 88, but bothwere tethered and relatively small (~587 and15 cm88 in
length, respectively). The body structure also did not have a central hub for
electronics or incite turning. However, because the robots had larger
DEMES relative to body size, these robots showed high speeds at small
scales.

Finally, themost recentworkwithDEAray-inspired robots focused on
improving control rather than swimming speed. Instead of using DEMES,
two stacked traditional DEAs were contained in a flexible tube within a
flexible fin (see Fig. 5b), allowing for increased bending (up to 48°) by
activating opposing DEAs89. Using bidirectional flapping, the robot
achieved a swimming speed of 0.76 BLs−1 and turning speed of 17.1° s−1 89,
demonstrating that DEAs can be used to build more maneuverable robots
with simpler manufacturing methods, compared to pre-stretching.

So far, these robots have only implemented oscillatory locomotion, but
increasing the number of actuators could allow for undulation in the future.
However, DEAs do require high voltages (from 2.685 to 10 kV87), which has
limitedmost DEA robots to tethered applications. DEA-actuated robots are
also limited in size (5 to 11.5 cm in length), with the larger two examples
having the slowest speeds (0.5888 and 0.34 BLs−1 86). Nevertheless, DEAs
have shownconsistentperformance invariablepressures, temperatures, and
salinities, demonstrating great potential in variable or extreme
environments86,87.

Electrohydraulic (HASEL) actuation
Recently developed HASEL actuators (see Fig. 1dv) work by sandwiching
one part of a fluid packet between two electrodes and applying a voltage
across the electrodes. The fluid is pushed into the remaining pocket, which
expands themembrane outward and causes contraction along the length of
the actuator24 (see Fig. 5d). HASEL actuators require high voltage and
produce relatively low forces, but allow fast and repeatable contractions that
mimic natural muscles90. By using a liquid dielectric, HASEL actuators can
also allow for self-healing from electrical damage90. Previously, a HASEL
manta-inspired robot (5.05 cm long) achieved a swimming speed of 2.22
BLs−1 and a turning speed of 96.4° s−1, by attaching the actuators to a rigid
arm with a passively flexible fin and using a novel encapsulation method to
improve aquatic performance24. Although this robot was tethered, its high

Fig. 5 | Batoid-inspired robots also use various electrically driven actuators
composed of two electrodes that sandwich another material. a pre-stretched DEA
actuators86, b tube DEA actuators89, c IPMC actuators125, and d HASEL actuators24.

Many of these actuators operate at a similar scale of 5–15 cm in length and achieve
simple oscillatory locomotion.
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speed and maneuverability is promising for the development of future
HASEL-actuated ray robots.

Ray robot control and sensing
The control of ray-inspired robots is challenging, especially when spanwise
and chordwise bending are both incorporated. Most work has thus focused
on actuationmethods and only use open-loop control to generate amotion
profile and perform turns. However, some researchers have developed
closed-loop control of ray-inspired robots based on depth, velocity, and
angular velocity measurements, which have been refined through different
algorithms to optimize control. Additional work has focused on sensing,
using optic flow or other visual sensing to increase autonomy.

Open-loop control
Motion profile generation varies in complexity because actuators have
different levels of precision to track motion profiles. Most studies that
involve one actuator per fin have used either a square wave or sinusoidal
oscillator to elicit propulsion. One example of a square-wave input is a
HASEL-actuated robot24, which implements an open-loop control scheme
used in many soft-robotic actuators because complex actuation dynamics
limit the ability to usemoreprecise actuation. In contrast,many single-servo
robots are easier to model and use sine wave oscillators for motion
generation41.

Actuation beyond the use of a single oscillator is mostly limited to
robots that use multi-servo actuators on each fin. Their motion profiles are
designed to align closely with natural ray locomotion and generally allow
more maneuverability. While single-servo actuated robots can achieve
speed control and some level of pitch and yaw control, the use of multiple
actuators allows for more direct control.

Velocity control depends onmaximum tip speed, which varies with fin
stroke amplitude and frequency91. Therefore, both single- and multiple-
actuator fins can control this parameter. In contrast, yaw is accomplished
using differential amplitudes and a chordwise phase difference between the
two fins92. While amplitude difference alone can achieve yaw rotation, such
rotation is relatively slow and accompanied by a body tilt and spiral
descent92.

Using a switching approach, single-actuator robots can achieve yaw
rotation at a slow pace. However, yaw control based on differential chord-
wise phase can perform faster yaw rotation by inverting the phase along one
fin, thus reversing the direction of propulsion on that side92. While this
method can overshoot, quicker yaw rotation is accomplished. Depth or
pitch control is commonly achieved using tail fins36 or buoyancy control
systems46,63, which use pumps to change the volume of internal water or air
to modulate buoyancy.

Typically, CPG networks can be implemented to achieve motion
profiles necessary for speed, pitch, and yaw control by varying oscillations in
chordwise bending. A CPG network is an open-loop control scheme based
on biological neural networks for oscillatory animal movement93, and
operates by taking the desired amplitude, offset, frequency, and phase dif-
ference between each actuator as inputs to a dynamical system, and return a
joint angle at each time step in order to control motormotion93. CPGs offer
multiple advantages, including direct relationships between inputs and
outputs (such as velocity and attitude)35. As a dynamical system, the output
oscillation can respond smoothly to both continuous and instantaneous
changes in input to return to a nominal state after disturbances91. Fur-
thermore, the ability to vary the periodic oscillating function continuously
allows increased robustness and capability for multi-modal locomotion93.

For ray locomotion, CPGs present specific advantages. Generation of a
wavelike motion profile with phase offsets enables both undulation and
oscillation through chordwise bending, and the relative simplicity allows
discretization and implementation with a microcontroller for free
swimming93. Because of these benefits, many researchers have developed,
implemented, and improved CPG network open-loop control for ray-
inspired robots46,47,94. Additional work further developed and implemented
CPG control on an oscillatory manta-based robot using depth, yaw, and

velocity as inputs35. A similar system achieved closed-loop control91 thatwas
later optimized38, and other studies demonstrated CPG-based control of an
undulatory robot95.

Another ray-inspired robot used CPG-based control to achieve both
flapping and gliding in a ray-inspired robot96. In nature, oscillatory rays
often glide with a positive dihedral (fins angled upward, rather than hor-
izontally) while turning18,97, between strokes19, or passing through waves21.
Gliding with a positive dihedral provides passive stability in roll21, mini-
mizing the effects of disturbances like waves to potentially stabilize rays
during turning.Additionally, glidingwhile turningor between active strokes
might improve efficiency because of decreased muscle use. Therefore,
adding gliding to roboticmotionprofiles could increase passive stability and
improve efficiency.

Closed-loop control
While much progress has beenmade in open-loop control, few robots have
implemented closed-loop control, which is particularly difficult because the
flexible nature of thefins and complexity of the hydrodynamic environment
make ray-inspired robots strongly coupled nonlinear systems36.While some
modeling has been done on such systems, thesemodels reflectmore natural
batoid anatomy and have not yet been applied to robot control27,98–100.

One popular method for ray robot control is fuzzy control, which
avoids the difficulty of modeling such systems by decomposing input
variables into separate regimes and using fuzzy logic rules to generate
control outputs. One robot achieved response times as fast as 2 s for an
angular heading disturbance of 48° through fuzzy yaw control91. Later work
further improved fuzzy depth control by implementing Takagi–Sugeno
fuzzy control neural networks. This control method involved a neural
network that was trained using locomotion data drawn from robot testing.
Then, the trainednetworkused sensory input to generate required actuation
angles and phase differences. These numbers served as inputs for a CPG,
thus allowing closed-loop control37,101.

In addition, other closed-loopmethods have been used. An example is
shown in one robot, which switched between controlling yaw by varying
phase difference and amplitude to achieve fast turning with minimal
overshoot92. Another robot used a dynamic controller that input propor-
tional, velocity, and differential, in addition to a fuzzy controller, to vary
controller parameters.

Sensing
Current work on ray-inspired robots has focused mainly on propulsion
rather than sensing. Consequently, few batoid robots have implemented
sensors, and those that do typically only use depth sensors, gyroscopes, and
IMUs36,91,92. Other batoid robots have incorporated laser distance sensors to
measure robot pose relative to the sides and bottom of testing tanks36,101.
These four types of sensors give informationonposition (depthanddistance
to walls), velocity, and angular velocity, which can be integrated to deter-
mine angular position. Batoid robots have used these sensory inputs for
closed-loop control, i.e., heading (yaw), depth, and velocity. As discussed in
the previous section, these desired control outputs are achieved by con-
trolling flapping frequency, flapping amplitude, and phase offset between
actuators for CPG-based motion.

Otherworkhasusedcamerasnot only forpose estimationbut alsopath
tracking. One study used a gimbaled camera to estimate the position of a
simulated oscillating ray robot by measuring optic flow102. Another robot
implemented a color-based binocular camera system that was adjusted for
underwater operation to detect and track targets. Using the target position,
the robot achieved trackingusingmultiple controlmodes.The systemused a
nonsingular, terminal, slidingmode controller based on conventional AUV
dynamics models to output the desired yaw moment based on the angular
offset of the target. For distance control, the robot used a proportional-
integral-derivative controller to output the speed required to follow the
target. The robot then converted desired yaw moment and speed into
flapping amplitude and phase offsets using a fuzzy inference system103. This
exemplifies how ray-inspired robots equipped with advanced sensing can
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perform increasingly autonomous actions. The additionof ahigherquantity
and diversity of sensors beyond cameras could allow for increased naviga-
tion robustness and better allow batoid-inspired robots to independently
navigate ocean environments.

As batoid robots are deployed, the typeof sensors used are important to
how such robots can effectivelymonitor ocean environments.While not yet
used in the field, one robot was fitted with a camera and lights for the
purpose of exploring the seafloor, demonstrating another use for cameras
on batoid robots63. Temperature, salinity, chemical, or other types of sensors
equipped on future batoid robots in the field could provide additional
environmental data.

Discussion
Field progression
Since the most recent review paper on ray robots78, batoid-inspired robots
have gained popularity. While some robots have demonstrated faster
speeds, maximum normalized speeds have not increased substantially
(Fig. 6) because much focus has sought to implement novel actuators,
improve control algorithms, or emulate natural ray motion, instead of
outperforming previous swimming speeds. For example, one paper dis-
cussedhow the constructed robotfixed errorswith imbalance and improved
control, while maintaining a similar speed46,104. Of the 47 robotic rays we
reviewed, most were untethered (Table 1); however, many pneumatic,

HASEL, andDEArobots remain tethered to supplyfluidorobtainnecessary
high voltages. While tethered robots have many applications, some uses for
batoid-inspired robots might require free swimming, which is a promising
area of future research using more recent actuator classes.

Oscillatory and undulatory locomotion
Both oscillatory and undulatory locomotion patterns involve spanwise
and chordwise displacements— however, more waves are present along
the fin’s chord length in undulatory motion compared to oscillatory
motion. Rays have been categorized as undulatory when at least one full
wave is present along their fin chord and oscillatory when at most half a
wave is present along their fin chord, though a full spectrum of wave-
numbers has been observed for this group of fish17,105–107. In terms of
locomotion modes, oscillatory robots and fins are more common than
undulatory ones, as listed in Table 1. Perhaps this trend is present
because of the desirable abilities of oscillatory biological rays (efficient,
fast cruising and greater lift generation)108 although another factor
could be the decreased complexity of oscillation over undulation. To
achieve a high wavenumber required for undulatory motion,
researchers must either tune the material of the robot’s fin for passive
undulation or use multiple actuators along the entire fin chord length
for active motion. Each of these cases leads to increased fin complexity
compared to oscillatory robots.
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Table 1 | Batoid-inspired robot tethering and locomotion modes

Actuator type Robot count Oscillatory Undulatory Multi-modal Untethered Tethered

Servo 27 19 7 1 19 8

Pneumatic/Fluidic 4 3 1 0 1 3

Tensegrity 3 3 0 0 3 0

Tissue engineered 2 0 2 0 2 0

SMA 2 1 0 1 2 0

IPMC 3 1 0 2 2 1

HASEL 1 1 0 0 0 1

DEA 5 5 0 0 1 4

Total 47 33 10 4 30 17

Of the 47 total robots reviewed, 70%were oscillatory, 21%were undulatory, and 9%weremulti-modal. 64%were untethered and 36%were tethered. Details regarding locomotionmode and tethering of
each robot, along with citations, can be found in Supplementary Table 119,24,40–42,44–56,58,59,61–63,68,70,71,73–77,79,80,82,84–87,120–124.
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Oscillatory and undulatory biological rays also differ in their fin
anatomy. The skeletal structure of biological ray fins consists of many
jointed, radially oriented, cartilaginous bones called radials. The joints
between these individual radial bones only bend ~15°, though biological ray
fins still have a large range of motion thanks to the high quantity of joints
present in their fins. Additional fin flexibility is modulated by the bendable
nature of the cartilaginous fin radials, each calcified in varying amounts and
orientations to control radial flexibility. Cross bracing between the radials
also exists in some ray species (mainly those which use oscillatory loco-
motion), providing another means of controlling fin flexion. Together, the
joint arrangement, radial calcification, and cross bracing— each present in
varying amounts across the fin— reinforce ray fins in areas which support
large loadswhile still enablingflexibility in other areas that need it. Trends in
the arrangement of these skeletal features have been observed as a function
of locomotion profile: oscillatory rays have cross bracing and increased
calcification in themedial portions of theirfins compared to undulatory rays
which usually do not exhibit cross bracing109.

Fin shape is also correlated with the locomotion mode28. In nature,
oscillatory batoids are largely pelagic and spendmore time cruising in open
water compared to undulatory species17. This pelagic lifestyle involves tra-
versal of large, openareas, especially duringmigrationwhere raysmay travel
thousands ofmiles110. Because of this, these pelagic rayswouldbenefit froma
morphology and locomotion profile that minimizes drag while efficiently
producing the thrust needed to cruise for long distances in open water. To
support these swimming abilities, oscillatory rays usually have more swept
back fin tips and triangular fin shapes with higher aspect ratios (above 2.6)
compared to undulatory rays28. This fin planformmorphology is thought to
enhance lift-based thrust production while minimizing induced drag near
the fin tips111,112— however, recent experiments found that the leading edge
sweep angle of flexible, batoid inspired fins does not significantly affect the
thrust generation113. Oscillatory rayswith high aspect ratiofins also perform
banking turns at larger angles than their undulatory, lower aspect ratio
counterparts, allowing oscillatory rays to maneuver more adeptly in the
open water column18,28. Conversely, undulatory rays exhibit the ability to
turn in place, supporting their tendencies to live along the seafloor7,18. These
batoids generally have smaller aspect ratios and flatter profiles to reduce
drag in chaotic environments like tidal areas and streams, and maneuver
along the bottom surface and complex environments21,28.

To compare,most batoid-inspired robot papers do not report the exact
planform area to calculate an accurate aspect ratio — defined as the disc
width squaredover theplanformarea (W2/A).However,most do report disc
length and width to give a similar metric of disc width over disc length
(W/L). Using the width and length measured from multiple natural ray
species28, we calculate the mean W/L for both oscillatory and undulatory
rays to determine the boundary between aspect ratio regimes, in which the
standard deviation to each mean is equidistant. As shown in Fig. 7a, this
boundary exists at ~1.35.

Most ray-inspired robots also follow this trend (Fig. 7b) with some
exceptions. One undulatory tissue-engineered robot had a higher aspect
ratio than expected; however, tissue-engineered robots are on a smaller
scale of ~1 cm in length, and demonstrate the potential of real muscles
as actuators rather than focus on locomotion. Another discrepancy is
that some oscillatory robots exist below the boundary; however, these
are relatively close to 1.35, and could be because of different design
choices. However, either by mimicking natural rays or through optimal
testing, batoid robots follow similar trends to natural rays regarding
aspect ratios for undulatory versus oscillatory locomotion. Thus, when
designing robotic rays, this pattern should be considered when deter-
mining robot aspect ratio because oscillatory rays seem to benefit from a
higher span-to-chord aspect ratio, and undulatory rays benefit from
lower aspect ratios.

Further, while undulatory batoids generally exist on the seafloor or in
more chaotic environments, batoid-inspired undulatory robots are com-
monly tested in still, open water. Future research could thus test undulatory
versus oscillatory batoid robot performance near floors and in moving

water, to compare to performance in open water to better understand the
benefits and drawbacks of undulatory locomotion.

There also exist multi-modal robots, which strive to achieve both
modes of locomotion; the existence of a boundary aspect ratio suggests an
ideal target for suchmulti-modal robots, as demonstrated in one robot near
this boundary. However, future work could expand on this by testing var-
ious aspect ratios or shifting between different surface profiles to workmore
efficiently in each regime.

Comparisons of actuator types
When comparing the normalized speed of robots relative to body size,
different actuators typically operate in distinct regimes. As seen in Fig. 8,
tissue-engineered robots generally operate on amuch smaller scale (~1 cm)
than other robots, with smaller normalized speeds because of biological and
design limitations to incorporate muscle cells, as well as the increased effect
of skin drag in Stokes flow. This provides a challenge to compare to other
actuators, which do not operate at this size.

Increasing in size, another set of ray-inspired robots occurs between
CLs of 5 and 15 cm. At this scale, robots are most commonly driven by
electrostatic actuation, such as IPMCs, DEAs, and HASELs, as well as
slightly larger SMAs. To compare, IPMCs have the lowest normalized
speeds, likely because of their limited actuation frequencies and deflections
(Fig. 8a). SMA actuators perform better, but also have a limited speed
because of their limited actuation frequencies. For both SMA and IPMC
actuators, the lower bandwidths are reflected in the lowermean frequencies
(mean 0.67 Hz) compared to other (DEA and HASEL) small-scale elec-
trostatic robots (mean 3.2 Hz).

Recently, small-scale robots have shifted from IPMC and SMA actua-
tors to DEAs or HASELs (see Fig. 6). In addition to relatively low manu-
facturing complexity, DEAs also produce relatively large deflections that
contribute to larger normalized speeds among small-scale robots85.However,
DEAs require high voltages, have a lowdriving force, and typically have to be
pre-stretched which increases manufacturing complexity24,85. While still
requiring large voltages, HASEL actuators combine fluidic and electrostatic
actuation to enable fast responses and large strains, low noise, and simple
manufacturing24,90,114. For example, a HASEL-actuated ray robot showed a
higher normalized speed compared to all other small-scale robots covered in
this review.While this robotwas tethered andhad limitedmanipulability, the
high performance of HASELs suggests their utility in future ray-inspired
robots, especially as these actuators are further developed.

Servo-driven and pneumatic robots also exist at or near these small
scales. Small servo-driven robots are all larger than15 cm inCLandperform
relatively poorly (less than 0.4 CLs−1) compared to larger scale servo-based
robots, likely because of power limitations. In contrast, a small-scale
pneumatic robot has a greater normalized speed (greater than0.7CLs−1) but
remains tethered, with no pneumatic actuators onboard.

At larger scales (CL > 35 cm), ray-inspired robots are either servo-
driven, tensegrity-driven, or pneumatic/fluidic. Pneumatic-driven robots
possess the slowest normalized speeds, less than 0.4 CLs−1. The largest
fluidic robot’s pumps were limited in volumetric flow rate which reduced
the maximum frequency of the robot, thus limiting thrust74 and demon-
stratinghow largerfluidics robots are limitedbyhaving tomovegreaterfluid
volumes. This effect is demonstrated in the three oscillatory pneumatic ray
robots in Fig. 8a, which decrease in normalized speed with increasing size.
Servos make up the largest group of large-scale ray-inspired robots because
of their higher power output and better precision relative to other modes of
actuation. Servo-actuated ray robots vary in complexity and mode of
implementation, in which there is a tradeoff between complexity and nor-
malized speed. Robotswith the highest normalized speeds (above 1.2CLs−1)
have only one servo per fin, whereas even the fastest robots with more
complex motion only reach 0.8 CLs−1 (Fig. 8b). While complexity might
hinder performance, additional actuators enable more precise control and
maneuverability, considering all batoid-inspired robots that have imple-
mented closed-loop control have used multiple actuators per fin. This dif-
ference suggests that single-actuator robots may be more useful in open-
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ocean environmentswherehigh speeds are preferred andmaneuverability is
not necessary. In contrast, robots with more actuators may be better suited
to navigate more complex environments where high maneuverability is
required. Tensegrity-based robots also fit this trend and perform compar-
ably to the fastest multi-servo actuated robots. Their use of spanwise
bending could potentially improve efficiency and could be investigated in
future work.

Additionally, biological rays outperform current ray-inspired robots
(see Fig. 8a). This suggests that mimicking ray movement, structure, and
control could further improve the normalized speed for robots.

Performance gaps and limitations
Whencomparingnormalized speed (CLs−1 versusCL) in all batoid-inspired
robots (see Fig. 8), a few trends emerge. Ray-inspired robots only exceed
speeds of 0.5 BLs−1 in two regimes: at smaller scales (CL of 5 to 15 cm)
dominatedby electrostatic actuators, and a larger regime (CLof 35 to 75 cm)
dominated by servos and tensegrity-actuated robots. The actuator diversity
in each regime suggests that electrostatics perform better at smaller scales,
while servos perform better at large scales. This relation corresponds with
electrostatic versus electromagnetic scaling laws (electrostatic forces scale
with length2 and thus performbetter at smaller scales, while electromagnetic
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the mean of each group (1.07 for undulatory and 1.73 for oscillatory) by the same
number of standard deviations (standard deviation of 0.142 for undulatory and 0.192
for oscillatory). b The speed versus W/L ratio of various batoid-inspired robots shows
distinct aspect ratio regimes for undulatory versus oscillatory locomotion. The 1.35
boundary seen in natural rays is shown, which also separates the approximate regimes
for robot locomotion17,19,24,40–42,44–56,58,59,61–63,68,70,71,73–77,79,80,82,84–87,120–124.
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forces scale with length4 and are more effective at larger scales)115. The
presence of these two regimes also reveals a gap in ray-inspired robot
construction: no high-performing robots exist within the 15 to 35 cm CL
range. This gap is not likely due to hydrodynamic conditions becausemany
biological rays in this region have speeds exceeding 1.5 CLs−1 (Fig. 8a).
Therefore, actuator limitations might affect robot size toward this diver-
gence, or a research gap exists at this intermediate scale.

Another trend is that for larger-scale robots, normalized speed
decreases with size above a CL of ~60 cm, and no robots over 70 cm in CL
exceed a speed of 0.6 CLs−1. This could indicate another knowledge gap or
limit in actuation because of the high torques required. The batoid robots at
these scales exclusively use oscillation, in which the lift-based thrust is
proportional toU2

f � L2,whereUf is thefin speed, assumingwing area scales
with length squared. Uf scales with the f� A (frequency times amplitude)
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Fig. 8 | Batoid-robot size and actuator type influence normalized speed.
a Normalized speed (in CLs−1) versus CL shows differing levels of performance for
different actuator types. These include tissue engineered (green), IPMC (pink), and
SMA (yellow), with slower speeds at small scales, while DEA (dark pink) and HASEL
(red) performed well at small scales. Tensegrity (blue) performed well at larger scales,
pneumatic (orange) performed better at smaller scales, and servo (white) performed
well primarily at larger scales. Biological rays (black) performed better than all ray-
inspired robots. There is a gap in performance betweenCL=15 to35 cm, as seen in the
grey section. There is also an upper bound (black dashed boundary) on robot

performance because of servo limitations. Characteristic length (CL) is defined as
WidthþLength

2 to account for discrepancies in aspect ratio between robots. bNormalized
speed (CLs−1) versus CL for different servo actuator mechanisms, including a single-
servo along the leading edge (SSLE), multiple aligned servos (MAS), and multiple
servos with complex bending mechanisms (MSCB). Less complex single-servo robots
show highest maximum speeds, indicating a tradeoff between complexity and per-
formance. No drivetrain servo-driven robots reported sufficient data for inclusion in
this plot17,19,24,40–42,44–46,58,59,61–63,68,70,71,73–77,79,80,82,84–87,120–124.
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because the vertical velocity correlates to the lift produced in the propulsive
direction. Thus, the propulsion scales with f 2�A2�L2. The drag on the robot
scales with U2�L2, where U is the velocity of the robot, assuming the cross
sectional area scaleswith length squared. Setting the thrust equal to the drag,
the relationU ~ f�A emerges to state that the speedof a robot is proportional
to thefin tip speed f�A, consistentwith the literature35.While robots differ in
structure and efficiency, themaximumachievablefin speed for a given robot
relies on the maximum torque that the actuators provide, as faster fin tip
speeds correlate to larger forces on the fins.

Additionally, most ray-inspired robot papers test a variety of condi-
tions and report the maximum speed, but for larger and higher performing
robots, speed or thrust is shown at different amplitudes and
frequencies40,42,46. Eachof these cases reports consistently that speedor thrust
increases with both amplitude and frequency. However, for the highest
amplitudes and frequencies, there are diminishing returns for further
increasing amplitude and frequency inputs, which indicate a limitation on
actuation speed because of viscous resistance (Fig. 8a). This observation is
further substantiated as multiple works mention actuator torque
limitations35,42,46. Because the maximum normalized speed of robots
decreases at larger sizes, and actuators are themain constraint onmaximum
speed for a given construction, larger robots are constrained by actuator
limitations that reduce speed.

This trend is also substantiated by the finding that servo actuator
torque scales withmass116. To illustrate, the constraint on normalized speed
relative to size can be expressed by relating the scaling of hydrodynamic
forces on thefin and actuator output forces.Hydrodynamic forces on thefin
scale with L2�U2, from drag and lift, where the free stream velocity U is the
speedof the robot.Asdiscussedpreviously, for pectoralfin locomotion, both
spanwise and chordwise lengths are relevant to propulsion; thus, the length
used is the designatedCL. Because servo actuator torque scales withmass116,
we can relate the torque required to actuate the fin to implement a given
speed to themaximum torque output of a servo for a given robot. Assuming
mass is proportional to L3, reasonable for servos constructed with similar
materials, we can obtain the relation CL3 � U2 ¼ C � L3, where C is a
constant and anotherCL is added to the left side to convert force to torque.
This results inU2 =C, orU =K, whereK ¼ ffiffiffiffi

C
p

. The constantK changes for
each robot because of servo quality and the efficiency towards which torque
is transmitted into thrust differing among robots. However, choosing the
robot with the highest thrust-to-torque ratio40, we can plot a curve for speed
normalized by CL, U

CL ¼ K
CL. This curve shows a general upper bound on

normalized speed relative to size for batoid-inspired robotswith servo-based
actuation (Fig. 8a).

This potential upper bound illustrates how normalized speed could be
limited by actuator performance at large sizes, and sets a target for the
development of fins with improved hydrodynamic efficiency and actuators
with better performance. Furthermore, while other forms of actuation lie
within these bounds, other actuators may scale differently with size and
perform better than servos at larger scales. Actuation at larger scales should
be investigated to increase swimming speeds for the potential to cover larger
areas for ocean monitoring and mapping.

Control and sensing
Open-loop control has been extensively developed for simple oscillatory
robots using sinusoidal fin motion. The use of asymmetric oscillators
and CPGs in addition to open-loop control have further aligned robot
locomotion patterns with biological ray motions. Though less prevalent,
closed-loop control of ray-inspired robots has achieved lower error in
both yaw and depth modes: rise times as low as 3.5 s and 2.5 s have been
achieved for a 90° disturbance in yaw and a 35 cm disturbance in depth
respectively91,117.

Even with these achievements, there are still limitations to the controls
implemented in ray-inspired robots. Robots with more developed control
do not yet reach the speeds achieved by simpler single-servo robots. Fur-
thermore, though closed-loop depth and heading control have been
demonstrated for ray-inspired robots, closed-loop velocity control hasn’t

been implemented, possibly because of the variable nature of batoid
propulsion.

Closed-loop control is also generally limited to fuzzy control and
generally does not take into account the dynamics of the system. While
system dynamics are difficult to calculate because of flexible finmotion and
added mass effects, some estimation beyond fuzzy logic could improve
response times and reduce error. Many papers have developed dynamic
models of batoid locomotion to study locomotion hydrodynamics27,98–100,
but these models have not been utilized to develop control schemes for
robots. Biological ray motion involves active spanwise bending20; however,
manybatoid-inspiredrobots that do implement control lack active spanwise
bending, limiting their ability to use previously developed dynamic models
of batoid locomotion. Instead, most rely on flexible rods to achieve passive
spanwise bending, therefore utilizing a locomotion mode not entirely
analogous tonatural raymotionandnot capturedby correspondingmodels.
This discrepancy presents a direction for future research in applying batoid
swimming models to control of robots and implementing active spanwise
bending capabilities.

Neural networks and machine learning methods have also improved
ray-inspired robot control. For example, batoid robot motion patterns have
been optimized by genetic algorithms and particle swarm optimization to
improve open-loop control96,118. Other batoid robots that used
Takagi–Sugeno fuzzy control neural networks in combination with CPGs
for closed-loop control achieved depth tracking, course correction37, and
path followingover a sloped surface101. Futureworkcoulduse advancements
in machine learning-based control in other AUVs, such as approximating
unmodeled hydrodynamic forces, to develop more comprehensive batoid
robot control systems119.

While both open and closed-loop control configurations exist for ray-
inspired robots, few forms of sensing have been applied to such systems -
beyond IMUanddepth sensing, onlyoptical sensinghas been implemented.
Additional modes of sensing, such as acoustic or bioinspired sensing, could
aid batoid-inspired robots deployed in the field. Drawing from advance-
ments in other AUVs30,36, integration of multiple sensing methods could
increase sensing robustness to better enable autonomous navigation.
Similarly, future work could use path planning and navigation algorithms
developed for other AUVs to overcome challenges in communication and
unpredictable flow31–33. Such developments could enable batoid-inspired
robots to navigate andmonitor marine environments more independently.

Conclusion
Batoid fish continue to serve as an aquatic robot inspiration source, driving
the development of high-efficiency, high-stability, and low-disturbance
platforms for ocean exploration. Ray-robot platforms have been developed
at an increasing rate over the past few decades; these robots comprise a large
diversity of shapes, locomotion modes, and actuators. These previously
developed robots have followed key, informative trends which could
influence future robot designs. For example, ray-inspired robots have
generally followed the pectoral fin aspect ratio and locomotion style trends
seen in natural rays: higher width-to-length aspect ratios are mainly seen in
oscillatory rays whereas lower aspect ratios are seen in undulatory rays.
Various actuation strategies are employed in ray-robots, with robot size and
desired locomotion style serving as key factors in actuator selection.
Actuators perform better at different scales, withHASEL actuators working
best at smaller scales, and servo and tensegrity outperforming at large scales.
Performance gaps exist at medium and very large robot scales, potentially
due to actuator limitations. Aside from actuator improvements, there is a
need to develop more closed-loop control of batoid-inspired robots.

Other trends also exist: oscillatory ray-robots outnumber undulatory
robots, possibly due to the increased fin kinematic complexity seen in
undulatory robots compared to their oscillatory counterparts. Still, further
work should be done to develop undulatory ray-robots as their biological
inspirations can maneuver with ease near the ocean floor and underwater
structures. We have found that undulatory and oscillatory robots typically
exist in different aspect ratio regimes; though future research could
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investigate how aspect ratio coupled with locomotion mode affects robot
performance. External conditions— like flow, wall, and ground effects —
also could unequally affect the performance of robots sporting various body
shapes and locomotion modes. Furthermore, although some examples of
multi-modal robots exist, only one lies in the intermediate zone between
oscillatory and undulatory aspect ratios. If aspect ratio couples with loco-
motion style to impact performance, multi-modal robots may benefit from
an intermediate aspect ratio or even a morphing fin design that optimizes
the fin shape considering the locomotion mode.

Beyond robot shape, there are many avenues of research for different
actuators. At smaller scales, electrostatic actuators — such as DEAs and
HASELs — perform better, especially in driving simple oscillation. In
addition, HASEL actuators could be used in more mechanically complex
mechanismsor tensegrity structures, although thehighvoltages required for
these actuators do present a challenge for future work. At larger scales,
pneumatic, tensegrity, and servo-based actuators dominate. Servo-based
robots are the most common; however, multiple actuators or mechanically
complex mechanisms are required to achieve the fin motions displayed by
biological rays. Still, some of the servo-based robots demonstrate faster
speeds and utilize simpler, passively flexible fins, indicating a tradeoff
between fin complexity and speed. While pneumatic and fluidic actuated
robots are somewhat limited by pump size and speed at larger scales, other
actuation mechanisms could support higher performance at these scales.
Tensegrity-based structures are promising: they could be configured to
more accurately reflect biological ray fin motion and potentially increase
efficiency, while still achieving higher actuation frequencies than pneumatic
and fluidic robots. Future work should report more data on propulsive
efficiency and turning speed for different robot fin structures and motion
profiles. Widespread use of these metrics would allow better analysis of
different fin shapes and actuator performances across multiple studies,
which could thus benefit the field19.

Few robots have been constructed at intermediate scales (CL of 15
to 35 cm), and no robots at this scale have achieved normalized speeds of
over 0.5 CLs−1— yetmany biological rays exist at this scale and routinely
achieve speeds greater than 1.5 CLs−1, suggesting that actuator torque
limitations may be driving this performance gap. Another performance
gap exists above CLs of 60 cm. This gap suggests that normalized speed is
limited because hydrodynamic forces exceed actuator force capabilities.
Future work could seek to target the established higher performing
regimes that allow robots to achieve maximal speed. Studies could also
expand into intermediate and large-scale regimes or improve the torque-
to-thrust efficiency to exceed the current limitations for normalized
speed. Constructing larger robots (CL > 60 cm) with multiple actuators
could provide more torque, although this approach also adds com-
plexity. Future research could focus on overcoming the current draw-
backs of complexity by improving control of multiple actuators to better
use the power contribution of each actuator.

Future work could expand closed-loop control of batoid-inspired
robots beyond fuzzy control and take advantage of their inherent stability to
improve control in chaotic environments. Other research could implement
dynamic models of batoid locomotion for control and potentially bolster
such models with machine learning methods. Batoid-inspired robots could
also include larger and more diverse sensor arrays. For example, just as
batoids in nature sense their environment with electroreceptors and
mechanoreceptors distributed across their large planform areas, using bio-
inspired sensing in ray-robots could improve their sensing capabilities. To
further increase autonomy, ray-inspired robots could also draw on path
planning and navigation algorithms developed for other AUVs.

As the development of ray-inspired robots continues to progress and
expand to field applications — from search-and-rescue missions to ocean
monitoring — we identify key trends, knowledge gaps, and promising
directions for future work on batoid robots.

Data availability
No datasets were generated or analysed during the current study.

Received: 14 June 2025; Accepted: 30 October 2025;

References
1. S. 2030, Our Mission https://seabed2030.org/our-mission/ (2024).
2. Xu, N. &Dabiri, J. Bio-inspired ocean exploration.Oceanography 35,

35–48 (2022).
3. Industries, H. I. REMUS 100M Unmanned Underwater Vehicle Mine

Countermeasures Variant https://hii.com/wp-content/uploads/
2023/03/REMUS-100M-3-31-22_web.pdf (2022).

4. Industries, H. I. REMUS 300M Unmanned Underwater Vehicle Mine
Countermeasures Variant https://hii.com/wp-content/uploads/
2025/06/REMUS-300M-data-sheet_2025.pdf (2022).

5. Industries, H. I. REMUS 620 Unmanned Underwater Vehicle https://
hii.com/wp-content/uploads/2023/11/REMUS-620_11-29-2023.
pdf (2023).

6. Industries, H. I. New Generation REMUS 6000 Unmanned
Underwater Vehicle https://hii.com/wp-content/uploads/2023/03/
REMUS-6000-3-29-22.pdf (2022).

7. Salazar, R., Campos, A., Fuentes, V. & Abdelkefi, A. A review on the
modeling, materials, and actuators of aquatic unmanned vehicles.
Ocean Eng. 172, 257–285 (2019).

8. Fish, F. E. Advantages of aquatic animals asmodels for bio-inspired
drones over present AUV technology. Bioinspiration Biomim. 15,
025001 (2020).

9. White, C. H., Lauder, G. V. & Bart-Smith, H. Tunabot Flex: a tuna-
inspired robot with body flexibility improves high-performance
swimming. Bioinspiration Biomim. 16, 026019 (2021).

10. Hwang, J. & Wang, W. D. Shape memory alloy-based soft
amphibious robot capable of seal-inspired locomotion. Adv. Mater.
Technol. 7, 2101153 (2022).

11. Song, S.-H. et al. Turtle mimetic soft robot with two swimming gaits.
Bioinspiration Biomim. 11, 036010 (2016).

12. Xu, N. W. & Dabiri, J. O. Low-power microelectronics embedded in
live jellyfish enhance propulsion. Sci. Adv. 6, eaaz3194 (2020).

13. Xiong, X. et al.ABio-InspiredUnderwater Robot Inspired by Jellyfish
(AmericanSocietyofMechanicalEngineersDigitalCollection, 2023).

14. Muralidharan, M., Saini, P., Ameta, P. & Palani, I. A. Bio-inspired soft
jellyfish robot: a novel polyimide-based structure actuated by shape
memory alloy. Int. J. Intell. Robot. Appl. 7, 671–682 (2023).

15. Wang, Y., Zhang, P., Huang, H. & Zhu, J. Bio-inspired transparent
soft jellyfish robot. Soft Robot. 10, 590–600 (2023).

16. Bujard, T., Giorgio-Serchi, F. & Weymouth, G. D. A resonant squid-
inspired robot unlocksbiological propulsiveefficiency.Sci.Robot.6,
eabd2971 (2021).

17. Rosenberger, L. J. Pectoral fin locomotion in batoid fishes:
undulation versus oscillation. J. Exp. Biol. 204, 379–394 (2001).

18. Parson, J. M., Fish, F. E. & Nicastro, A. J. Turning performance of
batoids: limitationsof a rigid body.J. Exp.Mar. Biol. Ecol.402, 12–18
(2011).

19. Fish, F. E., Dong, H., Zhu, J. J. & Bart-Smith, H. Kinematics and
hydrodynamicsofmobuliformswimming:oscillatorywingedpropulsion
by large pelagic batoids.Mar. Technol. Soc. J. 51, 35–47 (2017).

20. Fish, F. E. et al. Hydrodynamic performance of aquatic flapping:
efficiency of underwater flight in the manta. Aerospace 3, 20 (2016).

21. Fish, F. E. &Hoffman, J. L. Stability design and response towavesby
batoids. Integr. Comp. Biol. 55, 648–661 (2015).

22. McEachran, J. D., De Carvalho, M. R., & Carpenter, K. E. Batoid
fishes. in The Living Marine Resources of the Western Central
Atlantic, 1, 507–589 (FAO, Special Publication Rome, 2002).

23. Li, G. et al. Underwater undulating propulsion biomimetic robots: a
review. Biomimetics 8, 318 (2023).

24. Zhang, Y. et al. A manta ray-inspired fast-swimming soft
electrohydraulic robotic fish. IEEERobot. Autom. Lett.9, 8043–8050
(2024).

https://doi.org/10.1038/s44182-025-00064-x Review

npj Robotics |             (2026) 4:1 14

https://seabed2030.org/our-mission/
https://seabed2030.org/our-mission/
https://hii.com/wp-content/uploads/2023/03/REMUS-100M-3-31-22_web.pdf
https://hii.com/wp-content/uploads/2023/03/REMUS-100M-3-31-22_web.pdf
https://hii.com/wp-content/uploads/2023/03/REMUS-100M-3-31-22_web.pdf
https://hii.com/wp-content/uploads/2025/06/REMUS-300M-data-sheet_2025.pdf
https://hii.com/wp-content/uploads/2025/06/REMUS-300M-data-sheet_2025.pdf
https://hii.com/wp-content/uploads/2025/06/REMUS-300M-data-sheet_2025.pdf
https://hii.com/wp-content/uploads/2023/11/REMUS-620_11-29-2023.pdf
https://hii.com/wp-content/uploads/2023/11/REMUS-620_11-29-2023.pdf
https://hii.com/wp-content/uploads/2023/11/REMUS-620_11-29-2023.pdf
https://hii.com/wp-content/uploads/2023/11/REMUS-620_11-29-2023.pdf
https://hii.com/wp-content/uploads/2023/03/REMUS-6000-3-29-22.pdf
https://hii.com/wp-content/uploads/2023/03/REMUS-6000-3-29-22.pdf
https://hii.com/wp-content/uploads/2023/03/REMUS-6000-3-29-22.pdf
www.nature.com/npjrobot


25. Su, Z., Yu, J., Tan, M. & Zhang, J. Implementing flexible and fast
turning maneuvers of a multijoint robotic fish. IEEE/ASME Trans.
Mechatron. 19, 329–338 (2014).

26. Franklin, O., Palmer, C. & Dyke, G. Pectoral finmorphology of batoid
fishes (Chondrichthyes: Batoidea): Explaining phylogenetic
variation with geometric morphometrics. J. Morphol. 275,
1173–1186 (2014).

27. Liu, X., Iwasaki, T. & Fish, F. Dynamic modeling and gait analysis of
batoid swimming. In Proc. 2013 American Control Conference,
566–571 https://ieeexplore.ieee.org/document/6579897 (2013).

28. Fontanella, J. E. et al. Two- and three-dimensional geometries of
batoids in relation to locomotor mode. J. Exp. Mar. Biol. Ecol. 446,
273–281 (2013).

29. Krieg, M., Nelson, K. & Mohseni, K. Distributed sensing for fluid
disturbance compensation and motion control of intelligent robots.
Nat. Mach. Intell. 1, 216–224 (2019).

30. Cong, Y., Gu, C., Zhang, T. & Gao, Y. Underwater robot sensing
technology: a survey. Fund. Res. 1, 337–345 (2021).

31. Yao, T., He, T., Zhao, W. &M.Sani, A. Y. Review of Path Planning for
Autonomous Underwater Vehicles. In Proc. 2019 International
Conference on Robotics, Intelligent Control and Artificial
Intelligence, RICAI ’19, 482–487 (Association for Computing
Machinery, 2019).

32. Panda,M.,Das,B., Subudhi, B. &Pati, B. B.A comprehensive review
of path planning algorithms for autonomous underwater vehicles.
Int. J. Autom. Comput. 17, 321–352 (2020).

33. Chutia, S., Kakoty, N. M. & Deka, D. A Review of Underwater
Robotics, Navigation, Sensing Techniques and Applications. In
Proc. 2017 3rd International Conference on Advances in Robotics,
AIR ’17, 1–6 (Association for Computing Machinery, 2017).

34. Sun,B. et al. Recentprogress inmodelingandcontrol of bio-inspired
fish robots. J. Mar. Sci. Eng. 10, 773 (2022).

35. Cao,Y., Bi, S., Cai, Y. &Wang,Y. Applyingcentral patterngenerators
to control the robofish with oscillating pectoral fins. Ind. Robot. 42,
392–405 (2015).

36. He, Y. et al. Depth and heading control of a manta robot based on
S-plane control. J. Mar. Sci. Eng. 10, 1698 (2022).

37. Cao, Y. et al. Parameter Optimization of CPG Network Based on
PSO forMantaRayRobot. InProc. 2021 InternationalConferenceon
Autonomous Unmanned Systems (ICAUS 2021), (ed. Wu, M., Niu,
Y., Gu, M. & Cheng, J.) 861, 3062–3072 (Springer Singapore, 2022).

38. Cao, Y. et al. Bioinspired central pattern generator and T-S fuzzy
neural network-based control of a robotic manta for depth and
heading tracking. J. Mar. Sci. Eng. 10, 758 (2022).

39. Moored, K. W., Kemp, T. H., Houle, N. E. & Bart-Smith, H. Analytical
predictions, optimization, and design of a tensegrity-based artificial
pectoral fin. Int. J. Solids Struct. 48, 3142–3159 (2011).

40. Gao, J., Bi, S., Xu, Y. & Liu, C. Development and design of a robotic
manta ray featuringflexiblepectoralfins. InProc.2007 IEEE International
Conference on Robotics and Biomimetics (ROBIO), 519–523 https://
ieeexplore.ieee.org/abstract/document/4522216 (2017).

41. Bianchi, G., Maffi, L., Tealdi, M. & Cinquemani, S. A bioinspired
cownose ray robot for seabed exploration.Biomimetics 8, 30 (2023).

42. Chew, C.-M., Lim, Q.-Y. & Yeo, K. S. Development of propulsion
mechanism for Robot Manta Ray. In Proc. 2015 IEEE International
Conference on Robotics and Biomimetics (ROBIO), 1918–1923
https://ieeexplore.ieee.org/abstract/document/7419053 (2015).

43. Cloitre, A., Arensen, B., Patrikalakis, N. M., Youcef-Toumi, K. & Y
Alvarado, P. V. Propulsive performance of an underwater soft
biomimetic batoid robot. In Proc. The Twenty-fourth International
Ocean andPolar EngineeringConference of InternationalOcean and
Polar Engineering Conference, ISOPE–I–14–257 (International
Society of Offshore and Polar Engineers, 2014).

44. Valdivia yAlvarado, P., Chin, S., Larson,W.,Mazumdar, A. &Youcef-
Toumi, K. A soft body under-actuated approach to multi degree of

freedom biomimetic robots: A stingray example. In Proc. 2010 3rd
IEEERAS&EMBS International Conference onBiomedical Robotics
and Biomechatronics, 473–478 https://ieeexplore.ieee.org/
abstract/document/5627803 (2010).

45. Truong, T., Viswanathan, V., Joseph, V. & family=Alvarado, p.-u.,
Given=P. Valdivia. Design and characterization of a fully
autonomous under-actuated soft batoid-like robot. In Proc. 2019
IEEE/RSJ International Conference on Intelligent Robots and
Systems (IROS), 5826–5831 https://ieeexplore.ieee.org/abstract/
document/8967999 (2019).

46. Low, K. H., Zhou, C., Seet, G., Bi, S., & Cai, Y. Improvement and
testing of a robotic manta ray (RoMan-III). In Proc. 2011 IEEE
International Conference on Robotics and Biomimetics, 1730–1735
https://ieeexplore.ieee.org/abstract/document/6181539 (2011).

47. Zhou,C. & Low,K.H. Design and locomotion control of a biomimetic
underwater vehicle with fin propulsion. IEEE/ASME Trans.
Mechatron. 17, 25–35 (2012).

48. Sfakiotakis, M., Gliva, R. & Mountoufaris, M. Steering-plane motion
control for an underwater robot with a pair of undulatory fin
propulsors. In Proc. 2016 24th Mediterranean Conference on
Control and Automation (MED), 496–503 (Institute of Electrical and
Electronics Engineers Inc., 2016).

49. Yang, S.-b, Qiu, J. & Han, X.-y Kinematics modeling and
experiments of pectoral oscillation propulsion robotic fish. J. Bionic
Eng. 6, 174–179 (2009).

50. Neely, L., Gaiennie, J., Noble, N., & Erickson, J. C. Stingray-inspired
robot with simply actuated intermediate motion. in Bioinspiration,
Biomimetics, and Bioreplication 2016, Vol. 9797 (edsMartín-Palma,
R.J., Lakhtakia, A. & Knez, M.) 97970U (SPIE / International Society
for Optics and Photonics, 2016).

51. He, J. & Zhang, Y. Development and motion testing of a robotic ray.
J. Robot. 2015, 791865 (2015).

52. Wang, Y., Tan, J. & Zhao, D. Design and experiment on a biomimetic
robotic fish inspired by freshwater stingray. J. Bionic Eng. 12,
204–217 (2015).

53. Zhang, D., Pan, G., Cao, Y., Huang, Q. & Cao, Y. A novel integrated
gliding and flapping propulsion biomimetic manta-ray robot. J. Mar.
Sci. Eng. 10, 924 (2022).

54. Niu, C., Zhang, L., Bi, S. & Cai, Y. Mechanical design and
implementation of a bio-inspired robotic fish with flapping foils. In
Proc. 2013 IEEE International Conference on Robotics and
Biomimetics (ROBIO), 2291–2296 (IEEE Computer Society, 2013).

55. Li, Q. et al. A novel undulatory propulsion strategy for underwater
robots. J. Bionic Eng. 18, 812–823 (2021).

56. Sun, Q. et al. Design and implementation of multi-level linkage
mechanism bionic pectoral fin for manta ray robot.Ocean Eng. 284,
115152 (2023).

57. D’Andretta, E.Design and Control of a Biomimetic Robot Inspired to
the Manta Ray https://hdl.handle.net/10589/165097 (2020).

58. Meng, Y., Wu, Z., Dong, H.,Wang, J. & Yu, J. Toward a novel robotic
mantawith unique pectoral fins. IEEE Trans. Syst.ManCybern. Syst.
52, 1663–1673 (2022).

59. Ma,H.,Cai, Y.,Wang, Y., Bi, S. &Gong,Z. Abiomimetic cownose ray
robot fish with oscillating and chordwise twisting flexible pectoral
fins. Ind. Robot. 42, 214–221 (2015).

60. Wang, J. et al. Design, fabrication and experiment of a bionic Manta
Ray robot fish. In Proc. 2022 IEEE International Conference on
Robotics and Biomimetics (ROBIO), 2195–2200 (IEEE, 2022).

61. Liu,Q. et al. Amanta ray robotwith softmaterial basedflappingwing.
J. Mar. Sci. Eng. 10, 962 (2022).

62. Xing, C. et al. Experimental investigation on the hydrodynamic
performance of a bioinspired manta-ray underwater vehicle in
various forward propulsion modes.Ocean Eng. 312, 119039 (2024).

63. Asada, T. & Furuhashi, H. Development of a manta ray robot with
underwater walking function. Ocean Eng. 308, 118261 (2024).

https://doi.org/10.1038/s44182-025-00064-x Review

npj Robotics |             (2026) 4:1 15

https://ieeexplore.ieee.org/document/6579897
https://ieeexplore.ieee.org/document/6579897
https://ieeexplore.ieee.org/abstract/document/4522216
https://ieeexplore.ieee.org/abstract/document/4522216
https://ieeexplore.ieee.org/abstract/document/4522216
https://ieeexplore.ieee.org/abstract/document/7419053
https://ieeexplore.ieee.org/abstract/document/7419053
https://ieeexplore.ieee.org/abstract/document/5627803
https://ieeexplore.ieee.org/abstract/document/5627803
https://ieeexplore.ieee.org/abstract/document/5627803
https://ieeexplore.ieee.org/abstract/document/8967999
https://ieeexplore.ieee.org/abstract/document/8967999
https://ieeexplore.ieee.org/abstract/document/8967999
https://ieeexplore.ieee.org/abstract/document/6181539
https://ieeexplore.ieee.org/abstract/document/6181539
https://hdl.handle.net/10589/165097
https://hdl.handle.net/10589/165097
www.nature.com/npjrobot


64. Chen, J. Flexible tensegrity wing design and insights in principles of
swimming kinematics of batoid rays. Bioinspiration Biomim. 16,
056007 (2021).

65. Moored, K.W. & Bart-Smith, H. The analysis of tensegrity structures
for the design of a morphing wing. J. Appl. Mech. 74, 668–676
(2006).

66. Moored, K. W. The Design of a Novel Tensegrity-Based Synthetic
Pectoral Fin for Bio-InspiredPropulsion https://www.proquest.com/
docview/829452409/abstract/A7D72B42F11740B6PQ/1 (2010).

67. Kemp, T. Investigating Batoid-Inspired Propulsion: The
Development, Testing, and Performance Analysis of a Tensegrity-
Based Robotic Fin for Underwater Locomotion https://doi.org/10.
18130/V3CJ88 (2014).

68. Jia, A. et al. FlexibleWingDynamicsof anUnderwaterGlidingRobot.
In Proc. 2024 6th International Conference on Reconfigurable
Mechanisms andRobots (ReMAR), 614–620https://ieeexplore.ieee.
org/abstract/document/10617573 (2024).

69. Holm, T. & Wood, S. Biomimetic soft robotics - oscillatory &
undulatory control of a propulsive wing structure. In Proc. OCEANS
2021: San Diego - Porto, 1–10 https://ieeexplore.ieee.org/abstract/
document/9706112 (2021).

70. Zhang, Y., Wang, S., Wang, X. & Geng, Y. Design and control of
bionic manta ray robot with flexible pectoral fin. In Proc. 2018 IEEE
14th International Conference on Control and Automation (ICCA),
1034–1039 https://ieeexplore.ieee.org/abstract/document/
8444283 (2018).

71. Suzumori, K., Endo, S., Kanda, T., Kato, N. & Suzuki, H. A bending
pneumatic rubber actuator realizing soft-bodied manta swimming
robot. In Proc. 2007 IEEE International Conference on Robotics and
Automation, 4975–4980 (IEEE, 2007).

72. Cai, Y., Bi, S., Zhang, L. & Gao, J. Design of a robotic fish propelled
by oscillating flexible pectoral foils. In Proc. 2009 IEEE/RSJ
International Conference on Intelligent Robots and Systems,
2138–2142 https://ieeexplore.ieee.org/document/5354749 (2009).

73. Urai, K., Sawada, R., Hiasa, N., Yokota, M. & DallaLibera, F. Design
and control of a ray-mimicking soft robot based on morphological
features for adaptive deformation. Artif. Life Robot. 20, 237–243
(2015).

74. Sun, Y. et al. Powerful 2D soft morphing actuator propels giant
manta ray robot. Adv. Intell. Syst. 4, 2200186 (2022).

75. Zhang, C., Zhang, Y., Wang,W., Xi, N. & Liu, L. Amanta ray-inspired
biosyncretic robot with stable controllability by dynamic electric
stimulation. Cyborg. Bionic Syst. 2022, 2022/9891380 (2022).

76. Park, S.-J. et al. Phototactic guidance of a tissue-engineered soft-
robotic ray. Science 353, 158–162 (2016).

77. Takagi, K. et al. Development of a rajiform swimming robot using
ionic polymer artificialmuscles. InProc. 2006 IEEE/RSJ International
Conference on Intelligent Robots and Systems, 1861–1866 https://
ieeexplore.ieee.org/abstract/document/4058650 (2006).

78. Moored, K. W., Fish, F. E., Kemp, T. H. & Bart-Smith, H. Batoid
fishes: inspiration for the next generation of underwater robots.Mar.
Technol. Soc. J. 45, 99–109 (2011).

79. Chen, Z., Um, T.I. & Bart-Smith, H. Ionic polymer-metal composite
enabled roboticmanta ray. InProc.ElectroactivePolymerActuatorsand
Devices (EAPAD) 2011 (eds Bar-Cohen, Y. & Carpi, F.) Vol. 7976,
797637 (SPIE / International Society for Optics and Photonics, 2011).

80. Chen, Z., Um, T. I. & Bart-Smith, H. Bio-inspired robotic manta ray
powered by ionic polymer-metal composite artificial muscles. Int. J.
Smart Nano Mater. 3, 296–308 (2012).

81. Shen, Q. et al. Basic design of a biomimetic underwater soft robot
with switchable swimming modes and programmable artificial
muscles. Smart Mater. Struct. 29, 035038 (2020).

82. Kim, H.-S., Lee, J.-Y., Chu, W.-S. & Ahn, S.-H. Design and
fabrication of soft morphing ray propulsor: undulator and oscillator.
Soft Robot. 4, 49–60 (2017).

83. Boileau, R., Fan, L. &Moore, T.Mechanization of RajiformSwimming
Motion https://www.researchgate.net/publication/266457567_
Mechanization_of_Rajiform_Swimming_Motion (2002).

84. Wang, Z., Wang, Y., Li, J., & Hang, G. A micro biomimetic manta ray
robot fish actuated by SMA. In Proc. 2009 IEEE International
Conference on Robotics and Biomimetics (ROBIO), 1809–1813
https://ieeexplore.ieee.org/abstract/document/5420423 (2009).

85. Hasegawa, E., Hammadi, M., Choley, J.-Y. & Ming, A. Soft
underwater robots imitatingmanta actuated by dielectric-elastomer
minimum-energy structures. in Design and Modeling of Mechanical
Systems - IV (eds Aifaoui, N. et al.) 882–891 (Springer International
Publishing, 2020).

86. Li, G. et al. Self-powered soft robot in the Mariana Trench. Nature
591, 66–71 (2021).

87. Zhang, C. W. et al. Manta ray inspired soft robot fish with tough
hydrogels as structural elements. ACS Appl. Mater. Interfaces 14,
52430–52439 (2022).

88. Wang,X., Pei, X.,Wang,X.&Hou, T.Bionic robotmanta raybasedon
dielectric elastomer actuator. InProc. 2023 InternationalConference
on Frontiers of Robotics and Software Engineering (FRSE), 387–392
(IEEE, 2023).

89. Wang, R. et al. Softmanta ray robot based on bilateral bionicmuscle
actuator. IEEE Robot. Autom. Lett. 9, 7723–7730 (2024).

90. Acome, E. et al. Hydraulically amplified self-healing electrostatic
actuators with muscle-like performance. Science 359, 61–65
(2018).

91. Cao, Y., Lu, Y., Cai, Y., Bi, S. &Pan,G. CPG-fuzzy-based control of a
cownose-ray-like fish robot. Ind. Robot. Int. J. Robot. Res. App. 46,
779–791 (2019).

92. Hao, Y., Cao, Y., Cao, Y., Huang, Q. & Pan, G. Course control of a
manta robot based on amplitude and phase differences. J. Mar. Sci.
Eng. 10, 285 (2022).

93. Li, L., Wang, C. & Xie, G. A general CPG network and its
implementation on the microcontroller. Neurocomputing 167,
299–305 (2015).

94. Ikeda, M., Hikasa, S., Watanabe, K. & Nagai, I. Motion analysis of a
manta robot for underwater exploration by propulsive experiments
and thedesignof central patterngenerator. Int. J. Autom. Technol.8,
231–237 (2014).

95. Sfakiotakis, M. & Fasoulas, J. Development and experimental
validation of a model for the membrane restoring torques in
undulatory fin mechanisms. In Proc. 22nd Mediterranean
Conference on Control and Automation, 2014, MED 2014,
1540–1546 (Institute of Electrical and Electronics Engineers Inc.,
2014-06).

96. Cao, Y. et al. Realization and online optimization for gliding and
flapping propulsion of a manta ray robot. J. Mar. Sci. Eng. 11, 2173
(2023).

97. Fish, F. E. et al. Kinematics of swimming of the manta ray: three-
dimensional analysis of open-water maneuverability. J. Exp. Biol.
221, jeb166041 (2018).

98. Russo, R. S., Blemker, S. S., Fish, F. E. & Bart-Smith, H.
Biomechanical model of batoid (skates and rays) pectoral fins
predicts the influence of skeletal structure on fin kinematics:
Implications for bio-inspired design. Bioinspiration Biomim. 10,
046002 (2015).

99. Luo,Y., Xu, T.,Huang,Q.,Hou,Z.&Pan,G.Anumerical investigation
on thrust and torque production of a batoid fish with asymmetric
pectoral fins flapping. Ocean Eng. 263, 112342 (2022).

100. Menzer, A., Li, C., Fish, F., Gong, Y., & Dong, H. Modeling and
computation of batoid swimming inspired pitching impact on wake
structure and hydrodynamic performance. In Proc. Volume 2:
Multiphase Flow (MFTC); Computational Fluid Dynamics (CFDTC);
Micro and Nano Fluid Dynamics (MNFDTC), V002T05A003
(American Society of Mechanical Engineers, 2022).

https://doi.org/10.1038/s44182-025-00064-x Review

npj Robotics |             (2026) 4:1 16

https://www.proquest.com/docview/829452409/abstract/A7D72B42F11740B6PQ/1
https://www.proquest.com/docview/829452409/abstract/A7D72B42F11740B6PQ/1
https://www.proquest.com/docview/829452409/abstract/A7D72B42F11740B6PQ/1
https://doi.org/10.18130/V3CJ88
https://doi.org/10.18130/V3CJ88
https://doi.org/10.18130/V3CJ88
https://ieeexplore.ieee.org/abstract/document/10617573
https://ieeexplore.ieee.org/abstract/document/10617573
https://ieeexplore.ieee.org/abstract/document/10617573
https://ieeexplore.ieee.org/abstract/document/9706112
https://ieeexplore.ieee.org/abstract/document/9706112
https://ieeexplore.ieee.org/abstract/document/9706112
https://ieeexplore.ieee.org/abstract/document/8444283
https://ieeexplore.ieee.org/abstract/document/8444283
https://ieeexplore.ieee.org/abstract/document/8444283
https://ieeexplore.ieee.org/document/5354749
https://ieeexplore.ieee.org/document/5354749
https://ieeexplore.ieee.org/abstract/document/4058650
https://ieeexplore.ieee.org/abstract/document/4058650
https://ieeexplore.ieee.org/abstract/document/4058650
https://www.researchgate.net/publication/266457567_Mechanization_of_Rajiform_Swimming_Motion
https://www.researchgate.net/publication/266457567_Mechanization_of_Rajiform_Swimming_Motion
https://www.researchgate.net/publication/266457567_Mechanization_of_Rajiform_Swimming_Motion
https://ieeexplore.ieee.org/abstract/document/5420423
https://ieeexplore.ieee.org/abstract/document/5420423
www.nature.com/npjrobot


101. Xie, Y. et al. A path tracking method and validation experiment for
robotic manta. In Proc. 2024 3rd International Symposium on
Robotics, Artificial Intelligence and Information Engineering, RAIIE
’24, 33–37 (Association for Computing Machinery, 2024).

102. Ikeda, M., Mikuriya, K., Watanabe, K. & Nagai, I. Acquisition of
optical flow considering the pitching motion to estimate the self-
position of a manta robot. In Proc. 2017 56th Annual Conference of
the Society of Instrument and Control Engineers of Japan (SICE),
182–185 (IEEE, 2017).

103. Meng, Y. et al. Vision-based underwater target following control of
an agile roboticmantawith flexible pectoral fins. IEEERobot. Autom.
Lett. 8, 2277–2284 (2023).

104. Zhou, C. & Low, K.-H. Better endurance and load capacity: an
improved design of manta ray robot (RoMan-II). J. Bionic Eng. 7,
S137–S144 (2010).

105. Lindsey, C. C. Form, function, and locomotory habits in fish. in (eds
Hoar, W.S. & Randall, D.J.) Fish Physiology, 7 of Locomotion, 1–100
(Academic Press, 1978).

106. Webb, P. W. The biology of fish swimming. in The Mechanics and
Physiology of Animal Swimming, 45–62 (Cambridge University
Press, 1994).

107. Breder,C.M. The locomotionof fishes.Zoologica4, 159–297 (1926).
108. Biomechanics of locomotion in sharks, rays, and chimeras. in

Biology of Sharks and Their Relatives, CRC Marine Biology Series
2nd edn (eds Carrier, J.C., Musick, J.A. & Heithaus, M.R.) 139–164
(CRC Press, 2004), 2 edn.

109. Schaefer, J. T. & Summers, A. P. Batoid wing skeletal structure:
Novel morphologies, mechanical implications, and phylogenetic
patterns. J. Morphol. 264, 298–313 (2005).

110. Smith, J. W. & Merriner, J. V. Age and growth, movements and
distribution of the cownose ray,Rhinopterabonasus, inChesapeake
Bay. Estuaries 10, 153–164 (1987).

111. Webb, P. W. Hydrodynamics and energetics of fish propulsion.Bull.
Fish. Res. Board Can. 190, 1–159 (1975).

112. Webb, P. W. & De Buffrénil, V. Locomotion in the biology of large
aquatic vertebrates. Trans. Am. Fish. Soc. 119, 629–641 (1990).

113. Arastehfar, S., Chew,C.-M., Jalalian, A., Gunawan, G., & Yeo, K.S. A
relationship between sweep angle of flapping pectoral fins and
thrust generation. J. Mech. Robotics 11 https://doi.org/10.1115/1.
4041697 (2018).

114. Kellaris, N., Gopaluni Venkata, V., Smith, G. M., Mitchell, S. K. &
Keplinger, C. Peano-HASEL actuators: Muscle-mimetic,
electrohydraulic transducers that linearly contract on activation.Sci.
Robot. 3, eaar3276 (2018).

115. Ghosh, A. Scaling laws. inMechanics Over Micro and Nano Scales
(ed Chakraborty, S.) 61–94 (Springer, 2011).

116. Dermitzakis, K., Carbajal, J. P. & Marden, J. H. Scaling laws in
robotics. Proc. Comput. Sci. 7, 250–252 (2011).

117. Hao, Y. et al. Bioinspired closed-loop CPG-based control of a
robotic manta for autonomous swimming. J. Bionic Eng. 21,
177–191 (2024).

118. Cao, Y. et al. Similarity evaluation rule and motion posture
optimization for a manta ray robot. J. Mar. Sci. Eng. 10, 908 (2022).

119. Christensen, L., Gea Fernández, J., Hildebrandt,M., Koch, C. E. S. &
Wehbe, B. Recent advances in AI for navigation and control of
underwater robots. Curr. Robot. Rep. 3, 165–175 (2022).

120. Cai, Y., Bi, S. & Zheng, L. Design and experiments of a robotic fish
imitating cow-nosed ray. J. Bionic Eng. 7, 120–126 (2010).

121. Cloitre, A.D.P.Design andControl of a Soft BiomimeticBatoidRobot
https://dspace.mit.edu/handle/1721.1/81598 (2013).

122. Emmanuel, H.E.-C.Study of PropulsionMechanism andControl of a
Manta Ray Inspired Robot https://dl.acm.org/doi/abs/10.5555/
AAI30340098 (2021).

123. Wang, X., Pei, X., Wang, X., & Hou, T. Lightweight untethered soft
roboticfish. InProc. 2024 IEEE InternationalConferenceonRobotics
and Automation (ICRA), 669–675 https://ieeexplore.ieee.org/
abstract/document/10610533 (2024).

124. Yurugi, M., Shimanokami, M., Nagai, T., Shintake, J. & Ikemoto, Y.
Cartilage structure increases swimming efficiency of underwater
robots. Sci. Rep. 11, 11288 (2021).

125. Chen, Z., Um, T. I. & Bart-Smith, H. A novel fabrication of ionic
polymer-metal composite membrane actuator capable of
3-dimensional kinematic motions. Sens. Actuators A Phys. 168,
131–139 (2011).

Acknowledgements
We appreciate Charles Fraga, Mija Jovchevska, Marshall Graybill, and
YunxingSu for their commentsand feedbackon themanuscript and figures.
We would also like to thank Dwight Ryland for supporting Matticus Brown
through the Dwight E. and Jessica D. Ryland Graduate Fellowship and to
Bio-Inspired Sensing, Computing, and Control with International Teams
(BISCCITs) for a travel award to start a collaboration between the University
of Colorado Boulder and the University of Southampton.

Author contributions
L.F. and M.B. wrote the manuscript text, conducted the analysis, and
prepared all figures and tables as co-first authors. N.X. conceived the idea.
All authors reviewed the manuscript.

Competing interests
The authors declare no competing interests.

Additional information
Supplementary information The online version contains
supplementary material available at
https://doi.org/10.1038/s44182-025-00064-x.

Correspondence and requests for materials should be addressed to
Nicole W. Xu.

Reprints and permissions information is available at
http://www.nature.com/reprints

Publisher’s note Springer Nature remains neutral with regard to
jurisdictional claims in published maps and institutional affiliations.

Open Access This article is licensed under a Creative Commons
Attribution-NonCommercial-NoDerivatives 4.0 International License,
which permits any non-commercial use, sharing, distribution and
reproduction in any medium or format, as long as you give appropriate
credit to the original author(s) and the source, provide a link to the Creative
Commons licence, and indicate if you modified the licensed material. You
do not have permission under this licence to share adapted material
derived from this article or parts of it. The images or other third party
material in this article are included in the article’s Creative Commons
licence, unless indicated otherwise in a credit line to thematerial. If material
is not included in thearticle’sCreativeCommons licenceandyour intended
use is not permitted by statutory regulation or exceeds the permitted use,
you will need to obtain permission directly from the copyright holder. To
view a copy of this licence, visit http://creativecommons.org/licenses/by-
nc-nd/4.0/.

© The Author(s) 2025

https://doi.org/10.1038/s44182-025-00064-x Review

npj Robotics |             (2026) 4:1 17

https://doi.org/10.1115/1.4041697
https://doi.org/10.1115/1.4041697
https://doi.org/10.1115/1.4041697
https://dspace.mit.edu/handle/1721.1/81598
https://dspace.mit.edu/handle/1721.1/81598
https://dl.acm.org/doi/abs/10.5555/AAI30340098
https://dl.acm.org/doi/abs/10.5555/AAI30340098
https://dl.acm.org/doi/abs/10.5555/AAI30340098
https://ieeexplore.ieee.org/abstract/document/10610533
https://ieeexplore.ieee.org/abstract/document/10610533
https://ieeexplore.ieee.org/abstract/document/10610533
https://doi.org/10.1038/s44182-025-00064-x
http://www.nature.com/reprints
http://creativecommons.org/licenses/by-nc-nd/4.0/
http://creativecommons.org/licenses/by-nc-nd/4.0/
www.nature.com/npjrobot

	Ray-inspired robots: recent advances in actuation and control
	Motivation and background
	Ocean exploration, bio-inspired robots, and batoid rays
	Key design considerations
	Scope

	Actuation and mechanical design
	Servo actuation
	Single-servo flexible fin
	Multiple aligned servos
	Drivetrains and bending mechanisms

	Tensegrity and cable actuation
	Pneumatic and fluidic actuation
	Tissue actuation
	IPMC actuation
	SMA actuation
	DEA actuation
	Electrohydraulic (HASEL) actuation

	Ray robot control and sensing
	Open-loop control
	Closed-loop control
	Sensing

	Discussion
	Field progression
	Oscillatory and undulatory locomotion
	Comparisons of actuator types
	Performance gaps and limitations
	Control and sensing

	Conclusion
	Data availability
	References
	Acknowledgements
	Author contributions
	Competing interests
	Additional information




